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ABSTRACT

ON UNIDIRECTIONAL-CYCLIC LAYOUTS,
HAMILTONIAN CIRCUITS, CAPACITATED VEHICLE
ROUTES AND MINIMAL SPANNING TREES

This thesis consists of four major parts. The first part is on the Unidirec-
tional Cyclic Layout Problem (UCLP). First, new efficient heuristics for the UCLP
are proposed based on the ideas originally proposed for two well-known combinatorial
optimization problems: "The Asymfnetr_ic Travelling Salesman Preblem (ATSP) and
the Linear Ordering Problem (LOP). Then, we particularly consider the balanced case
of the UCLP’s satisfying the additional conservation of flow assumption: the material
flow is conserved at every workstation and we develop a Branch and Bound algorithm
for the Balanced UCLP (BUCLP) In the second part, we propose new extended ATSP
formulations O(n?®) constraints and we analyze the Strengths of their linear program-
ming (LP) relaxation both analytically and experimentally. It is shown that the LP
relaxation of one of the ne%;v formulations can have optimal objective value larger than
the LP relaxation of the ATSP’s multi-commodity flow formulations. In addition, we
also propose new extended ATSP formulations with O(n?) constraints and compare
their strengths with the ones of known ATSP formulations with O(n?) constraints.
Finally, in the third and fourth parts, a new enhahcement of the Clarke and Wright's
savings heuristic for the Capacitated Vehicle Routing Problem and new enhancements
of the Eseu and Williams’. savings heuristic for the Capacitated Minimal Spanning Tree

Problem are respectively proposed.
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OZET

TEK YONLU DATRESEL YERLEsiMLER HAMILTON
QEVRIMLER SINTRLI ARAC ROTALARI VE EN KUQUK
KAPSARAGACLAR UZERINE

Bu tez dort ana lelmdé,n olugsmaktadir. .Birinci kisim, tek yéhlii dairesel yerlesim
problemi (TYDYP) ile ilgilidir. TYDYP icin, ashnda Asimetrik Gezgin Satici Problemi
(AGSP) ve Dogrusal Sllralama Problemi (DSP) icin Gnerilen sezgisel algoritmalardan
esinlenerek yeni etkili ¢oziim yontemleri onerilmigtir. Daha;'sonra,v TYDYP’ nin ozel
bir durumu olan ve malzeme akiginin korundugu \farsaylmlnln yapildigi, Dengeli TY-
DYP (DTYDYP) ele ahnmig ve bu problem igin bir dal-simur élgoritmam Onerilmigtir.
Ikinci kisimda, O(n?) lasith yeni AGSP formiilasyonlar 6nerilmi§ vé dogrusal program-
lama (DP) gevsetilmelerinin giict hem.analitik hem de deneyselblarak incelenmisgtir.
‘Onerilen yeni formiilasyonlardan bir taﬁesinin DP gevsetilmesiyle elde edilen eniyi
degerin bilinen diger gok malli AGSP formiilasyonlarimin DP gevsetilmesiyle elde edile-
cek degerden daha biiyiik olduéu gosterilmigtir. Bunlara ilave olarak, O(n?) kisith yeni
AGSP formiilasyonlar 6nerilrhi§’ve DP gevsetilmelerinin gﬁcii bilinen diger O(n?) kisith
AGSP formiilasyonlarinin DP gevgetllmelenyle kar§113§t1r11m1§t1r Son olarak, iiglinci
ve dordiincii kisimlarda sirasiyla, Siga Sinirh Arag Rotalama Probleml i¢in gelistirilmis
olan Clarke ve Wright kazanim sezgiseli ve Siga Smrh En Kiigitk Kapsaragag Prob-
lemi igin geligtirilmis olan Esau ve Williams kazanim' sezgiseli igin yeni iyilestirmeler

onerilmistir.
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1. INTRODUCTION -

Today, many businesses in logistics, telecommlinication, and manufactliring have
a growing need for the optimal use of their resources. Consequently, the utilization
of Operations Research and Mathematical Programming techniques have increased in
the last decades parallel to the developments of computer systems and information
systems. Morcover, the implementation of the modelling and algorithmic tools have
also significantly progressed. The proposed models take into account all the charac-
teristics of real-life applications and, the corresponding algorithms produce sufficiently

good solutions within acceptable computing times.

" In this dissertation, we consider four well-known combinatorial optimiiai:ion prob-
lems from the manufacturing, logistics and telecommunication. These are the Unidirec-
tional Cyclic Layout Problem (UCLP), thc Asymmetric Travelling Salesman Problem
(ATSP), the Capacitated Vehicle Routing Problem (CVRP) and the Capacitated Min-
imal Spanning Tree Problem (CM_STP)l First, we develop new solution procedures for
the UCLP. Second, we propose new formulations for the ATSP. Then, we improve one '
oi" the well-known algorithms for the CVRP. Lastly, we propose new enhan(:ements for

one of the widely used algorithms for the CMSTP.
1.1. Unidirectional Cyclic Layout Problem

The UCLP is related to the assignment ‘of n workstations to n predetermined
locations in a manufacturing cell which consists of a circular materiél handling. It is
shown to be NP-hard by Kouvelis and Kim [1]. Circular material handling systeins’
commect all workstations by passing through each workstation exactly once. The system
-~ is assumed to move the materials unidirectionally (e.g. clockwise or counter-clockwise)
around the circuit. Typical examples of this type of material handling systems are
loop conveyors, tow iines, overhead monorail systems and wire paths of unidirectional
aut_omated guided vehicles. One of the workstations serves as the loiad/.unload area;

this is where pdrts enter and leave the manufacturing cell. Each part is routed through



workstations following the sequence specified in its proéess plan. When a part is
processed at one of the workstations, material handling system moVes it unidirectionally
to the next station poirited in the process plan. If the workstation is.occupied, the
part is awaited in a buffer until it becomes available. Thei objective is to determine
the assignment of workstations to candidate locations which minimizes total distance
travelled by the parts in the manufacturing cell within a unit time. One version of the
UCLP is known as the Balanced Unidirectional Cyclic Layout Problem (BUCLP). The
balanced case, is particularly relevant to automated manufacturing where no manual
1nterrupt10n is allowed to remove/insert parts from/to the workstations. In other words,
the material flow is conserved at each workstation: Total inflow is equal to total outﬂow

at a workstation.

1.2. Asymmetric Travelling Salesman Problem

Any algorithm devised to solve the ATSP tries to answer the following question:
Given a set of n cities and possibly asymmetric intercity distances, what is the shortest
tour that visits each city exactly once. Even the euclidean travelling salesman problem
is known to be.NP-Complete [2]. The ATSP is one of the oldest combinatorial problems.
According to Punnen [3] the first work published on the ATSP goes back to 1932 by [4]
and the name “Travelling Salesman Problem” has been coined by Robinson [5]. The
books by Lawler et al. [6], Reinelt [7] and Gutin and Punnen [8] summarize various

developments on the subject.
1.3. Capacitated Vehicle Routing Problem

The CVRP: is the problem concerning t_he distribution of goods between depot's
and customers. The classical CVRP can be defined as designing a set of routes with
* minimum total routing cost for a fleet oi m identical vehicles with capacity D which
have to serve n customers with nonnegative demand d; from a depot subject to the

following constraints: '

e Each customer is served exactly once by exactly‘ one vehicle



e Each route starts and ends at the depot

e The total demand on each route does not exceed vehlcle capacxty D.

* In many instances, additional requirements and assumptions are added to this
basic definitionin order to model various aspects of real - life distribution problems.
For a complete survey see the recent monograph edited by Toth and Vigo [9]. As the
ATSP, the CVRP is also a difficult combinatorial optimization problem. It is known
to be NP_hard [10]. -

1.4. Capacitated Minimal Spanning Tree Problem

To define the CMSTP, consider G = {V, E} where V = {0,1,...,n} is the vertex
set with O as the central vertez (root), and E = {{z,g} 24,5 € V,i # j} is the edge
set. Fach noncentral vertex has. a known .nonnegative demand d;. A cost ¢;j, which is
the cost of connecting vertices (terminals) i and j, is associated with edge {i,7}. The
CMSTP is to find a minimal — cost tree which spans over all vertices so that the sum of
demands in each subtree obtained by deleting the edges connecting them to the central
vertex does not exceed the capacity limitation Q. The subtree containing vertex :
is called the subtree of ¢ and the set V; denotes its vertices. The edge Connecting the
subtree of vertex 7 is the gate of ¢ and has length g;. .When the demands of all terminals
are equal to unity, the problem reduces to finding a minimal — cost rooted spanning tree
in which each subtree contains at most @ vertices. This unit demand case, which is also |
known as the homogeneous demand case, is referred as the CMSTP in the literature.
In this thesis we are concerned in both the homogeneous and heterogeneous cases and
. propose new heuristics for the CMSTP in general. The uncapacrcated version is the
well — known minimum spanning tree (MST) problem. The survey paper by Gawsh is
an excellent resource to learn about the telecommunication network design problems
which can be formulated as a CMSTP [11]. It has been shown that even for the unit
demand case it is NP-complete when 2 < @ < n/2 [12}. | |



1.5. Motivations and Contributions .

Chapter 1 outlineé the UCLP. This problem has several applications in the layout
of Flexible Manufacturing Systems (FMS). The determinatién of workstation locations
around a closed loop conveyor system, in the allocation of: cutting tools on the sites
around a turret, in the positioning of stations around a ‘unidirectional single loop

Automated Guided Vehicle (AGV) path are only a few of real-life examples.

Chapter 2 is where we propose new heuristics for the UCLP. We present the
relationships between the UCLP and the ATSP and, the Linear Ordering Problem
(LOP). By exploring these relations, we adopt for the UCLP several algorithms origi-
nally devised for the ATSP and LOP. Then, we improve some of these ideas resulting
in new very accurate and fast local improvement heuristics. A comparison of different

algorithms is also provided.

In Chapter 3, we propose a branch and bound algorithm for the BUCLP. We use
the efficient heuristic developed in Chapter 2,'for upper bounding. The LP relaxation
of an existing BUCLP formulation is used for lower bounding. A new dominance is

also proposed to decrease the size of the enumeration tree.

Chapter 4 reviews entirely the existing ATSP formulations and their comparisons.
We present the current stafe of the classification of the known ATSP formulations. The
comparison of the ATSP is an important issue which attracted the attention of several
researchers. Ever since the seminal paper by Dantzig, Fulkerson and J ohnson [13] there
has been many attempté for a perfect formulation of the ATSP. Dantzig, Fulkerson
and Johnson have not only solved the ATSP but have also shown that the concept
of cutting planes is important for integer linear programs and the complexity of the
facet structure of a combinatorial optimization problem can be dealt by using linear
programming efficiently. In addition they used, perhaps for the first time, the concept
of branch and bound, Which showé how the quality of the bound obtained through

linear programming relaxations is important.



In general, in integer programming a good formulation is 6f crucial impdrtance to
solve the model. Then, the question becomes how different ATSP formulations should
be compared. As it is already indicated, ATSP algorithms. require a lower bound on
the value of the objective function, and the gfﬁmency of the algorithm depend on the
sharpness of the bound. In almost all of the cases the lower bound is obtained by
solving a linear programming relaxation. Therefore, it is possible to say that given
different formulations the formulation whose linear programming relaxation has the

largest optimum objective value is the best of them.

- A perfect formulation means an ideal description of the ATSP polytope where
the linear programming relaxation of it leads us to the optimum. Although such
formulations could have been obtained for unrealistically small problems the effort has
resulted in different formulations with varying quality as stated by Langevin, Soumis

and Desrosiers [14] and Padberg and Sung [15].

Chapter 5 analyzes new extended ATSP formulations with O(n®) subtour elimi-
nation constraints. They are based on an integer prograrhming model developed for the
BUCLP by'Klran et al. [16]. The streilgth of new ATSP formulations are analyzed and
compared with major compact ATSP formulations presented in Chapter 4. We show
that the linear programming relaxation of one of the new formulations can have opti-
mal obJectlve value larger than the one of the linear programming relaxation of ATSP
multi-commodity flow formulations. One more outcome of this chapter is another new
ATSP formulation with n(n — 1)(n — 2) + (n)(n — 1) subtour elimination constraints
only. Different than many other formulations, this formulation interestingly does not

require the 2n assignment constraints.

- In Chapter 6 and Chapter 7, we respectively present a new enhancement of Clarke
‘and Wright’s (CW) savings heuristic for the CVRP [17] and new enhancements of the
Esau and Williams’s (EW) savings heuristic for the CMSTP [18]. Both of the CW
and EW heuristics start with an infeasible solution, and based on a saving criterion
they quickly reach a feasible solution. CW and EW saving_s heuristics obtain a final
solution starting from a simple solution. For both of the CVRP and CMSTP, several



heurisfic solution methods have been proposed. They car.ll be classified as classical
heuristics and metaheuristics. Recent developments have s_howh that metaheuristics
outperform classical héuristics. However, they require long computdtion times and
there are difficulties in their parameter calibration and coding phases. This explains
the popularity of the savings heuristics for CVRP and CMSTP in practice. Based on
the extensive computational experiments we observe that they improve t"heir accuracy

considerably without harming their simplicity.

In Chapter 8 we summarize this dissertation, and discuss potential research prob-

lems. We also present further research topics.

To summarize, the contribution of this dissertation is?three fold. First, Awe- con-
sider the BUCLP and develop new efficient and accurate heuristics for its solution.
Second, we explore the relationship of this cyclic layout problem with the ATSP and, :
propose new ATSP formulations. Then, we compare these new ATSP formulations
with the existing ones. Third, we enhance the CW and EW savings heuristics for the

CVRP and CMSTP, respectively.



2. THE DESIGN OF OPTIMAL UNIDIRECTIONAL
CYCLIC LAYOUTS

2.1. Introduction

' Consider a manufacturing céll which consists of a circular material handling sys-
~ tem and n workstations assigned to n candidate locations. Circular material han-
dling 'systems connect all,workstations by passing through each workstation exactly
once. The system is assumed to move the parts unidirectionally clockwise -or counter- -
clockw1se Typical examples of this type material handling systems are loop conveyors |
(Flgure 2.1), robot arms rotatmg un1d1rect10nally (Figure 2. 2), and unidirectional sin-
gle loop automated gmded vehicles (Figure 2.3). As it can be seen in the figures one of -
' the workstations serves as the load/unload (LUL) area. A common operational policy
for circular material handling systems is to require all parts enter and leave the man-
ufacturing cell at the LUL area. Each part is routed through workstations following
the sequence specified in its process plan. When a part is processed at one of the
workstations, material handling system moves it unidirectionally to the next worksta-
tion pointed in the process plan. If the workstation is occupied, the part is awaited
in a buffer until it -becomes available. The objective is to determine the assignment of
workstations to cahdidate locations which minimizes total transportation cost of the
parts in the manufacturing cell within a unit tirrie. This is a layout problem where
a layout is an assignment of workstations to locations. According to Afentakis [19],
Unidirectional Cyclic Layouts (UCLs) are mostly prefelired because of their relative
low initial investment costs, high material handling flexibility and their ablhty of being

easily accommodated to future introduction of new parts and process changes

E As underlined by Kouvelis et al. [20] the optimal design of its physical layout is
crucial for the performance of an FMS. The work by Afentakis [19] is the very first
attempt for the design of an UCL in this respect. He gives a binary integer linear

programming formulation to determine locations of the workstations which minimize
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Figure 2.3. AGV system with 6 stations and 4 vehicles

material transport in a UCL. We refer thi's.problem as the UCLP in the sequel. Kou-
velis and Kim [1] have shown that the UCLP is NP-hard. A detailed discussion on the
complexity of the UCLP is also provided by Tansel and Bilen [21]. UCLP has special
forms. In one of them the material flow is conserved at each workstation: Total inflow is
- equal to total outflow. This version of the UCLP is known as the BUCLP. The BUCLP
is particularly relévant in automated manufacturing where no manual interruption is
~ allowed to remove /insert par'qs from/to the workstations. Athhér special form of the
UCLP is the Equz’distanfUnidirectional’Cyclic. Layout Problem (EUCLP)_, where can-
didate locations served by a unidirectional cyclic material héndling system are equally
distant. Both problems have been addressed previously by Bozer and-Rim [22],' and
Kiran et al. [16] respectively. o '

Both heuristics and exact methods are proposed for the:solution of the UCLP.. The |
works by Kiran and Karabati (23], Kouvelis and Kim [1], Tansel and Bilen [21], Cheng
" and Gen [24] and Lee ‘et al. [25] are only a few of them. .In this work we consider
UCLs with single LUL area operatlonal policy. We also assume that the part flow .
is conserved at every workstation when necessary. We first show new features of the
existing formulations. Then we discuss and propose new construction and improvement

heuristics for dét'ermining optimal layouts. New heuristics are efficient and accurate
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according to our experimental results. The rest of this chapter is orgamzed as follows.
In the next section we discuss the formulatmns of the UCLP as a Qua‘dratlc Assignment
Problem (QAP) and BUCLP as a binary integer linear programming (BILP) problem.
. We also explain a relaxation of the EUCLP by Bozer and Rim [22] and suggest a
slightly more efficient equivalent modification for it. Lower bounds obtained by solving
the modlﬁed Bozer - Rim relaxation are used in assessing the quality of the heuristics.
The third and fourth sections are entirely devoted to heuristics: We summarize some of
- the existing heuristics, which are used in benchmarking, and propose faster and more

accurate new ones. Section five 1nc1udes computatlonal results and conclusmns on the

BUCLP.
2.2, Unidirectional Cyclic Layout Problem

Let N = {1,...,n} be the set of workstations to be located at the cand1date
locations connected by a unidirectional circular material handling system where one of
the workste,tlons represents the LUL area, and F be the n x n part flow matrix whose
(2, 7))t entry fi; 2 0 denotes the average number of jobs to be moved from Workstation
i to workstation j over a given length of time. Clearly fi = 0. A discussion of
how matrix F is determined from proeess‘plens can be found in Tansel and Bilen [21].
Unidirectional cyclic material handling systems together with the n candidate locations

, spemﬁed around it can be modelled by a circuit with n vertices. Notice that n is the
number of candidate locatmns (also workstations) including the LUL area. The vertices
are numbered 1 through n 1n.1ncreasmg_ order in clockwise direction, which is assumed
without loss of generality as the direction of material flow. The system is illustrated

in Figure 2.4.

The Weight w; is the length of arc (2,1 +1) and determines the distance between
" locations t and t+1. Notice that location n+1 denotes location 1 because of circularity.

Asa consequence d,], the transportatlon distance from location i to location j, becomes

j—1
d" _ t=i
ij = o
Z - Wy ifi>7

Wy 1f2<j

(2.1)
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Figure 2.4. A unidirectional cyclic material handling system

Here the constant A is the length of the circuit. Namely, S, wy = A and distance dij

satisfies the following metric properties:

1. di;=0 ji=1,...,mi=]
2. dik+dkj2dij _ ’I:,j,k‘=1,...’n;’i7éj7ék
3. dij+dji= A G,j=1...,mi#J

4. dij#dji unlessd,-,-=)\/2 1,,]=1,,7’2,,7,7éj

A layout of n workstatidns, which has already been defined as the assignment of work-
stations 4 = 1,...,n to candidate locations {1,...,n} with one workstation per loca-
tion, can be denoted as a permutation vector m = (71, .- ,ﬂfn) where 7; is the number
of workstation assigned to location . Then the question is to determine a layout
which minimizes certain appropriate cost function of material transport. Two types of

objective function have been used in the literature: '

1. Minimization of the total part transport distance per unit time; ,
9. Minimization of the total number of parts that pass through the LUL area per

unit tvime.r

As shown by Bozer and Rim [22] and Kiran e al. [16] under the first objective the
UCLP becomes the QAP after letting I1 denote the set of all possible layouts, namely



12

“all possible permutations of indices {1,...,n}

mm a(m mm Z Z Jrim;d i+ (2.2)

z-l ji=1
J#i

- To formulate the UCLP with the second objective »fu‘nction Afentakis [19], and

Kouvelis and Kim [1] have defined the indicator function

o 1 ifi>j , -
I(i,5) = ) - (23)

0 otherwise

which is used to count the number of parts passing throﬁgh the LUL area. If the
location i is greater than location j, the parts going fr_dm workstation 7;, located at
location 4, to workstation m;, located at location j, pass through the LUL ares; and

this results in the following QAP formulation of the UCLP:

| mmc2 mmZZf,m,JI(z 9)- (2.4)

i=1 j=1
J#

In fact,

a(r) = () .~ - (2.5)

both formulatlons become equlvalent for UCLs with single LUL area and balanced part
flow. This result has been shown by Kouvelis and Kim (1], and Tansel and Bilen (26].

Then, any one of the workstations can be ‘chosen as the LUL area. As a remark,
although it is not particularly stated in any of these works, balanced part ﬁow assump-
tion is necessary in the derivation of relation (2.5). In order to see this necessity let .

. us consider a UCL of three workstations with unbalanced workstation-to-workstation
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part flow matrix

013
=110 21,
2 4 0

and assume that circuit length' ) = 1 and location 1 is the LUL area. For the layout
7 = (1,3,2), namely for workstation 1 is located at location 1, workstation 2 is located

at location 3, and workstation 3 is located at location 2,

c1 (71') = 3dis +di3+ 2do1 + 4ddos + d31 + 2das
= 2(d1a+ da1) + (dis + da1) + 2(das + dag) + 2das + di2

=54dig+2deg > 5= )\62(71')

However, for
0 2 3
F2 = 1 0 6] )

4 5 0

which is balanced, we obtain

| c1(m) = 11 = Aep(m).

Relation (2.5) between ¢;(m) and co(m) is important because cp(m) has the fol-
lowing property which makes new heuristics computationally efficient for the BUCLP.
Consider the initial layout

T = (71-17 evey M1, Ty Tt 1y ey Tm1; Ty Tjt1y eoes 7T’n)1 (26)

and move forward workstation m; located at location i to location j (with ¢ < j). This
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results in the new layout

=f _ (o .
7T = (7r1,...,7ri_1,7ri+1,...,7rj_1,7r,-,7r,-,7rj+1_,...,71',,), (2.7)

where workstation m; is now at location j. For the same initial layout (2.6), when
workstation 7; located at location j is moved backward to location i (with ¢ < j) the
new layout

—b __{ . .
T = (71'1, ey W1, T, T4, Tl -ory Mj—1y W41, ...,ﬂ’n), (28)

is obtained. Workstation m; is now at location :. Then the changes in the cost functlon :
ca(m) due to the forward move of workstation m; to locatlon 4 and the backward move

of workstation ; to location i are respectively

,c2<7r>—c2<vrf>— S o= frndr (29)
k=i+1
and
o |
At = g(F) — o) = D (Frym — Frims)- - (210
k=1

This is a direct consequence of the definition of the cost function co(7). We can

Ay
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determine the costs of layouts 7 and 7 as,

02(7_1;) Z wakm + Z fﬂ'km =+ Z z f7rk7rl + Z fﬂ’kﬂ'J

k—]+ll 1 k--_7+1 k=j+1l=t+1 k—J+1
+ E f7rj7r;+fg,1+ § fw,m
l=i+1 )
-1 i-1 j-1
+ E : E ;fﬂkﬂ’z'*' E :fﬂ”km
k=i+1i=1 k—z+1
i—1
+§ :f”"iﬂ'l
=1
‘L—lk 1 -1 k-1 n
+§ :E :f7"k7"l+ E , E :fﬂkﬂz'{'- E , E ,fﬂ'kﬂ'[)
k=2 1=1 © k=if2l=itl k—j+2l—g+1
and
-1
E , E f7rmn+ E E fﬂ'kﬂ'l+ E :f"rkﬂ-‘7+ § :fﬂ'kﬂ't
k—J+Il 1 k=j+1l=i+1 k=j+1 k=j+1 -
+ E ;fﬂ'zﬂ'l+ z ;f?'l';ﬂl—*—f‘lfﬂ!‘_,
l—1.+1
+ E f7r]7r;+ E ferm
I=i+1
]—1 i—1
+ § ;z :f"rkﬂ'l
- k=itlli=1
i-1 k-1 -1 k-1 n
+ E :E ;fﬂ'kﬂ'1+ Z wakﬂz+ Z Zfﬂ'kﬂ'l
k=2 l=1 k=i+2l=i+1 » k=j+2l=j+1

Then Af can be obtained by subtracting co(7) from co(7), resulting in. many can-
cellatlons and finally in the simple expression (2.9). Ab can be obtained similarly.
Notice that (2.9) and (2 10) can be used for the BUCLP with cl(7r) or cp(m) since both

objectives are equivalen nt. However this is not possible for the unbalanced UCLP.

In their early work Bozer and Rim [22], later on Kiran et al. [16], have shown

that the cost ¢ () of a layout 7 is independent of where the workstations are located
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around the unidirectional cyclic matenal handling system when the part flow is bal-
anced. In other words the predetermined locations can be shifted without mod1fy1ng
the value of the objective function as long as the layout, namely the sequence of the
workstations around the unidirectional cyclic-material handling system, remains the
~ same. In short, when the part flow is Balanced, ;even the locations are nonequidistant,
the problem becomes equivalent to the determination of a cyclic permutation of the
workstations around the unidirectional circular material handling system, which mini-
| mizes total material transport. In fact it has been shown that the BUCLP and EUCLP
are equivalent (Bozer and Rim (22], Kiran et al. [16]). |

2.2.1. Afénta.kis’ Formulation

In his seminal paper, Afentakis [19] proposed a BILP formulation for the BUCLP
which he célled as the Loop Interconnection Problem (LIP). In his formulation, a
traffic graph D = (V, A) is defined consisting of vertices V' denoting the workstations
and dirécted arcs (i,j) € A reflecting the part flow from workstation 4 to workstation
j, with the costs fi; associated for each arc (4, 7) € A. He assumed that parﬁs enter and
* exit the system through a LUL area and complete an integer number of tours around
the loop before leaving the ‘system, §vhich makes the material flow balanced. LIP is

given below:

LIP: min Y fii(1 — %) | . (2.11)
: (i,j)eA . :
s.t. yij—i—yji:l ' ’L,j=1,,’n,2$éj » (212)
yik'l‘ykj_lsyij _ 1,],k=1,,’n,2#]7/—'k: (213)
yij“:oal ' " i)j——_la;;-',n;ii‘éj ‘ A _ (2.14)
- where

1 if workstation j is located after
Y = workstation ¢ in an optimal layout -

0 otherwise
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As noted by Afentakis [19], the objective function (2.11) minimizes the total number
of times the parts cross the LUL area. Constraints (2.12) guaranteé either workstation
i is located before workstation j, or vice versa. Constraints :(2.13) state if workstation
i is located before workstation k and workstation k is located before workstation 7,

then workstation ¢ must be located before workstation j.
2.2.2. Kiran, I“Jnal and Karabati’s Formulation

Later, Kiran et al. [16] have developed an extended formulation for the BUCLP.

They define the following auxiliary binary decision variables

1 if workstation j immediately follows

workstation 4 in an optimal layout )

8
.,
i

0 otherwise

and let dij denote the distance between workstations ¢ and j. The distances can be
scaled by dividing the constant circuit length A. This does not affect the solution of
| the problem. Thus, it is pdssible to assume that A\=1and 0 < dij < 1 without loss of
generality. Then their BILP formulation for the BUCLP is given as

i=1 j=1 ' ' '
i |
st m=1 i=1,...,n : (2.16)

p \ | .

i |

n .

> mi=1 j=1,...,n (2.17)
=

dij +djs =1 Li=1...,miE] (2.18)
dij = dyi + dig + T35 — 1 Lihk=1...,mi#j#k  (219)
;=01  hj=loomi#] ' (2.20)
0<d; <1 ~ i,i=1,...,n;4 # J. (2.21)
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In this formulation constraints (2.16) and (2.17) are exactly the assignmeht con-
straints and ensure that each workstation has exactly one predecessor and one succes-
sor. Constraints (2.18) acd (2.19) define the properties of Eithe distance matrix. Also

(2.19) guarantees that dij = dix + dij if Workstetion j immediately follows workstation
k in the flow direction in an optimal layout as shown by Kiran et al. [16]. They have
‘shown that this is a valid BUCLP formulation, and conjectured that it is in fact ideal .
and its linear programming relaxation gives always an ihteger 'opﬁmal solﬁticn based
on their test with 3600 random instances generated for n = 5,6, 7 workstations. How-
ever, Tansel and Bilen [27] have demonstrated fractional solutions are possible for larger
problems, later on. An interesting consequence of this formulation is the interpretation
of the distance variables d;. The Aow is balanced first of all. It is also assumed that
parts enter and leave the system by the LUL area. As a result the objective fuhction
of the BUCLP becomes equi.valent‘to cg (m) of (2.4), and counts the number of times
parts pass through the'LUL area, since the length‘ ) of the UCL is 1. Therefore, di;
must behave as the indicator function (2.3) and be equal to 1 if workstation i is after
workstation j in a layout. This also explains why these vafiables have always 0 or 1

values at the optimality.

Any feasible solution of the BUCLP consists of a feasible UCL and distances be-

tween workstations. Any UCL is a cyclic permutation of workstations which determine
| a mrcular sequence of them. As a consequence we can represent a feasible UCL as a
Hamiltonian circuit of the Afentakis’ traffic graph. Now we would like to discuss some
properties of the BUCLP formulation. From now on we will assume that the traffic
,. graph is a complete digraph. This does cause any loss of generality since fij can be
made arbitrarily large for any non existing arc (, ]) € A Let us consider arbitrarily

" three workstations 4, §, k and the distance constraints (2.19) involved. These are
dip 2 dij +dpt+zp—-1 - (2.22)
and

dii > dis + dji + 75 — 1. (2.23)
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If zjx = 1 then z;; = 0 because there can be only one e){it from every workstation
as a consequence of the assignment constraint )., a:jr' = 1. Also dij = 1 — dy,
di; = 1 —dy, from the circularity constraints (2.19). Then for z; = 1 (2.22) and (2.23)

become respectively

de>di+ds (2
-~ and

1—dig>1—djp+1—dy— 1. ,, B (225)

The last ineguality can be reorggniied to obtain

di < d{j + djx | |
which implies that

dix =,d,-j.+ djk.

when considered together with (2.24). As a consequence of this discussion the following

Jemma was originally proven by Kiran et al. [16].

Lemma 2.1 [16] For any three workstations ,j and , if j immediately precedes k

on a circuit, then di = dij + dji.

Both, the proofs of the next lemma and the following theorem use Lemma 2.1. Notice

that Theorem 2.1 strengthens Theorem 3 given in [16]. .

Lemma 2.2 Consider any two workstations iy, g on a given circuit D¢ = (Vg, C) of

the traffic graph D = (V; A) and the directed path {(ip, tp+1), (ip+1, z'p+2), ooy (Bg-3,0g-2), -

(ig—2,1g-1), (iq-1,4¢) } connecting them on the circuit D¢. Then d;;, = ﬂ;; Qivipy-
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Proof. As a consequence of Lemma 2.1 the equalities

d

ipiq

=d

ipig—1 + diq._l'iq
Qigig_y = Qigig_n T Gig_ziq_s
Qiyigg = Qipig_s + dig_giq2

d;

sipsz = Gigipir T Qipyripea

can be written since Zj,,, =1 for 7 =p,p+1,...,q — 1, which reduces to di,;, =

-1 .
Y rep diriryy beCATSE of the cancellations. m

. Theorem 2.1 Z(i,j)ec d;; = 1 for any circuit D¢ = (Ve, C) of the traffic graph D =
(V, A). '

Proof. The assertion is trivially true for |C| = 2 since dj; + dj; = 1. Let C be the arc
set of any circuit of size T and let C = {(i1,12), (i2,93), - - - , (im—1,¥m), (im, tmt1)} With

im+1 = %1, De the circuit arcs. For the vertices on the circuit we can write
ditip+1 = digip + dipip+1 t = 17 e, My, P= 1) .. "1m; t 7é b,p + 1. . (226)
" as a consequence of Lemma 2.1. The addition of these inequalities side by side results
in |

e m m

m m ) ’ _
Z Z (ditip + dipip+1) =A Z Z di?ip+1' ' (227)
p=1  t=1 Cop=1 =1 .

t#p,p+1 : : taép,pfl-l : .

For any triplet (zt, ip, Gpt1) OF vertices,‘where t#pandt # p+1, there are two possible

~ cases as it can be seen in Figure 2.5. If ¢ # p+ 2, then it is possible to write equalities

dieip + digipys = ditip+1



Figure 2.5. Possible cases for triplet (it,1p,ip+1)

and
Bisipyr F Dipyripra = Bisipya

: respectively for triplets (it,%p, ip+1) and (i, ip+1,

added side by side to derive (2.27)-‘the term dii,,, 18 cancelled.
If t = p + 2, then it is poésible to vs}rite
disiy + Bipipss = Dirips
where the term d;,;, is cangelled in (2.27) becausé of the eqﬁality
| ditip;l + diy_yip = d;fip-
As a result of both cases (2.27) reduces to
p=1 p=1

' | m _ m - m |
(m - 2) Z dipip+1 + Z dipipfl = Z dip+1ip

whose right hand side can be re—expfessgd as

21

ipya). When these two equalities are

(2.28)

(2.29)
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After replacing the right hand side of (2.28) with (2.29) and arranging the terms we

obtain
) m
m Z diji,y =M
T
which implies that
_
Z dipip+1 =
=1
and the proof is complete. : . v : .

There are two direct consequencés of Theorem 2.1. The first 6ne vis given as
Corollary 2.1, Constraints 2. 18 and 2.19 do not allow any subtour of the trafﬁc graph in
a feasible solution of BUCLP. Corollary 2.2 points to an interesting feature of the same
formulation. Constraints (2.18) and (2.19) eliminate any subtour with one exception:
Hamiltonian circuits of the traffic graph do not cause any feasibility and they are not

eliminated.

Corollary 2.1 Constraints (2.18) and (2.19) eliminate any subtour.

Proof. Let D¢ = (Ve, C) be any non Hamiltonian circuit on the traffic digraph, which
is assumed to be the complete digraph with vertex set V = {1,...,n}. Then for any

" vertex k which is not on the circuit and for all arc (4,7) on the circuit -

de > dut Yy, dyt Z = |Cl (2.30)

j€Ve i€Ve (i.9)eC (i.4)eC

‘can be written. Since Zjch dr = Yiev, Ori (2:30) becomes

>, a5 < 101 - Z dij

(4,5)eC (i,5)eC -

which completes the proof since D g)ec d;; = 1 as a consequence of Theorem 2.1. ™
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Corollary 2.2 Constraints (2.18) and (2.19) are not violated for any Hamiltonian
' circuit of the traffic graph.

Proqf. Let C be the arc set of size m >3 of any circuit Dg = (Ve,C), and let
- C = {(il,iz),(ig,ig),...,(z'm_l,i;n),(im,imJ,l)} with imy1 = i1, be the circuit arcs.

Consider vertices 41, % and %;, and the inequalities

| diki; > di,?il + diji, + Tigip — 1
diyiy > digip + digiy + Tigig — 1
digig = iy + digiy + Tiziy — 1 |
dz-u-g > dijiy + digis + Tigis — 1

diyiy = digin + Qiggiy + Tigaiy — 1

Birim 2 igiy + Bimpsim + Timorin — 1

with k # 1,2,1 and [ # 1,m, k. Same argument can be repeated for any other three

vertices with the same properties. When these inequalities are summed up side by side

(digiy + Birie + digin) = (diiy + diia + igin) + S dy+ Y, 2y —|C]
' . (ij)eC (5)eC .

is obtained because of cancellations. In addition, the replacements dipi, = 1 — disy, '

diyi,, = 1 — diy and dig, = 1 — diga, and appropriate manipulations give

32 (diliz +‘ dizik + dikil) + (diliz + din'm + dif‘nil) + Z dij + Z bx‘ij - ICI .

- (1.5)eC (i.g)eC

Then, d‘éﬁz + dizik + diicil = Z(i,j)ec d” and dim + ditim -+ dimil = Z(i,j)ec dij» follow
 from Lemma 2.2. Besides ) (; hec dij = 1 by Theorem 2.1. Hence, the last inequality

reduces to -

3>1+14+1+m—m,
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which does not cause any violation of the subtour elimination corstraints.

- For-the case k = # 1,2, m same arguments result in .

2 Z(d‘l.]_lg + digi?c + dik‘im -+ dimi1) + Z dij -4 Z iII,;j - ICI .
' _ ' (ij)eC - (ig)eC

‘This clearly reduces to
2>14+14+m-—m,

since diyi, + digi, + digi, + dini, = 1 as a consequence of Lemma 2.2 and Theorem 2.1. .
Therefore, we can consider a Hamiltonian circuit instead of D¢ = (Vg, C) in particular,

which completes the proof. , - |

Theorem 2.1 and its two corollaries will be used in Chapter 5 in the context of

the new ATSP formulations to show their validity and strength.

The previously shown two lemmas and theorem are the basic properties of the
BUCLP formulation. We will not only refer them in the following discussion but also

in Section 5.1.1 in the context of the new ATSP formulations.

Now we would like to present a new property of the BUCLP formulation (2.15)4
(2.21). Consider any feasible solution (z,d). Then z must be the characteristic vector
of an Hamiltonian circuit of the traffic grapﬁ,a;s a cOnsequencé of Corollary 2.1 and
Corollary 2.2. Notice that the vertex = represént a feasible unidirectional cyclic layout
(UCL) in the mean time. Moreover, the vector d satisfies (2,18) and .d,-k = d;; +djk for
any three workstationé i-aé j# asa consequenée of Lemma 2.2. Since dix = 1 — dp,

dij+djr+diy =1fori <j< k in particular. In other words, auxiliary variable vector



25

d of any feasible BUCLP solution satisfies constraints

dij+dj =1 i<j (2.31)

dytdptdu=1 i<j<k | (2.32)

The converse is also true. Consider the vector (a:,d) whére z is the characteristic
vector of any Hamiltonian circuit of the traffic graph and assume d satisfies equalities
© (2.31) and (2.32). It trivially satisfles equalities (2.18) because of the symmetry 6f
the variables d;; and dj;. For any two workstations j and k where k'is the immediate
successor of j on a feasible layouf, zjx = 1. Then for any i # j, k constraints (2.19)

" becomes
dij+djk+dkiS1 i=1,...,n; 7,75]

which is clearly satisfied by any d satisfying (2.31). In case k is not the immediate

successor of j, z;x = 0 and (2.19) becomes

dij-i-djk-f-dki <2 i=1,...,m ’L;éj
which is again satisfied by any d satisfying (2.31). Therefore we have shown the fol-

lowing lemma.

Lemma 2.3 For any given UCL the BUCLP formulation (2.15)—(2.21) réduces to the
following LP in d;;: | '

: - n n
P: o miﬁZZfijdij
: ' i=1 j=1 .
i

s.t. (2.31),(2.32),d5 20 | i< j

£ Bojaziti Oniversitesi Katdphanesi €»
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Now we can write the dual problem of P as

n—2 n—1 ' B
5> )SETES3) SR e
i=1j=i+lk=j+1 i=1 j=i+1" . :
n—2 o
s.b. ui; + Zvuk + > vk < fu ii=1,...,m i< (2.34)
k=3 k=1 o ,
i<k k<i
wi+ Y viki < fi Chj=lemi<i (235)
k=2 ’ - . :
j<k<i |
Uij, Vijr unrestricted i,j,k=1,....n;i<j<k (2.36)

Here u;; and v;j; are the dual variables associated respectively with constraints (2.31)

and (2.32). Consider the primal — dual solution pair

1 - o gj=1,...,m <i

dij = : : . (2.37)
0 otherwise. ’ .
= i=1,2<j<k -
Vijk = It : i =7 (2.38)
0 otherwise .

.n , ,
fin+ > (Fik— fui) i=1,2<7]

' k<i ' '
fii ' - otherwise

They are respectively primal and dual feasible. NQtice that

fl] + Z(f’tj f]z le + Z(f.n fzJ

i=2 =2
i>F i<j

follows for all j > 1, because the part flow is balanced and Z# f = 12;5 fij for
- i=1,4#) i=1,1%]
j=1,...,n. If welet zp and zp denote primal and dual obJectlve values, then for
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.

ZP—ZZf’L] ij

i=1 j=i+1

. n—1 n
=22 f

i=1 j=i+l
~ and for (2.38)

n—2 n-—1 n

=Y DT S

i=1. j=i+1 k=j+1 o i=1 J—‘L+1
-1 n
=Z Z U11.3+Zu1_7+2 Z Ui
=2 j=i-+1 - Ci=2 j=i+1
n-1 n n—-1 n
=Z Z(fz] sz)‘*‘Z(le‘*‘Z sz f‘lJ )+Z Z fji
1=2 j=i+l ) :—2? =2 j=i4+1 -
n n—-1 =n
= Z f]l + Z Z sz '
j= =2 j=i+1 .
n—-1 n
= Z Z ii-
i=1 j=i+l

As a result of this discussion we have proven that (2.37) and (2.38) are primal and
dual feasible solutions with equal objective function values. We state this result with

the followihg theorem.

Theorem 2.2 (2.37) and (2.38) are primal and dual optimal solutions of P.

In short, for any given feasible UCL we can determine d;; values and evaluate the

part flow cost very efficiently, which makes the tailoring of any ATSP heuristic for the
BUCLP straightforward. |
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2.2.3. Bozer_ and Rim’s Formulation

Bozer and Rim [22] have proposed the following linear programming (LP) formu-
Jation for the EUCLP and claimed that it always gives integer solutions and thus it is
an ideal EUCLP formulation: .

 EUCLP.p: minii Fiidis | S (2.39)

izli?&

s.t. Zdw "—1) i=1,...,n  (240)
i= | o
‘Zdz, n("_l | j=1,...,n o (241)
g -

dytdi=n =1, A (2.42)
di;+djk3dik+n Lik=1,...,mi#j#k (243)
dij + djx > die GG k=1,...,mi#j#k (2.44)
dij >0 o ii=1,...,mi#j (245)

They assurne that the length of the cyclic material handling system, namely A, is equal
to n, the number of workstations. Therefore, the distance between two consecutive |
locations is 1 and the variable d;; eventually counts the number of workstations be-
tween workstation 7 and workstation j, including workstation j but not workstation <.
Constraints (2.40)—(2.41) define the properties of the distances. First of all, regardless’

of the workstation sequences, the distances from workstation 7 to all other workstations

add up to the same constant value:

n(n41).

n '
Zdij=1+2+---+(n—1)= B
i=1" -

i#]

(2.46)

Constraints (2.42) are the c1rcular1ty constraints and follow from the fact that the
layout is cyclic. Constramts (2.43) and (2.44) are related to the precedence relatlonshlp

of any three workstations around the unidirectional materlalthandhng system: Starting
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at workstation i, either workstation j precedes workstation k, or workstation k precedes

workstation j. Namely,

-] d; if workstation j precedes k o
dij+djp=14 " | J precedes (2.47)
‘ dir +n  if workstation k precedes j

However,. if (2.47) is employed in the formulation as a constraint set, the formulation
| would have to include binary variébles. ‘As a result Bozer and Rim [22] propose to
~usea relaxed version of (2.47), namely constraints (2.43) and (2.44) instead. ‘Although
they give a nﬁmber of intermediate results to show that the relaxatibn EUCLPp has
integer optimum solutions and solves the EUCLP to optimality, the proof has not been
validated so far. According to Tansel and Bilen [27], their claim seems to be hardly
true since both the BUCLP and EUCLP are equivalent and there are mstances for
- which the LP relaxation of the BUCLP has optimal fractional solutions.

Bozer and Rim’s relaxation EUCLPp, can be simplified. First, n in the right
" hand side of the inequality (2.43) can be replaced with dj; + dj;, which gives

dij+di S d+dij+dji, G5 k=1,...,mi#j £k (248)
Then, d;; can be cancelled from both sides to obtain
djx < dji + dik, LG k=10 . mi#ETEE (2.49)

which are in fact the triangle'inéqualities (2.44). Therefore, we can agree that con-
straints (2.44) are redundant since they are implied by (2.42) and (2.43). On the other |

hand, we can rewrite constraints (2.40) and (2.41) as

Zdw Zdﬂ _nn=1) 1,...,n. | (2.50)

j=1
J#i J#t
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‘When we add equalities (2.42) for j = 1,...,m,j #1iweend up with

n

S (dj+di) =n(n—1) i=1,...,n. (2.51)
i=1 S
i#i

Together with (2.50), (2.51) implies that it suffices to use

Y dy = dis i=1,...,n (2.52)
- g=1 i=1 : ‘
i i : :

' instead of constraints (2.40) and (2.41). In other words, this new relaxation, which
is referred as EUCLP’.p in the sequel, consists of the minimization of the objective
function (2.39) subject to the constraint sets (2.42), (2.43), (2.45) and (2.52). As a

gﬁonsequence of this discussion the following proposition follows.

Proposition 2.1 EUCLP,p is equivalent to EUCLP’Lp

Note that EUCLPp has n3+n2+n constraints instead of 2n3+n?+2n. Therefore,
EUCLP’p is used to calculate lower bounds on the optimal objective value of the -
BUCLP and also UCLP, which provide benchmarks in assessing the 'quality of the

solutions new heuristics produce.
2.3. Construction and Improvement Heuristics

We briefly summarize five 'exiéting heurisfic rprécedufes used to construct and
improve UCLs in the following. Some of them are essentially proposed for solv_ing t‘he'
UCLP, namely for the Unbalariced and ﬁnequally spaced unidirectional cyclic layout

- problem. They can be used for the solution of its balanced version, namely the BUCLP7
in particular. We implement and use them as benchmarks in as_sessing the performance

of our new heuristics.



31

2.3.1. Kouvelis and Kim’s Heuristic

Kouvelis and Kim [1] have proposed three construction heuristics: KK1, KK2,
~and KK3 for the ’UCLP. They are based on dominance rules, which suggést locating
a workstation at the first available location (i.e. the beginning of a UCL) if it has
only oufﬂO_w, and to the last available location (i.e. the end of a UCL) if it has lonly
inflow. We consider only KK3 in assessing the performance of our new heuristics since
it has the highest accuracy comparing KK1’s and KK2’s. - KK3 starts with the part

flow matrix F' and determines workstation pair (¢*, 7*) which gives the largest

RCy = (Ri—Ci) — (R — Cj) + fis — fis (2.53)

value. Here, R; and C; are respectively obtained by summing up the entries of the 4t
row and it" column of F'. They denote total outflow and totai inflow for workstation 4.
As for fij and fji, they are the number of parts processed in workstafion 1 per unit time
that must be routed to workstation 7, and vice versa. Théée_ two Workstatidns, namely
i* and j*, are respectively assigned to the first and- the last available locations. Then
rows ¢* and 5*, and columns ¢*and j'* are deleted from F and a new (¢*, j*) is determinevd

by using (2.53) on the new part flow métrix F. These steps are repeated until the part
| flow matrix consists of a single element. KK3 yields a layout where workstations with
higher outflow rate are 1ocatéd towards the beginning and workstations_ with higher

inflow rate towards the end of a layout.
" Notice that formula (2.53) becomes
RCyj = fii — fij ‘ (2.54)

when the problem is balanced since R; = C; for ail i=1,...,n, and KK3 uses only

flow values between workstation pairs.
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2.3.2. Move Heuristic

Tansel and Bilen [21] consider the BUCLP in particular, and propose heuristics
bgsed on the improvements that moving workstations from dne location to another one
can do in the objective function. Given the current_assignment of n workétations to
n available locations, a layout 7, move heliristic (MOVE) complites the change in the
objective value that results because of moving any workstation ; located at location i
" to any of the locations j # 4. This is done for every workstation and the improvemehts
~are reéorded. Then the move resulting in the largest improvement is realized. The

procedure is repeated until no improvement is possible. Moving workstation ; from
location 1 fo location j consists of a sequence of location changes. First workstation
7; is moved to location j. Then, if j < 4 workstations m;,mj41,...,m-1 at locations
3,j+1,...,i—1, are shifted forward to locations j+1,j+2,.. ., 4. If7 < j, backward shift
occurs for workstations 41, mite, ..., 7j, from locations 2 +1,9+2,...,7J to locations

,i+1,...,7—1
2.3.3. Pairwise Interchange and 3¥Way Interchange Heuristics

One of the oldest improvement heuristics is based on the idea of improving a
given layout by means of pairwise interchanges (swaps). Famous CRAFT algorithm,
which is usievd to obtain a good feasible solution for the QAP, is a pairwise .interchange
heuristic (Francis, McGinnis and White, [28]). Since the UCLP is a QAP ‘then it
~ seems natural to exercise pairwise intérchange heuristic (SWAP) on it. In short, given

" an initial feasible assignment, all possible pairwise interchanges are considered and

- the best one, namely the one with the best improvement in the objective function, is

performed. This is repeated until no more improvement is possible. Note that every
pairwise interchange can be achieved by two individual move operations and therefore,
MOVE can be seen as a special form of SWAP as an heuristic. If we let 7 be the initial

layout we obtain the new layout

T = (7T1,...,7Ti_1,7fj,7fi+1,...,7Tj_1,7t'i,7l'j+1,...,7l'n) : (255)
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when we interchange workstations 7; and m; located at locatipﬁs 1 and j which results in
the changes ¢ () —¢1(T) or cp(m) —cy(7) depending on the type of the objective function
used. It is-possible to generalize SWAP to k-way interchange heuristic, as discussed
by Tansel and Bilen [21]. In this work we dnly consider 3;Way- interchange heuristic
(3WI): Three workstations exchange their locations in order to yield a better layout.
_At every step, the improvements Qf all possible 3-way interchanges are computed and

'~ the one with the best improvement is performed.

It may seem possible to obtain even further improvements if MOVE is follow_ed‘
by pairwise interchanges at the first look. Howeifer, this is not so since a pairwise

interchange is equivalent to two individual move operations as explained above.
2.3.4. Lee, Huang and Chiang’s Heuristic -

Lee, Huang and Chiang heuristic (LHC) is based on the new conditions for opti-
mal UCLs [25]. They show ﬁhaf, any Workstation i with fi = fis, 7 =1,..,n, 5 # 1,
can be arbitrarily located in any position at the optimal solution, and for any pair of
adjacent Workstations i and j, if fi; < fj: than workstation ¢ must be located before
- workstation j in an optimal layout. Moreover, they also prove that for any workstation
i, if R; > C; (R; < C;) where R; is the ¢** row sum and C; is the ith'column sum of
the part flow matrix, then workstation i cannot be assigned to the last (first) loca-
tion immediately before (after) the_ LUL area. They have devised a branch and bound
algorithm using the depth first search strategy and these rules.

In their heuristic, as initialization, workstations ¢ with symmetric part flows (i.e.
fii = fiy J = 1,..,m, j # 1) are detected first. These workstations can arbitrarily be
- located later. Second, the workstations with C; = 0 (R; = 0) are assigned to available
lbcations immediately after (before) the LUL area. Then, Workstation ¢ with the largest
|R; — C;| value is chosen. If this value is positive (nonpositive) the workstation is °
located at the first available location after (before) the LUL area. These are the layout -

construction steps of the LHC.
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Finally, an improvement proceduré is applied. Workstatioris' with the largest
positive difference R; — C; (C; — R;) are forced to interchange their locations with
the workstations located closer to the LUL area against the.._part flow direction (in the
part flow directicn) of the material handling system. These interchanges are repeated
as long as the objective function keeps decreasing. As ‘che last step, SWAP is applied

only for workstations that are not considered in the previoﬁs interchanges. -
2.4. New Heuristics

As we have »already mcntioned, the UCLP is a special form of the QAP. Yet,
another special form of the QAP is the ATSP. In short, the UCLP and the ATSP are
relatives. Both problems deal with the determination of an optimal cyclic permutation;
an optimal assignment of workstations to candidate locations on a mrcle (an optimal
UCL) in the case of the UCLP, and an optimal assignment of cities to visit orders (an
optimal tour), which can be seen as locations around a circle without loss of general_ity.
In fact, the ATSP and the balanced problem BUCLP are very close. The relation
between z;; and d;; variables we have shown in Section 2.2 is another characteristic
of the BUCLP that supports this claim. Besides, as it was shown in Chapter 4, it is
possible to obtain a valid extended ATSP formulation with O(n®) subtour elimination
constraints by only changing the objéctive function (2.15) of the formulation (2.15)-
(2.21). | ‘ ‘

AIiother combinatorial optiniization problem related to the UCLP is the well-
known LOP (Reinelt, [29]). There is a detailed discussion on the equivalence of both
problems in the recent work by Potts and Whitehead >[30]~. LOP consists of finding -
a permutation of the columns and rows in order to maximize the sum of the weights
in the uppef triangle for a given matrix of weights. In economics the LQP has been
known as the triangulation problem of the input-cutput matrices. The economy of a
region consists of n sectors and an 7 X 7 input-output matrix is constructed with each
(1, 7)t entry denoting material ﬂow from sector i to sector j in a given year. Then the
triangulation problem becomes permuting the rows and columns of the 1nput—output '

matrix in order to maximize the sum of the entries above the main dlagonal An
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S

optimal solution clearly gives an ordering, namely a permutation, of the sectors. Since
the solution of the UCLP is related to the ordering of the columns and rows of the part
flow matrix; approaches to solve the LOP can be adopted for the UCLP. At sum the

new heuristics proposed in this section exploit the relations between the UCLP, ATSP
and LOP. ' | .

2.4.1. Exchange and Relocation Heuristics -

The basic exchange heurlstlc (EX) is originally suggested for the ATSP by Lin-
[31], which is the well-known k-opt. We have used this idea for our problem, namely
the UCLP, by explomng the p0531b111ty to represent a un1d1rect10nal cyclic layout of
workstations as a Hamiltonian circuit. In this heuristic, the location of four worksta-
tions is replaced with the ones of four others addressing a decrease ih the value of the

objective function. For instance, consider an initial layout

(D, ey By Jy oeer Koy by ey T Ty sy 0),

where the locations of workstations i and j, k and [, m and n and, o and p are adjacent.
One possible exchange of adjacency is illustrated in Figure 2.6; it results in the new

layout
(p,...,i,n,'...,o,l,_...,m,j,...,k). .

Notice the'differences in the adjacent WorkstatiOns. As for example workstation 7 is
not adjacent w1th workstation j anymore; it is adjacent with workstation n. This is
one of the 2 x 4! = 48 possible exchanges. At each step the best of 48 exchanges

is performed and the algorithm is run until no further improvement in the objective

function is possible.

In the relocation heﬁristic (RE), which is originally proposed for the ATSP by
Or [32] and known as Or-opt, the interest is in a partial layout consisting of four

consecutive workstations. Relocations are restricted only to moving the partial layout
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Figure 2.7. A relocation of (i, j, k, ) workstation sequence -

consisting of a permutation of foﬁr consecutive workstations to n —4 possible locations.
Out of 4! x (n—4) = 24 x (n — 4) possible layouts the one with the best improvement
is selected as the new layout. Two strategies can be used during the relocation of
the workstations:  Either the first relocation of the four-workstation partial layout
which improves the objective function, or the relocation with the best improvement
in the obje.ctivebfunction is performed. In our implementation, we adopted the best
improvement strategy. In Figure 2.7, we illuStré_mte the relocation of a partial layout
of four workstations %, §, k,[ in a layout of eight WOrkstatioﬁs. Notice that in the new
Jayout they are located according to the permutation, 4,k,1,7. It is possible to see that

MOVE is a special form of RE.
2.4.2. Outﬂow-InﬂoW Ratio Heuristic

In his early work on the LOP, Becker [33] proposed a construction heuristic based

on the ratios of row and column sums of the cost matrix. Each ratio ¢ measures the
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attractiveness of sector 7 by dividing the sum of the entries in the it* row to the sum of
the entries in the it* column of the input-output matrix. As we have already mentioned
the solution of the UCLP is related to the ordering of the columns and rows of the part

flow matrix. Hence, Becker’s idea can be adopted to locate the workstations: For this

purpose,. first the ratios

_R;
= (2.56)
are calculated for workstations ¢ = 1,...,n. Here, R; and C; are defined as in KK3

and hence 7; is the outflow-inflow (OI) ratio for Workstation'i‘. ‘The workstation with
the largest ratio is assigned to the closest ‘available location to the LUL area in the
| part flow dlrectlon Then, the corresponding column and row are deleted from the part
flow matrix and the new ratios for the remaining workstations represented with the
remaining part flow matrix are calculated and the Workstatinn with the largest ratio is
located right after the prévious one. The procedure continues until every workstation

is located, namely a layout is determined.

Notice that it is not meaningful to use OI when the prOblem is balanced since
R; = C; and thus r; = 1 for all i = 1,...,n. Therefore no values will be reported in

Table 2.2 and Table 2.4 in Section 2.5.2.

2.4.3. Sort and Reverse Heuristic

As another consequence of the relation between the UCLP and the LOP, we have
adopted the efficient sort and reverse heuristic (SR) by Chanas and Kobylanski (34]
originally devised for the LOP. In the SR, sort and reverse operations are successively

~ applied until no further improvement in the objective function value is possible.

A sort operation improves a given initial layout. In fact, workstations are assigned
to locations from scratch. Consxder the layout 7 = {m1, w2, 3, ... ,Tn} of workstations.
First, 7, and 7o, namely workstations at the first and the second locations are consid-

ered. The best combination of these two workstations, which has the smallest obj ective
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function value is chosen. That is to say, we initially considé:r’ either the partial layout
{my,ma} or the partial layout {m,m}. For instance suppose that the partial layout
{ms, 7r_1} is better and chosen. Next, the third workstation in the initial layout, i.e. s,
- is considered. It is assigned in all possible locations of the paftial layout consisting of
‘two workstations. In other words, among the partial layouﬁs {ﬁg, g, 1}, {2, T3, M1} |
and {m, 1,3}, the one with the smallest objective funct;lon value is chosen as the
new partial layout. The process of réassigni_ng the workstations into partial layouts

continues until all of the workstations are located and a complete layout is at hand.

A réveT."se operation simply reverses the order of workstations of a givén layout.
That is to say, cbnsidering the initial layout © = {my, w2, 73, ..., My} of workstations,
reverse operation yields the following layout: {mn,...,ms,m2,m}. In particular when
applied to the layout obtained by a sort operation, usually results in a layout with a
larger objective function value. However, when sort is implemented on the reversed lay- |
out, a new layout which is much better than the one we obtained with the previous sort
operation, can be obtained. In other words, a reverse opefation somewhat representé
an uphill move to escape from a 10Cal‘oi:>timum solution obtained by a sort operation.
Moreover, it can be easily shown that the sort operation following a reverse operation - '
dbes not worsen the layout the sort operation preceding the reverse operation gives,

modifying the arguments by Chanas and Kobyla_nski [34] proposed for LOP.
244, Move and Reverse Heuristic

According to the computational results, which can be found in detail in the
next séction, SR is the fastest improvement met.hod comparing to other improvement
heuristics; butAunfortunately its solution quality is not as good as MOVE'’s. Recall
that a reverse operation in SR results in a jump out of the local minimum latest sort
“operation produces. Similarly the combination of a reverse operation with a move
‘operation can improve on MOVE’s performance by causing a jump out of the local
minimum obtaiﬁed by move opérations. We propose replz_tcing a sort in SR with a
run of MOVE to obtain move and reverse (MR) heuristic. In MR, MOVE and reverse

alternate until no further decrease in the objective function is possible.
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Now we formally discuss the correctness of MR, namely why the use of MR does
never worsen a given feasible layout. Let MOV E(r) denote one run of MOVE given the
layout 7 of workstations, and m(n;; j; ) represent the 1nd1.y1dua1 move operation for
» ‘workstati'on 7, initially at location 4, to location j in the layout m. Recall that during
one run of MOVE on the given layout of 7, namely the execution of MOV E(w), we first
compute the objective function value of the layouts obtained by performing individual
move operations m(m; j;7) of all workstations my, ..., 7, from locations ¢ = 1,...,n to
locations j = 1,...,n. Then, MOV E(x) updates the layout 7 by realizing the individual
move operation yielding the best improvement in the objective function value. MOVE
runs until no further improvement is poésible. These steps are now repeated on the

last layout.

Notice that, after performing one reverse operation for the layout m, we can
obtain the same layout in at least n — 1 and at most n x (n — 1) /2 individual move
operations m(m;; j; 7). Therefore, this shows that we can not worsen layout 7 after

~ reversing it, namely executing REV ERSE(T).

For instance, consider the initial layout m = {m;,m;} consisting of two worksta-

tions. The following cases occur while running MR:
Case.lz Suppose fi; > fji. MR performs first the reverse operation which yields
{m;,m} — REVERSE({m, wj})..
Then, all possible layouts obtained by performing individual move operations m(m;; 15 7r)
mm; 2; ), m(mj; 1;m), and m(m;; 2; ) are considered. These operations yield two pos-

sible layout options {m;, m;} and {m;, m;}. Among them MOVE performs the one W1th

the smallest obJectlve function value, namely 7' = {m;,m} is the new layout, since
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fij > fji- These op'erations can be summarized step by step, as follows:

MOVE({r;,m:}) — MOV E(REVERSE({m:,;})),
{mj,m} — MOVE({mj,m}),

7 — {mj, i},
" with ¢y () > e1(n), or ca(m) > cp(7') depending on the type; of the cost function used.
Case 2: Suppose, fi; < fie A rgversé operation produces

{ns,m} — REVERSE({m;,;})

and individual move operations work on layouts {m;, 7;} and {71'J ,m;}. The first 1dyout

is performed since it has smaller or equal objective value. This is shown as
s} — MOVE({m;,m:}).

Finé,lly, 7" = {m;,n;} is the solution of MR for f;; < fji. _ These steps can be summa-

rized as follows

MOVE({n;, m}) — MOVE(REVERSE({m:,;})),
{m;,n;} — MOVE({m;,m:}),

7" {m, T}
with ¢y () = e1 () or ca(m) = ca(m” ) depending on the type of the cost function used.

~ So far, we have obtained ¢;(m) > ci(7') for case 1 and ¢ () = (") for case 2.
Asa résult we deduce that for two workstations, MR can yield layout 7' or layout 7r”A,
which are at least as good as the 1nput layout, w. Now we generalize our results further
by induction on the number of workstations. Consider a layout 7 of n— 1 workstations

and assume that MR yields a layout which is at least as good as the 1nput layout ,
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namely
a(m) > c1(MOVE({REVERSE({W}‘_)})).

- Then attach the end of this layout a new workstation to obtain layout 7 = {m, 7.} of

n workstations. It is clear that

ci(n) = a({m, mn}). |

On the other hand, by definition of the cost function ¢;

g

a({m,m}) > c(MOVE({REVERSE({r}),Tn})),

since the same value, which is actually the cost term associated with workstation m,,
is added to both sides of the previous inequality. Moreover, the move of workstation
7., to location n (this is what it is in fact) for the layout 7’ = {m,mn} does not affect

the value of the objective function ¢;, and
c1(MOV E({REV ERSE({r}), mn}) = c1(m(m;n; {MOV E({REVERSE({m})}), ™n})).
can be written, from which-

| cl(m(wn,n {MOVE({REVERSE({W})}) Tn})) =
alm(m;i=1...,m {MOVE({REVERSE({W})}) Tn}))

follows. Note that, the right hand side of the last inequality is the objectivé func-
- tion value of the best layout after performing all possible 1nd1v1dual move opera-
tlons for workstation m, in the layout x = {m,m,}. Finally, since the layout itself,
.namely {m, 7}, and its permutations {REVERSE(m),mn}, REVERSE({m, m,}) and
'REVERSE({REVERSE(r), m,}) are considered as four particular cases in a run of
MOVE({r, ,.}); which is m(mn;j = 1,...:7% MOVE({REVERS’E({W})}) we can
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write
m(mm:g = 1,...,n; {MOVE({REVERSE({r})}), m.}) = MOV E(REV ERSE({m,,})).

Thereforg
MOVE(REVERSE({w,wn})) _ MOVE(REVERS'E(w’))
holds, showing the correctness vcv)f the new MR heuristic.
2.5. Computational Rgsults

In this section we discuss the accuracy and efﬁmency of the heuristics introduced
in Section 2.3 and Section 2.4. We first explain how we generate random part ﬁow
maitrices to form our test bed. We then compare our new heuristics described in

Section 2.4 with the heuristic procedurés of Section 2.3.
2.5.1. Test Bed

In an’' FMS environment workstations, which are interconnected by a material
' handling system, can process different part types simultaneously. In our experiments
we consider four different FMS environments With respectively 20, 30, 40 and 50 work-
stations interconnected by a unidireActiobnal cyclic material handlihg system. We fix the

number of different part types to 50.

Let P={1,..., P} be the set of part types and fi’;- be the total number of parts -
of type p that flow from station 4 to station j per period of time. Notice P=50 in our

test bed. Then,

Z Ghi=1...,m 1#] . (2.57)

peP
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determines j:he part flow per time period from station z to station j. -When the flow is

balanced ff; can be expressed as

P=nmf;, 4,j=1,...,ni#j; PEP (2.58)

where n, denotes the number of parts of type p to be processed in the system and
‘ nf; denotes the number of moves part type p makes from station i to station j per |
| perlod of time, since no part is lost and no new part is created during the process to
cause an unbalance in the flow. Each part type may have a different process plan. The
process plan Sp is the sequence in which part type p visits the workstations. Notice
that in any process plan a part can visit a workstation more than 6nce’, and hence
a workstation’s number can appear more than one time in Sy, but hot consecutively.
Hence, n’i’j specifies the number of times workstations ¢ and j appear consecutively
(i immediately before j) in the process plan Sp. We.have generated randomly 30
process plans, for each one of 50 part types, for our four FMS environments. For this
purpose we first created uniform positive integer numbers between 1 and the number
of workstations, (i.e. 20, 30, 40 or 50) to determine the number of workstations to be
visited by this part type This actually gives the size of a linear array representlng a
process plan, which we fill entry by entry by uniform pos1t1ve integers between 1 and
the number of workstations while preventmg the same integer to occur more than one
time in row. This makes 30x 50x 4 = 600 process plans at sum; and they are all used

in the generation of both balanced and unbalanced instances.

As it can be observed when the part flow is balanced formula (2.58) applies and

the value of 1, has;a direct effect to the magnitude of fi;. Hence, it is possibl.ve to control .
the range of numbers in the part flow matrix by means of n,. We generate three sets
of n, withp=1,... ,50-respectively from uniform distributions U(2,10), U(1,50) and
U(1,100) as done by Tansel and Bilen [21]. They cofrespond to low, medium and high

variation part flows. We will mark the instances with letfers L, M and H to identify
the type of variation they have, in the sequel. We first use formula (2.58) then formula

(2.57) to obtain balanced part flows between workstation pairs. We generate 10 test

problems per variation type.
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As for the unbalanced part flow, formula (2.58) does not apf)ly anymore since the
number of part type p parfs, np, does not necessarily remain fixed during the Process.
As a result we generate nﬁ’j random integers, and sum them up to obtain ff; for every
part type p. Then we use formula (2.57) to obtain unbalanced part flows between
workstation pairs. We use uniform distributions U(1,10), U( 1,50) and U(1,100) for

generating those random integers to create low, medium and high variation part flows.

In summary our test bed consists of the set of balanced and unbalanced instancés.
In each set, instances ére grouped according to the-type of varia’ﬁion’their flows have.
Each group is formed by four 10-problem packages respectively with 20, 30, 40 and 50
workstations. For example the package UnBal20-M consists of .ten test prdblems each
with 20 workstations and medium variation in part flows. The package Bal20-M is its
_balanced version. In short, there are 80 test instances for each flow type, which makes

a test bed of 240 instances.
2.5.2. Discussion of the Results

Our computational results are summarized in Tables 2.1 — 2.4. Table 2.1 and
~ Table 2.2 include airerage relative per cent deviations of the ten-problem test sets, for
unbalanced and balanced instances respectively. Table 2.3 and Table 2.4 list average
CPU times.. The first columns of the tables consist of the test sets. Each one of the
‘remaining columns is associated with one of the heuristics.éxplaiﬁed ‘inv the .previous
sections. Columns representing new heuristics are emphasized with bold. The last three
| rows of Table 2.1 and Table 2.2 are respectively the column averages (UnBalAver,
BalAver), and the averages of the smallest (UnBalMinAver, BalMinAver) and
largest (UnBalMaxA.ver, BalMaxAver) relative deviations. They are obtained with |
the ten instances of the test sets. The last rows of Table 2.3 and Table 2.4 are simply
thé averagés of the average CPU times reported in each column. The columns of Table
9.1 and Table 2.2 are in decreasing order of the column averages. However, the ones
in Table 2.3 and Table 2.4 are in increasing order of their averages: We believe this

exposes better the performances of the heuristics.
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The relative per cent deviations are computed using the formula

100 x (Upper Bound - Lower Bound) _

(Lower Bound)

where, Lower Bound is the optimal objective value of the EIjCLP’ rp and Upper Bound
is the total flow cost obtained by the corresponding heuristic. We have used.CpleX ver.
7.0’s barrier solver to solve thé EUCLP’ Lé. In all of them, only OI and KK3 are
construction heuristics and build gradually a feasible layout. The remaining ones are
improvement methods and need an initial layout to start. We use KK3 for this purpose
since it performs 9.3 per cent better than OI in the average (i.e. the average of both
unbalanced and balanced instances). Although LHC can be treated as an improvement
heuristic it also includes a construction phaSe as its first step. Hence, there is no need

to run KK3 to construct an initial layout for LHC.

The cost function ¢; is used in all computations. However,'we take ad\?a'ntage
of the equivalence between ¢; and c; for. balanced instances and use formulae (2.9) or
(2.10) to prepare Table 2.1 and Table 2.2. This increases the efficiency considerably.
We run all of the heuristics on both unbalanced and balanced instances although some
of them are driginally proposed for solving the BUCLP. Two such examples are MOVE
and its close relative MR. RE and EX are two others; they exploit the relation between
the BUCLP and ATSP.

.Based on UnBalAver values, MR is the most accurate method for the unbal-
anced instances and has an average (average of test set averages) relative per cent
deviation 2.61 per cent. It has also the highest accuracy for the balanced instances. Its
average relative deviation, namely Bal‘Aver value, is 2.72 per cent. As a consequence,
the overall accuracy of MR is the highest; its overall average ((UnBalAver + Bal-
Aver)/2) relative deviation is 2.67 per cent. RE, MOVE and EX follow MR in this
order with overall average relative deviations respecti\}ely, 3.08, 3.26 and 4.61 per cent.
However, we should point out that UnBalMinAver of RE is 1.62 per cent, which
is slightly lower than 1.63 per cent of MR. In addition, while looking. at the ranges
of UnBalMinAver and UnBalMaxAver in Table 2.1, and ranges of BalMinAver
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and BalMaxAver in Table 2.2 it is possible to say that MR is tﬁe most robust of all

the heuristics: the ranges are respectively 2.20 for unbalanced and 2.46 for balanced

instances.

Within this four heuristics MOVE is the fastest. I’es overall averege CPU is
0.35 seconds. EX’s efficiency is very low with a value of 6.73 CPU seconds in the
average. Although they have the third and fourth highest average CPU seconds, which
are 2.24 and 1.27, RE and MR can also be considered quite efficient. Note that the
computational efforts of OI and KK3 are significantly smaller (almost none) than the
ones of the remeining methods, since they are construction methods and have O(n)

worst case time complexity.

Comparing UnBalAver and BalAver values it seems impossible to draw a gen-

~eral conclusion about the effect of balancedness on the accuracy. Some of the heuristics

perform better on balanced instances, while some do on unbalanced problems. Never-
theless, it is possible to say that usually the heuristics tend to have higher'accuracy

when the problem is balanced. Similar conclusion holds for their efficiency.

We can say that variation in part flow matrix does not affect the quality of
the heuristics. However, computation time increases with increasing variation. As a
summary of our experimental results, among all of the considered heunstlcs we can say .
rank one goes to MR. It has a very high performance and requires relatwely moderate

computatlonal effort is very hlgh.
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3. AN EXACT ALGORITHM FOR THE BALANCED
UNIDIRECTIONAL CYCLIC LAYOUT PROBLEM

3.1. Introduction

The UCLP is defined in Chapter 1: It concerns with the determination of the
locations of workstations around a circular material handling system moving the parts’
unidirectioually. One special form of the UCLP is when the material ﬂew is conserved
at .each workstation: Total inflow is equal to total outflow at every workstation. This

_ yersibon is known as the BUCLP.

In this chapter we propose a branch and bound algorithm to obtain the optimum
solution of the BUCLP. To the best of our knoWledge, there is no other work proposing
a branch and bound algorithm for the BUCLP. Only, Lee et al. [25], Kouvelis and
Kim [1] and Kiran and Karabati [23] have devised branch and bound approaches for

“the general UCLP.

3.2. The Branch and Bound Algorithm

In general there are two major procedures of any branch and bound algorithm:
branching and boundmg The branching procedure partitions the problem into smaller
. sub-problems. Each subproblem, represented by a node corresponds to a partial so-

lution. A search strategy is associated with the branching 'scheme in order to ‘decide
"which node to branch next. Depth first search and breadth first search are two of :
them. The bounding procedures are used to calculate the lower and upper bound val-
ues for each node. For a minimization type problem, the best upper bound value is

kept throughout of the algonthm and this value is updated when a new node y1e1ds a

better upper bound value.

At the beginu_irig of our branch and bound algorithm, we have an empty sequence

of Workstatiens and when the algorithm stops we obtain a complete sequence of work-
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stations such that total. material transportation cost is minimized. The-.ﬁrst (last)
position of the sequence corresponds to the first (last) candidate location immediately
after (before) the Load/Unload area. At every node of thé branching tree, we have
~two sets of workstations: assigned and unassigned. The set of assigned workstations
are kept in'a partial sequence, with fixed positions. However, the positions‘ of the set

of unassigned workstations are not determined.

When anew node is generé,ted, one workstation from the unassigned set is chosen
- and included into the assigned set. In other Woids, every time a new node is generated
in the branching tree we assign a worksi;ation from the unassigned set, to the first
available location of the partial sequence. The partial sequence df a node is kept of
all of its descendant branching nodes. That is to say the partial sequence of a node is
always inherited from its ancestofs. For every node a new partial sequence is obtained
' by choosing and locating an unassigned workstation to the first available position in

the inherited partial sequence.

. Moreover, for each node, we compute the lo'w;er and upper bound considering the
assigned and unass1gned sets of workstations. To compute: the lower bound, we first
compute the cost of as31gned workstations. Then we consider the costs due to the set
of unassigned workstations. The upper bound value is the objective function value of
the solution obtained with the heuristic procedure. During the search process, we vkeep.

the best upper bound value of all generated nodes.

‘For any node in the tree, if the lower bound is greater than the best known upper
bound we fathom this node. If all nodes are discarded, the optimum solution has
‘been found and the current best upper bound value is the optimum objective value.
OtherWISe if we have more than one nodes to explore, we select a node with the lowest
lower bound value for further branching. Then, we perform a depth first search until

we reach the bottom of the tree.

In summary, at the start of the algorithm, n nodes are generated. For each of

~ them, there is only one assigned workstation and its location is fixed at the first po-
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Node 0

Node 4 Node § Node 6 Node 7 Node 8 Node 9

Figure 3.1. The enumeration treg¢ of a 4-workstation example

sition of the corresponding partial sequence. Then, we run'branching and ‘bounding
~ procedures consecutively. The lower and upper bound values of new nodes are com-
puted as explained above. The nodes whose lower bound values are greater than the
current best upper bound values are discarded for further consideration. Then, the
node with the lowest lower bound value is chosen for‘further branching to generate
néw nodes. These steps continue until we ha{(e dnly one node with equal lower and

upper bound values.

To illustrate these steps, we present in Figure 31la branch and bound subtree
for a umd1rect1onal cyclic layout with four workstations. At the first node, namely at
Node 0, we assign workstation 4 into the first location. In other words, we have the
partiél sequence {i} for Node 0. Node 1, Node 2 and Node 3 are in the second level
of the tree and they are branches of Node 0. Workstations 7, k and [ are respectively
ass1gned into the second available locations. Their partial sequence are respectively

{4,5}, {4,k} and {i,1}. Node 4; Node 5, Node 6, Node 7, Node 8 and Node 9 are in

the third level of the tree and they represent all possible solutions with workstatlon 1

assigned to locatlon 1.
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3.2.1. Preprocessing Steps

- The preprocessing steps constitute the initialization phase of our branch and
bound algorithm. These procedures are run at the very begmmng of the algorithm
with the purpose to reduce the size of the material flow matrix, and therefore the size

of the problem.

| Kouvelis and Kim have probosed the preprocessing steps in their seminal paper (1]
on the UCLP. In their work, to reduce the size of the problems, the preprocéssing phase.
looks for the workstations which have only inflows and/or outflows. They havé shown
that in an optimal solution, a Worksta,ﬁion i that has only inflow (outflow) is always
located at the last (first) candidate loca{:ion in an bptimal sequence. As-a consequence,

these workstations should be located at the appropriate locations at the beginning.

In addition to this rule, Lee et al. [25] have proposed two more rules based on
the properties of the material flow matrix which they apply at the beginning of the
algorithm. Their first rule is to detect all workstations @ with fi; = fj for all j =
1,... ,n. They have show;i that, the optimal layout is independent of the position of
such a workstation. Their second rule is related with the number of workstations with
R; > C;. When the number of Workstatlons with R; > C; is greater than the number
of workstations with C; > R; they propose to construct the layout by assigning the
workstations starting from the first position. For the other case, they suggest to locate
‘the workstation starting from the last pos1t10n Notice that this rule is not apphcable

for the BUCLP since Ry=C;foralli=1,...,n
3.2.2. Lower Bounding

To éompute the 1ower bound values we need to consider three flow quantities:
Flows between assigned workstations, flows between unassigned-assigned workstation
pairs, and flows between unassigned workstations. To calculate & bound in the latter
case may be more complicated than the first two. To provide a bound, the LP re-

" laxation of the formulation by Kiran et al. [16] has to be solved. The flows between
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assigned workstations and the flows between unassigned-assigned workstations pairs
can be directly computed since the actual position of assigned workstations is known.
In fact, to compute directly these two flow quantities we use the following obsérvation.
For a given sequence of workstations the workstation located in the first position con—
tnbutes to the objective function value as much as the sum of the inflows frorh all other
workstations. Namely, if Workstatlon 7 is located in the ﬁrst position, the contribution
to the total cost due to workstation 7 is C; = >~ fri where fg; s the fixed flow quantity -
from workstation k to workstation i. Moreox,/c:r?é;uppose that, workstation j is located
in the second position of that partial sequence. Then, the oontribution to the total
objective function is (k%‘; fri) = fij = (Cj) — fij. In other words, it is equal to the
i v

total amount of flow to Workstatmn j-except the inflow quantity from workstation ito.

workstation- j.

To explain better this step, consider a sequence {4, k,l,J } of four workstations.
Our objective it to calculate the objective function ZZ fijdij. Recall that dij = 1
if workstation i is located after workstatlon j and the LUL ares is located at some
~ position on the path from workstatlon i to workstatlon j. ‘For the given sequence of

Workstation the objective function value is’
Ci+ (Ci = f) + (Ci— fu—fu) @Y

where C; is the sum of column % of the ﬁow matrix, i.e. C; = S fiie
o

Now, we can formally present our lowér bounding procedure. For any workstation
j,i=1,...,n,let F{ } be the amount of part flow into workstation 4, except fi; where
{4} is the workstation located before workstation j. In other words, Fy = Cj — fij
where C’ is the it" column’s sum of the part flow matrix. Consider the case where
a sequence of two workstations, namely {%, k}, is 1ocated before workstation j. The
amount of part flows into workstation 7, except fi; and fij, 18 Fi Ly = = C;— fij— fxj- For
5 partial sequence of workstations {3, 7, k} we have the lower bound LB = C; + F{Jz}
F; fi,k} + Ib(k), where 1(bk) is the bound obtained by solving the linear programming

formulation by Kmran et al. [16], with workstations i, j and k deleted. For instance
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consider the branch and bound subtree of Figure 3.1. For Node 0 and Node 1'the lower
bounds are respectively, LBy = C; +1b(d) and LBy = C; + (Cj — fi;) + 1b(3, 5). For
Node 4, the lower bound is ' ’

| LBy =Ci+ (C; — fij) + (Cx — fix — fix) +16(3,5, k)
= C;+ (Cj = fi5) + (Cx — fie — fi) + (Co— fu— fin — fu)
= C; + (Cj — fi5) + (Cr — fir — fix)-

- 3.2.3. Upper Bounding

To compute the upper bounds, we temporarily complete the partial sequence
with the set of unassigned workstations. To assign the unassigned workstations into
candidate (available) locatrons in the rest of the partial sequence, we use the KK3
heuristic. As a result we have a complete sequence of workstations. Then, we perform
the Move-Reverse (MR) heuristic to improve | the newly 1nserted set of workstations.

Notice that, we perform the KK3 and MR without harming the initial partial sequence.

To better illustrate this, consider Node 1 in Figure 3.1. In Node 1, the set of
assigned workstations 7 and 7, ere respectively assigned in the first and second available
locations in the partial sequence. To compute the upper bound value of Node 1 we
need to obtain a complete sequence of all four workstations. In other words, we.need
to temporarily locate the unassigned workstations k and [ to the candidate positione,
namely the third and fourth posrtlons We first run KK3 to corlstruct a. sequence
then MR to improve the layout for the rest of the partial sequence. Suppose that
‘MR outputs {I,k}. Then the feasible solution can be represented with the solution
{i,,1,k} and the upper bound value is UBy = Ci + (C; — fig) + (G = fa = fit)-
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3.2.4. Dominance Rules

Dominance rules help to identify the set of dominant sequences. Given two se-
quences 7 and 7, m dominates 7, means that the 6bjectivje function value obtained

with 7 is better than the one obtained with 7. -

In this section we first present existing dominance rules, which are based on the
notion of locatlon interchanges. Then We Dropose a new domlnance rule based on the
notion of move operations. An interchange operation is the basic actlon of the fa-
mous SWAP heuristic which is widely used for solving the facility layout problems. In
Chapter 2, we have also co‘mputatibnally experimented and compared its performance
with other existing and new heuristics. On the other hand, a move operation is more
elementary than an interchange operation; and every 1nterchange operation can be per- |
formed by two move operations. In Chapter 2 we have observed that MOVE heuristic

is more efficient than SWAP heuristic. Now, consider the initial sequence
- (1,...,2'—1,i,i+1,.;.,§Q1,j,j+1:,...,_n) | (3.2)
and the sequence obtéined by intérchanging fhe locatiqhs of workstations 7 and j
7= (1,...,2"—1,j,i+1,...,j-—>1,z',j+1;..1.,n). . '(3'.3)

Then the change in the cost function is -

j—1

Acz = o) — co(7) = Z (fes — fix) + (fie — fri) + fie — fis- (374)
=i+l : RN
‘Where ¢y is the objective function of the UCLP. Recall that thg derivation of (3.4) is
explained in Secﬁion 2.2. Clearly when Ac; is positive then we have a positive gain from
this interchange operation. Kouvelis and Kim.[l] uses (3.4) to develop new dominance
rules for identifying local optimal solutions; Based on these rules they have devised

three construction heuristics: KK1, KK2 and KK3. KK3, is the best of them; it is
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presented in the previous chapter. Later, Kiran and Karabat: [23] have used formula
(3.4) to propose General Dominance (GD) and Adjacent Dominance (AD) rules which
: .they used within their branch and bound algorithm. The GD rule is applied within the
branch and bound algorlthm when a new node in the branching tree is generated Every
time a new node is generated a workstation ¢ from the unassigned set is located at
the first available location of the partial sequence. With the'GD rule, we first compute
all the interchange cost of workstation ¢ with the workstations of the.partial se(iuence,
and in cese ofa positive gain, we do not consider this newly generated node for further
consideration. One weakness of the GD is its CPU time requirement. Considering
this, Kiran and Karabat: [23] come up with another dominance rule: AD which is a
‘simplified version of the GD rule. They consider only adjacent workstations. In the
branch and bound algorithru the AD rule cemputes the interchange cost of workstation
1 and the workstation 1mmed1ately before workstation 7 in the partlal sequence. In case
thlS value is positive, the new node is fathomed. The AD rule is also used by Lee et

al. [25] within their branch and bound algorithm.

Both GD and AD are interchange based dominance rules. Now we propose a new
‘ move based dominance rule. Our motivation is based on the recent results by Tansel
and Bilen [21], and the results of our computatmnal experiments including MOVE and
SWAP heuristics presented in Chapter 2. Since MOVE heuristic is more efﬁClent than
SWAP heuristic, it is expected that the move based dominance rule is more efficient

than GD and AD rules.

- In our branch and bound algorithm the move based dominance rule applies whenb

a new workstation i is assigned to the last available positiorl of the partial sequence. We
- efficiently cempute the cost of all possible backward move operations of Workstation i
‘ through the partral sequence by using formula (2.9). In case a positive gain is detected
in the objective function value we do not consider this ‘node for further branching
namely, this node is fathomed For instance consrder Node 1. At this node we have-.
assigned workstation j to the available position at the end of the partial sequence {i}
of Node 0, and we have obtained partial sequence {1, j}. However, if the cost of partial

sequence {j,}, which'is obtained by moving workstation j into location %, is better
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than the partial sequence {4, 4}, then the partial sequence {¢,;} may be reordered as

{J, z} in the optimal sequence.
~ 3.3. Computational Results -

Our results are summarized in Table 3.1 and Table 3.2. The ﬁrst, fourth and
seventh columns of both tables stand for instances. These instances are rendomly
generated as explained in the prev1ous chapter. The second, fifth and eighth columns
give the number of nodes explored until the optimal solut1on is reached. The thrrd

sixth and ninth columns are the total CPU times.

As it can be observed, the average number of nodes explored grows as the variation
in part flow increases. For example, for instances with low variation having 20 and 30
workstations, the average number of nodes explored are 119.6 and 665.5 respectively.
These values become 121.7 and 925.8 for medium variation, and 214.2 and 1656.9 for

high variation instances.

To compute lower bounds, we solve the Lp relaxations of the BUCLP formula- '
tion by Kiran et al. [16] with barrier procedure of Cplex ver. 7.0. This part of the
computational effort constrtutes the bottleneck of our branch and bound algonthm

‘The development of more efficient lower boundmg procedures will solve this problem

We could not solve all of the instances of our test bed generated in the Chapler 2,
it is.because the computational effort to find the optimum solution grows exponentially
Wll;h the number of workstatmns For example, for instances with 20 workstations the
overall average CPU time is 37 22, Wh1le this value becomes 1454 for instances with
30 workstations. Therefore, we, . have not been able to test our code on instances with

more than 30 workstations.

The relation between UCLP and the Linear Ordering Problem is implied by
- Afentakis [19], and Potts and Whitehead [30]. There are many other combinatorial

optimization problems with similar structures. The permutation ﬂow—shop scheduling
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problem and single machine scheduling problem, single row layout proBlem’ are only a
few of them. Several researchers have devised branch and bound algorithms for these

problems. One more research topic is the adaptation of techriiques developed for the

BUCLP to its relatives.
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4. ASYMMETRIC TRAVELLING SALESMAN PROBLEM
FORMULATIONS

4.1. Introdﬁction

~ Eversince the publication of the‘seminal work by Dantiig, Fulkerson and Johnson
[13], a perfect formulation of the ATSP has been attempted many times. A perfect
| ATSP formulation is a représentation of the ATSP polytope which is ideal in the sense
the solution of its linear programming (LP) relaxation gives an optimal tour. Although ’
such formulations could have been obtained only for unrealistically small sized problems
(problems with eight 01t1es or less [35]), the effort has resulted in different formulations

with varying quality.

As it is the case with most combinatorial optimization problems, methods that
solve the ATSP to optimality combine polyhedral results with enumeration. Since
the efﬁc:lency of enumeration depends on the optimal objective value of a sequence of
LP problems obtained by modifying the LP relaxatlon of an ATSP formulatmn the
strength of the relaxation determines the quality of the formulation. The strength of
the LP relaxation is measured by the value of the minimization ob jective function at the
‘optimality (i.e. LP bound). Thus it is possible to say that given two formulations the
one with larger LP bound has a stronger LP relaxation; it is a better ATSP formulation

in sl_lort.

The strength of LP rélaxations, or equivalently the strength of formulations,
~can also be determined by using polyhedral information they provide. Suppose, two
different formulations Fi and F that are stated in the same space of variables are given.
In addition, assume the objective is of minimization type. Let P(F1) and P(F3) be the_.
| polyhedra associated with them. If P(Fy) is éproper subset of P(Fz) then Fj is a better
formulation than F5 since the lower bound obtained by solvmg the LP relaxation (LP
bound) of F; is larger than or equal to the one obtained by solvmg the LP relaxation

of F,. In other words the [minimization of the cost function over P(F}) brings us closer
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to the integer optimum. As a consequence, the inclusion of polyhedra determines the

strength of linear programming relaxations since this providés an ordering of their LP

bounds.

Different formulations of a given problem can be. fr’eciuently stated in terms of
~ different set of variables, as it is the case with the extended formulations of the ATSP.b
Say Fj3 is @formulation with this property. However, it is possible to project the -
extended polyhedra P(F3) of Fj into the subspace of the original variables without
~ losing any integer solution, namely any of the tours, and compare the lower bound

obtained over the projected polyhedron T'P(F3). To be preéise given the polyhedron |
P(F3) = {(z,y) € R™ x R™ : Az + By < b}

where A, B and b € R™, the projection of P(Fs) into the subspace of z variables, or

nto ]R"l, is
TP(F3) = {z € R™ : there exists y € R™ such that (z,y) € P(Fs)},

and if TP(F3) is a proper subset of P(F}) then Fj is a better formulation since the LP

bound it gives is larger than the one F; does [36].

Several attempts have been made to compare the existing ATSP formulations.
The works by Wong [37], Padberg and Sung [15] Langevin et al. [14], Gouveia and
Vof [38], Orman and Williams [39] and Gouveia and Pires [40,41] are examples in
 this direction. In this chapter we consider a new extendéd ATSP formulation which is

- originally proposed for the B_UCLP ‘[16].
4.2.'CIassical Formulations and Their Subtour Eliminé.tionv anstraints

Many of. the valid ATSP formulatlons follow the general framework of an assign-

ment problem with integrality and subtour elimination constraints of the form:
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ATSP:  min chfijxij : (4.1)

i=1 j= ; ‘ .
sty zy=1 i=1,...,n (4.2)

=1
Zwij=1 i=1...,n (4.3)
i=1 _
0<z; <1 =1, mi#j (4.4)
25 = 0,1 hi=1.miAj (45

{(7‘1.7) * Tij = 1, (%] =27 . ,.TL; 7'7&.7}

do not contain subtours

Binary variables z;; are used to indicate whethér city i precedes city j in an optimal.
tour. Coefficients ¢;; represent the distance from city ¢ to city j. For simplicity, it can
be assumed that the formulation‘is defined on a complete, éimple digraph D = (V, A)
with :1:1] = 0 or ¢;j = +oo for any arc (i, 7) ¢ A. Constraints (4.6) defeat subtours '
over the set {2,.. n} Together with the assignment constraints (4.2) and (4. 3) they
also ehmmate subtours contammg vertex 1; and the subtour elimination constraints

for i = 1 become redundant.
4.2.1. Dantzig, Fulkerson and Johnson’s Formulation

In their seminal work, Dantzig, Fulkerson and Johnson (DFJ) formulate the sub-

.tour elimination constraints directly in the space of original variables as [13]

S z<ISi-1 SC{2...n}, 1822 (@7

(1,9)€S8,i#]

These clz’qué packing, or 31mply clique, inequalities state that the number of arcs that
can be placed in the clique defined by the set of vertices S cannot exceed |S| — 1.
These inequalities are known to be facet defining [42]. Unfortunately, there are O(2")

clique inequalities. However rather than mtroducmg them to the formulation all at
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once, they can be added to the formulation gradually throug;hoﬁt a branch-and-bound

scheme, which usually results in an optimal solution after bnly a subset of them are

used.
4.2.2. Miller, Tucker and Zemlin’s Formulation

| Thé earliest kndwn extended formulation of the ATSP is due to Miller, Tucker ahd
Zemlin (MTZ). MTZ fofmulation is originally proposed for a vehicle routing problem
where each route is restricted to not having more than a certain number of customers
[43]. In this formulation; the number of subtour elimination constraints are reduced
from 01(2") to O(n?) at the expense of additional variables u; for ¢ = 2,...,n. The
~ subtour elimination constraints of the MTZ formulation are equivalently stated by
Desrochers and Laporte [44] as
wi—wF(—l)zy<n—2  Gi=2..,miti  (48)

1<u;<n-1 ' o i=2,...,n (4.9)

Constraints (4.8) imply u; > u; +1 Whenevei' z;; = 1, and the value of each wu;
can be treated as the visit order of city ¢ from city 1 on the optimal tour. Given a
circuit De = (Ve, C), with vertices V¢ and arcs C, summing up equation set (4.8)
for (i,5) € C yié_lds the contradiction 2 < 1. Notice that the same contradiction is
also obtained when D¢ is an Hamiltonian circuit, which means that the formulation is
* infeasible. However, this case does not'occurb since the MTZ formulation is concerned
oniy with subtours of size smaller than n — 1. We should mention that u; variables are
~ unrestricted in thé original paper [43]. Simple bounds (4.9) are introduced later on.
This enables u; to present the order vertex i is visited on a tour, and does not affect

| the LP bound obtained on P(MTZ).
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4.2.3. Circuit Packing Formulation

The subset of clique inequalities known as the circuit packing or simply circuit

inequalities, given by

Z zi; <|C|—1 for all circuits Do = (Vg,C), Ve € {2,...,n} (4.10)"
(m)GC

are sufficient to eliminate all su‘btours and the formulation obtained by replacing clique
inequalities (4.7) with eircuit inequalities (4.10) is a valid ATSP formulation; it is
referred as the circuit packing (CP) formulation. As it can be noticed the polytope
P(DFJ) described by (4.2)-(4.4) and (4.7), is afproper subset of the polytope P(CP)
represented by (4.2)-(4.4) and (4.10). This implies that the DFJ formulation has a

stronger LP relaxation, and hence a larger LP bound, than CP formulatlon does. -

Let P(MTZ) be the polyhedron described by (4.2)~(4.4), (4.8) and (4.9). In
~ their work on the analytical comparison of different ATSP formulations Padberg and
Sung [15] have shown that the polyhedron obtained by projecting P(MTZ) into the

subspace of x;; variable is

1 |

TP(MTZ) = {s € R4 : (42) — (44),a0d Y 35 < 10| = ——5

(49)eC

for all circuits D¢ = (Ve, C),-»VC c{2,...,n}}. (411)

, TP(MTZ) is also known as the weak circuit polytope because (4.11) are a weaker version
of the circuit 1nequaht1es (4.10). This result shows that P(CP) is a proper subset of
'TP(MTZ), therefore MTZ formulation is weaker than CP and DFJ formulations. The |
Weakness of MTZ formulation is also demonstrated by Langevin et al. in their early
work in whlch they classify nine ATSP formulations with respect to the LP bounds
they produce [14]. Moreover, using the Fourier-Motzkin elimination to project several

ATSP formulatlons into a common variable space, Orman and Williams show that

P(MTZ) contams the polyhedra of some of seven existing formulatlons [39].
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4.2.4. Desrochers and Laporte’s Formulation.

The compact polynomial representatlon of P(MTZ) is partlcularly useful when
the ATSP arises as a subproblem within the context of a larger problem Two such
examples are the distance constrained capacitated vehicle routing problem (DCVRP)
and the capacitated vehicle routing problem with time windows (TWCVRP) [45]. The
DFJ formulation can also be extended to the CVRP [46]. However, its generaliza- -
tions to the DCVRP and TWCVRP are not stralghtforward Another advantage of
the MTZ formulatlon is that the subtour elimination constramts (4.8) and (4.9) can
be incorporated into other type of problem formulations together with stronger con-
straints. Motivated by these facts, Desrochers and Laporte lifted sﬁbtour elimination |

constraints (4.8) and (4.9) to obtain the following stronger ones [44}:

u; —uj+ (n— 1)¢ij+(n—3)$ji5n—2 : _ i',j='2 om i (4.12)
1+ (n—3)za+ Zmﬂ§u,§n—1—n 33;1, Zm,]
J=2,j#i E §=2,j#1

i=2,...,n. (4.13)

They have shown that inequalities (4. 12) are facet defining. Their proof felies on the.
early result of Grotschel and Padberg [42] who demonstrated that clique inequalities
are facet defining for |S| = 2 and n 2 6. They -also showed that (4.13) are valid
inequalities. Later, Driscoll proved that (4713) are act}ually facet defining [47].

4.2'.5. Sherali and Driscoll’s Formulation
The concern of Sherali and Driscoll’s recent paper [48] is also strengthening the .

relaxatlons of MTZ formulation for the ATSP. The authors apply only a partlal first

level version of the Reformulation-linearization techmque (RLT) [49] to a nonlinear
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reformulation of MTZ formulation’s subtour elimination constraints to obtain

Z Yij + (n - 1)3711 = Ui 1=2,...,n (4 14)
J=2‘J¢1-

Z vij +1=1u; j=2,...,n (4.15)
1=2,i5] -
zij < %5 < (n = 2)3y i =2,...,mi#] (4.16)

uj + (n — 2)Ti — (n—l)(l——:z:J,)<
vis + 95 < 4 — (1= 250) hj=2.miti  (411)
1+(1—4:c1,-)+(n-—3)a:j15

u; < (n—1) — (n=3)zy; — (1 - zjn) j=2,...,m. - (418)

These O(n?) constraints are shown to be valid subtour elimination constraints and
imply (4.12) and (4.13) of the DL formulation (48]. In short the SD formulation is
stronger than the DL formulation and has a larger LP bound. Since the new variable
Yij = U;iTij, it assumes a NONZero value that represents the order (starting with 0) of

the arc (z,7) if it ison a glven tour. This value is zero otherwise.
4.2.6. Gavish and Graves’ Formulation

A large class of the extended ATSP formulations have been known as the com-
modity flow formulations [14] where the addltrona.l variables represent cornmodity flows
~ through the arcs that satisfy additional flow conservation constraints: These models can
be further subdivided into three groups single commodlty flow (SCF), two-commodity
flow (TCF) and multi-commodity flow (MCF) formulatmns. ' | '

The earliest SCF formulatlon is due to Gavish and Graves [50]. The additional‘
contmuous nonnegative variables ¥i; they use describe the flow of a smgle commodrty‘

to vertex 1 from every other vertex. O(n?) subtour ehm1nat1on constraints are then
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given by

Zyij;‘zyji=0 i=2,...,n (4.19)

=1 Al o
y,-jg(n'—-l)xij i=2,...,n;‘j=1,...’,n;i#j . (420)
yn>0 i=1,..mi=1..,m 0% (4.21)

Constraints (4.20) and (4.21) imply that 0 <y;; Sn—1 it z;; = 1. An interpretetion
similar to the one giveh for the additional variables u; of the MTZ formulation can also
" be attached to variables y;;; they can be interpreted as the number of arcs which are

included in the path between vertex 1 and arc (1, 7) in the optimal tour [40].

Let P(GG) be the polyhedron described by (4.2)-(4.4), (4 19) (4.21). As a con-
- sequence of a result for CVRP [51] it can be shown that the polyhedron obtained by
projecting P(GG) into the subspace of z;; variables is

TP(GG) ={a: e R : (4.2) - (4.9),

and z | T §-|S|—nl§|1 sc{z...,n}, IS =2}, (4.22)

()eSiti

which is known as the weak clique polytope [40]. Therefore P(DFJ) is a proper subset
of TP(GG) and the GG formulation is weaker than the DFJ formulafion. However,
GG formulatlon is stronger than MTZ formulatmn since TP(GG) is a proper sgbset of
" TP(MTZ). This follows from the fact that constramt set (4. 22) includes also constraints
(4.11) as a subset.

It is also pos31ble to construct a relatlonshlp between the SD and GG formula-
| tions, and the DL and GG formulations. Recall that both have O(n2) subtour elimina-
tion constraints. Consider constraints (4.14)-(4.16) of the SD formulation and observe -

that the right hand sides ef (4.14) and (4.15) are in fact equal. As aresult we can write

n : n 7_ ‘ A
3 gyt (0 Dza = Y gl i=2em (4.23)

=2, j=2.4#
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Then by adding this set of inequalities for S C V = {1,...,n} we obtain

Yoot -1) Y ma= > w+lS] (4.24)
ieS\{1} : ieS\{1} iese\{1} -
jese\{1} jes\{1} .

where S°¢ =_ V\S. On the other hand the aggregation of conétraints (4.16) over S gives

(n—2) Z Tij 2 Z Yij - (4.25)
ieS\{1} ieS\{1} - '
jese\{1} jese\{1}

and_

ieSe\{1}  ieSe\{1}
jes\{1} jes\{1}

Hence equality (4.24) and inequalities (4.25) and (4.26) imply

n=2) > zi+m=1) Y za2 > m+iSl, (4.27)
ies\{1} - ieS\{1} iese\{1} -
jesa\{ly : . - 5e8\{1}

which results in

(n — 2)Degree(S\{1})+ n—1) Z ziq > (n—1) Z zi; + S| (4.28)
ieS\{1} ies\{1} ' ’
: jes\{1}

after addmg (n - 2)21656\{1}@, to both sides of (4. 27) Here Degree(S\{l})

jes\{1}
Yic s\ Lis T+ Zzesc\{l}mm namely the number .of ‘arcs havmg exactly one endpoint

jese\{1} jes\{1} .
(head or tail but not both) in the subset S\ {1}. Inequahty (4.28) can be equivalently

rewritten as

(n - 2)Deg7'ee(5'\{1}) +(n—1) Z zij > (n— 1)Degree(S\ {1}) +|5| (4.29)

ieS\{1}
jese



after adding (n — 1)Zies\{1}mij to its right and left hand sides from which
jese\{1} :

(n—1) Z Tij > Degree(S\‘{l}) + |5

ieS\{1}
jese

follows. Since

Zﬂ?ij + Za:ij = |S|

ijes i€S
jese

for all subsets S of the set of vertices V, we can write
Z Tij + Z Ty < |S] SCV,

ijes\1} - ies\(1}
jese

or equiw}alently
Z iIIijS»‘Sl— Zmij, SQV

i,jeS\{1} i€S\{1}
| jESE

Now, by using (4.33) we can rewrite (4.30) as

i,jeS\{1}

(n—1) (m— Dy ) > Degree(S\ {1}) + 1|

‘which implies weak clique inequalities

<

S ) | . ) N .
1= > ey scianh2<isisn-t

ij€s

72

-~ (4.30)

(4.31)

(4.32)

- (439)

: (4.34)

(4.35)

since Degree(S\ {1}) is nonnegative. A direct consequence of this discussion is that -

the projection of a polyhedron which includes P(SD) is included in TP(GG) and con-

sequently TP(SD) is in TP(GG); the SD formulation is at least as strong as GG
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formulation. In addition it is always possible to find an ATSP instance for which the
LP bound of the SD formulation; is strictly larger than thé one producéd by the GG
formulation on the same instance. One such example is att48: the LP bound the GG
formulatlon gives is 8786.94 compared to 10070.3 for the SD formulation. Therefore
TP(SD) is a proper subset of TP(GG) and the SD formulation is stronger than the

GG formulation.

As for the relations between the DL and GG formulations, we can say they are
‘ 1ncomparable In order to see this it is enough to consider ATSP instances £t53 and
kroA124p The LP bounds obta.lned by solving the LP relaxations of the DL and
GG formulatlons are respectively 6045 04 and 6011.33 for £t53. However they become
34248 and 34976.7 for kroA124p.

4.2.7. Wong’s Formulation

Wong is the first to formulate the ATSP as a MCF model [37]. He uses additional
nonnegative variables to describe the flow of 2(ﬁ¥ 1) commodities between vertex 1 and
other vertices, namely commodities Y* =y, k=2,...,n and commodities Z* = zjk,

k=2,..,n. His O(na) subtour elimination constraints consist of the followings:

Zy”k Zyﬂk —0 k=2 mikk (4.36)
1;91 .1#3 A o - . ‘i . | .
Zzuk Zzﬁ’“ = , iLk=2,...,ni#k (4.37)
i;al z#J . | |

_Zym =1, Zym =1, Zym =0 j=2,..,m (4.38)
:;? #3 :;i | o

sz =1, sz =1, sz =0 j=2...m (@39
:;3 : 1#1 :;; ‘ | : A _ ‘
visk < Tijs Yigk > 0 | ij=1,...mk=2...,ni#] (4.40)

zijk < Tij, Zige 20 Lj=1,...,mk=2...,mi#] (441)
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Constraints (4.36) and (4.38) guarantee that one unit of commodity Y* travels from
vertex 1 to vertex k while one unit of commodity Z* travels from vertex k to vertex
1. Notice that, only the z;;’s are subject to integrality since z;x and Yijk variables
have integer values whenever the z;;'s are, because the flow matrix for commodities 1
and 7k is totally unimodular. In fact the variable z;; can bé interpreted as defining a
capacity on arc (%,7). Wong has shown that the LP bound of his formulation is equal to
the LP bbund of the DFJ formulation’s and thus both of them have the same strength.

One modification of the Wong’s MCF model (WONG) was proposed by Langevin
[52]). He replaced constraints (4.37), (4.39) and (4.41), by yiji + 2k < 245 for 4,7, k.
A similar modification is proposed by Loulou [53] but, he replaéed the consvtraints.
(4.37), (4.39) and (4.41), by yix + 2k = @5 for 1,7, k. Hence, Langevin’s formulation
(LANGEVIN) is a restriction of the WONG formulation, . and Loulou’s formulation
(LOULOU) is a restriction of both Langevin’s formulation and WONG formulation.

- 4.2.8. Claus’ Formulatidn

Different than thé WONG formulation, Claus’ more recent formulation (CLAUS)
uses (n — 1) commodities (54]. It can be obtained from the WONG.formulation by
eliminating half of the flow variables and related constraints. Claus defines nonnegative
flow variables z;;); to describe the amount of commodity k that flows from vertex 1 to

vertex k through arc (,5). The O(n®) subtour elimination constraints can be given as

follows:
j=1 j=1 : .
i#j i#j .

n n n . . _ N
Zzw =1, Zzij]. = 1,2% =0 j=2...,m (4.43)
=2 “i=1 i=1

i i ij
Zijke < Tij : v i,j=1,...,n;k=2,...,n;i7£j (4.44)

2 2 0 o ii=1,..mk=2...,mit] (445)
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Constraints (4.42) ensure that the flow is conserved at every vertex except vertex 1,

which is the home city, and vertex &, which is the sink of commodity k. Constramts
(4.43) ensure exactly 1 unit of outflow of commodity j from vertex 1 to any other vertex
1, exactly 1 unit of inﬁow‘of commodity j to vertex j, énd:zero flow of commodity j
out of vertex j, respectively. Constraints (4.44) Vand (4‘.45) imply that the value of flow
of commodity k¥ which can be sent from ciﬁy 1 to city k is fnonnegative and does not.
exceed 1. Conservation of flow constraints for vertex 1 are not considered because they
are redundant in the LP relaxation of the formulation. In this manner, flow variables

of SCF and MCF formulations become related: .

szk =¥ LJi=1...,mi#F4 (4.46)

There are two results on the strength of the CLAUS forrhulation. - The first one is
due to Langevin et al. [14]. They demonstrate that LP bounds of the WONG and
CLAUS formulations (37, 54] are equal, which means both formulations have equal
strengths. The second one is due to Padberg and Sung [15]. They obtain the projection
TP(CLAUS) of polyhedron P(CLAUS) described by constraints (4.2)—(4.4), (4.42)-
(4.45) into the sﬁbspace of z;; variables and show that it is equivalent to P (DFJ) As a
consequence, the CLAUS formulation is as strong as the DFJ and WONG formﬁlations, '

and its LP bound has the same value as theirs.

4.2.9. Gouveia and Pires’ Formulations

4.2.9.1. Generalizations Based on Miller, Tucker and Zemlin Formulation. In their first

work on extending the MTZ formulation, Gouveia and Pires show that the set of in-

“equalities

Lt —ug <1 G5k=2 m A Ak (4.47)
Ti5 — Vi SO ' 7'1.7‘:2)171) 27'47 ; (448) ,

zij+v; <1 h,j=2...,m i#] ' (4.49)
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eliminate subtours and together with constraints (4.2)—(4.5) they give a valid ATSP
formulation [40]. This first formulation of Gouveia and Pireé is referred as GP1 formu-
lation in the sequel. The GP1 formulation has O(n®) subtour elimination constraints
and becomes infeasible when the subtour elimination constraints for vertex 1 are also
included, as is also the case with the MTZ formulation and its extensions the DL and
gD formulations. Here v;; are the new additional variables. Inequalitieé (4.47) and
(4.48) imply vi; = 1 if vertex 7 is in the path from vertex 1 to vertex j, and inequalities
(4.49) state that arc (2, 9) is'_ in the optimal tour if and only if vertex j is not on the
path from vertex 1 to vertex i. Recall that ul of the MTZ formulation can be inter-
preted as the number of intermediate cities in the path from vertex 1 to. vertex i of
the optimal tour. However, in'this vefsion considered by Gouveia and Pires, u; goes
from 0 ton — 2, rather than from 1 to n — 1. This is different ‘than the form of the -
MT7Z formulation considered in the derivation of the DL and SD formulations. The
addition of such bounds on the additional variables does not change the LP bound of
the original MTZ formulation in which u; is unlrestrictedv. Here u; and v;; are related
by |

n

w= Y Uk P=2m | (4.50)
k=2k#i : :

Notice that it is possible to obtain subtour elimination constraints (4.8) by adding
constraints. (4.47) for k = 2,..., ™, k i, and k # j first, and constraints (4.48) and
(4.49) then, for the same pair (i,3), end finally using relation (4.50).

They élso show that the projection of the polyhedron P(GPl) into the subspace

of original :t;j variables, is the polyhedron
TP(GPl) = {z € R4 (4.2) — (4.4), and (4.10)} .

Observing that TP(GP1) is exactly the circuit polytope P(CP), which is a proper
subset of TP(MTZ), it is possible to say that the GP1 formulation is stronger than the

MT7Z formulation.
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Circuit inequalities (4.10) can be lifted to obtain new families of-.facet deﬁni.ng
~ inequalities for the ATSP polytope [40, 55]. Since the projection of the polyhedron
P(GP1) into the svubspace of z;; variables is the circuit polytope, one interesting ques-
tion is whether the projection into the subspace of z;; variables of any lifting of in-
- equalities (4..47)—(4.49‘) is a lifting of the circuit inequalities. Notice that the summing
up of constraints (4.48) and (4.49) for pairs (4, j) and (4, 4) for j 5 i results respectively
in the facet defining clique inequalities (4.7) for S = {4, 7}. In other words any lifting
of constraint (4.48) and/or (4.49) would have generéted an inequality which is stronger
than a facet—-defiriing inequality. Therefore (4.48) and/or (4.49) cannot be lifted. On
the other hand constraints (4. 47) can be lifted in two different ways [40]:

mji'*‘zij‘*'vki""vkjsl " L5hk=2,...,n1#£j#k - (4.51)
and
Thj+ T+ Tyt — v <1 45 k=2...,n;i#]#k (4.52)

New formulations, namely the GP2 and GP3 formulations, which are obtained by
replacing (4.47) first with (4 51), and then (4.52) respectively, are valid ATSP formu-
lations. For (4.51); 2j; + i < 11 is always true and vg; = 1 if and only if vk; = 1 when
zji+xi; =1 For (4.52); if z;; = 1 then zx; = 4 = 0 and vg = 1 if and only if vg; = 1.
If z;; = 0, then (4.52) can be obtained by adding (4. 48) for the pair (k, j) Wlth (4.49)
for the palr (4, k)

If we sum up constraints (4.51) for k = 2,...,n and i #£i#k for a given pair
: (z,7), adding the resulting aggregation to (4.48)- and (4.49) for the same pair (4, 7), and
using relation (4.50), then inequalities (4.12) can be obtained [40]. It should be noted
that'(4'.12) can not be lifted further since for any other'variable Ty, there is a tight

solution to the inequality if zx = 0 or zi = 1.

Tt is also possible to project the LP relaxations of the GP2 and GP3 formulations,
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namely the pélyhedmﬁs

P(GP2) = {z e R : (4.2) — (4.4), (4.48), (4 49), (4.51)}
and

P(GP3) = {z e R : (4.2).— (4.4) (4.48), (4.49), (4. 52)}

into the subspace of original z;; variables. Goux}eia and Pires [40] have shown that

these sets are

TP(GP2) = {z e RM: ( — (44), Z Tt Y, T <|c)-1
(i5)eC (iy)ec
v i#k,j#k
k € Vg, for all circuits D¢ = (Vo,C), Ve €1{2,...,n}, |C| > 2} (4.53)
and
TP(GP3) = {z ¢ RM: (42) - Z 5+ Y @iy + 78) < [C]
(i,5)eC keVe ;

- pé Vg, p# 1 for all circuits Do = (Vo,C), Vo & {2,...,n}, |C| > 2}. (4.54)

" Both TP(GP2) and TP(GP3) are proper subsets of the circuit polytope P(CP), which is
equivalent to TP(GP1). Hence, the GP2 and GP3 formulations are stronger than GP1 ‘
formulation and have larger LP bounds.- Unfortunately, they are dominated by the DFJ
formulation because P(DFJ) is a proper subset of both TP(GP2) and TP(GP3) [40].

In their fourth formulation, which we refer as the GP4 formulation, Gouveia
and Pires consider constraints (4.51) and (4.52) together with constraints (4.2)-(4.5),
(4.48) and (4.49). The P4 formulation is clearly stronger than the GP2 and GP3
formulations since it includes the constra,mts of both the GP2 and GP3 formulations.
However, a clear dominance relation between the GP4 and CLAUS formulations does

not exist. In fact it is possible to show that the GG and GP1 formulations are not
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comparable by finding a feasible (Z,7) vector of P(GP1) for which no 7 exists such
that (Z,7) vector is included in P(GG), and vice-versa [40].;

The DL formulation and the GP1 - GPJ formulations are incomparable. The
fact that (4.12) is one of the subtour elimination constraints of the DL formulation, and
its derivation from constraints (4.48), (4.49), (4.51) and linear transformation (4'.50) :
~ may convince one to claim that the GP1 formulation is stronger than the DL formula-
tion. Previous computational results support this claim, indeed [40,48]. Unfortunately,
this claim is not true and the DL formulation and the GP1 - GP4 formulations are
incomparable, in fact. We show this by nieané of two solution vectors one of which is
feasible for P(DL) but infeasible for P(GP1) - P(GP4), and the other which is feasible
for P(GP4) but infeasible for P(DL). '

Consider

z12 = 0.6, Z16 = 0.4,
- Tos =1, |

zq1 = 0.4, z36 =0.6,
Z49 =04, z43 =06,

Tss = 1,

1161 == 06, Tg3 — 04,

U9 = 14, Uz = 3.2, Ug = 34, Us = 24, U = 34,

and all other variables are equal to zero. This is a feasible solution of P(DL). To show

that no v;; can exist such that (z,v) is included in P(GP1) let us write inequalities
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(4.48) and (4.49) respectively for (z,5) = (5,4) and (3, j) = (4,5):

Tsa < Usg,
Tsa + Vg5 < 1,
Tas < Ugs,

Ty + Usa < 1.

Since z54 = 1 and z45 = 0, vg5 = 0 and vs4 = 1 follow. Now we consider (4.47) for

(i, 5, k) = (2,5,4):
Tos + Vag — Va5 S L

Using v4s = = 0, Zos = 1 we obtain vse < 0, which contradicts (4.48) for (4,7) = (4,2),
‘namely 40 < V42, since z40 = 0.4 ﬁ vgs < 0. Therefore no v;; value can exist for
these z;; values. Moreover, since P(GP2), P(GP3), and P(GP4) are proper subsets
of P(GP1) no v;; can exist for these z;; values so that (z,v) vector is in P(GP2),
P(GP3) and P(GP4) can exist. Hence, DL formulation is not stronger than GP1 -

GP4 formulations.

Now consider

z13 = 0.5, z15 = 0.9,
Doy = 0.5, Tas =0.5,
730 = 0.5, z35 = 0.5, '\
z4 = 0.5, 42 = 0.5,
F:c51 =0.5, x5 = 0.5,
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gz = 0.5, v9q =0.5, w5 = 0.5,.1
vy = 0.5, w34 =05, v3s=0.5,
vgo = 0.5, w43 =0.5, w45 =0.5,"
vsg = 0.5, vs3 =0.5, vsg =0.5,"

and all other variables are equal to zero. The cOrrespondixig (z,v) vector is included
in the polyhedron P(GP4). To show that no u; can exist for these x;; values so that
(:1: u) vector is in P(DL). Let us write inequalities (4. 13) fori=2,...,5:

4 — 2219 — Toz — Tog — Tos = Uz = 1 + 2T9; + T3z + Ta2 + Ts2,
4 — 2313 — Tyg — Tag — Tas.> Ug = 1 + 2%31 + Tog + T3 + Ts3,
, 4 — 21y — Tyg — Tyz — Tas > Us = 1+ 2T4y + Tog + Taa + Tsa,

4 — 2315 — Tsy — Tsz — Tsg = Us = 1 + 2751 + Tos + T35 + Tas.

They become

after replacing the above given z;; values. Then we write inequalities (4.12) for (,7) =

(2,4) and (5.9) = (4,2)

Ug — Uy + 424 + 2742 < 3,

» Uy — Uz + 440+ 2204 < 3.

Using x4 = 0.5 and z49 = 0.5 we have ug = Ug. Considering the lower bound of u4 and

the upper bound of u; we obtain 14 = us = 3. On the other hand inequalities (4 12)
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for (4,7) = (2,3) give
Up — Ug + 4293 + 2230 < 3.

For x93 = 0.5:, and zs2 = 0.5 we obtain ug < vus‘, which is a ‘contradictibn since 3 = ug
4 uz < 2. In addition, since P(GP4) is a proper subset. of P(GP1), P(GP2) and
P(GP3) this (z,v) vector is also included in them, and therefore not only the GP4 but |
also the GP1, GP2 and GP3 formulations arev not stronger ﬁhan DL formulation. This
ends the discussion on the incomparability of the GP1 — GP4 formulations with the

DL formulation.

‘The SD formulation and the GP1 - GP4 formulations are incomparable. Simi-
lar incomparability relations exist between the GP1 - GP4 and the SD formulations.

Consider first

13 = 0.5, T35 = 0.5,
Tog = 0.9, : Zos = 0.9,
Ty = 0.5, a5 = 0.5,
z4 = 0.5, 5 =05,

T51 — 05, T4 — 05,

Vog = 0.5, Vgy = 0.5,_ Vos =‘0.5, :
Usg = 0.5, V3q = 0.5, Vs — 0.5,
V42 = 05, Vag = 05, V4 = 05,

vsg = 0.5, vs3 = 0.5, vsq = 0.5,

and all other variables are equal to zero. This is a feasible solution of P(GP4). To

show that no u; can exist such that (z,u) is included in P(SD) let us write inequalities
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(4.18) for j = 2,3,4

1+(1—$12)+2{E21 < ug S4—2£L‘12—(1-—.’1}21)
14 (1~ z13) + 223 < ug <4 — 223 — (1 —231)

1+ (1 - 3714) +.2$41 S Uy S 4 — 2.’1714 - (1 — .'IJ41).

Then by using z12 = 0, Z13 = 0.5, 214 = 0, T35 = 0.5, T31 = 0, 31 = 0, 2y = 0.5 and

x5 = 0.5 we obtain .

On the other hand, when we write (4.17) for (4,5) = (3,2), (4, 7) = (2,3), (5,7) = (4,2)
and (i,) = (2,4),

ug + 323 — 4(1 — z32) < Yoz + Y32 <ug— (1 — z32)
g + 3732 — 4(1 — 93) S ys2+ Yoz Sup — (1= T23)
s + 3742 — 4(1 — Toa) < Yaz + Y2u S Uz — (1 — 204)

Ug + 3Zas — 4(1 — Ta) < You + Ya2 S Us — (1 — z42)
and set Tog = Tog = Taz = Tag = 0.5 we obtain

U3—0.5Sy23+y32SU3_—0;5
Uy — 0.5 < Yag + Yoz S U2 — 0.5
ug — 0.5 < Y42 + oy < Up — 0.5 :

g — 0.5 < You + Ya2 S Us — 0.5, :

which imply ye3 + ys2 + 0.5 = Uz = Uz and o4 + Ya2 + 0.5 = ug = Ua. Because

of the bounds for us and us, Usg = U2 = U3 = 2, which results in the contradiction
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3 < ug < 3.5. Hence for the given z;; values no u; can éxist such that (z,u) is in
'P(SD). Since P(GP4) is a subset of P(GP1) —~ P(GP3), this solution is also feasible for |
P(GP1) - P(GP3). Therefore the GP1 — GP4 formulations are not stronger than the

SD formulation.

To show that the SD f_ormulation is not stronger than the GP1 formulation,

consider

T4 = 025, 15 = 075,

Zog =1,
T3r =1,
Ty3 = 1, )
Tsy = 1,

T4 = 075, Tes — 025,

}3371 = 1,
Yos = 2.29,
Y31 = 5:
Yasz = 4)
ys2 = 1.25,

vea =3,  ves = 0.25,

up =225, uz =5, ug=4, us=125, ug=325 ur=6,

and all other variébles are equal to zero. It is included in P(SD). Then circuit inequal-
ities for the circuit {(5,2), (2, 6), (6,5)} yield the contradiction 2.25 £ 2. Consequently
since TP(GPl) is equivalent to the circuit polytope P(CP), and these z;; values are
not contained in P(CP) theéy can not be in TP(GP1) either. In other words there can
not exist v;; values so that the corresponding (z,v) vector is in P(GP1). On the other

hand, there can not exist either v;; values for these z;; values such that the correspond-
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ing (z,v) vector is in P(GP2) — P(GP4), since they are subsets of P(GP1). As a result,
the SD formulation is not stronger than the GP1 — GP4 formulations. Thefefore, the

GP1 - GP4 formulations and the SD formulation are incomparable.

4.2.9.2. Generalization Based on Claus’ Multi~Commodity Flow Formulation. In their
lapest work Gouveia and Pires consider an equivalent versidn of CLAUS formulation,
‘which consists of the assignment constraints (4.2), (4.3), integrality restrictions (4.5),

and the following subtour elimination constraints [41]:

Y amm Y aw=0 k=2 umidk  (455)
=15 =1, ' -
> =1 j=2,...,n | -~ (4.56)
=1 '
ZkijSII_Iij i,j=1,...,n;.k=2,...,n;i;éj (4.57) ‘

Zij =0 Cdi=1,...,m k=2, i#] (4.58)

Although both O(n®)-formulations are equivalent and give; the same LP bound, the
order of indexing of commodity flow variables is different. They use zy;; instead of zijk,
which only affects their interpretation. ‘Namely, zii; = 1 indicates that arc (¢,7) is on

the path from vertex k = 2,...,n to vertex 1.

Gouveia and Pires have shown that it is possible to obtain subtour eliminatidn
constraints (4.48), (4.49), and (4.52) of their GP3 formulation from constraints (4.57),
(4.58), and the following weaker version of (4.55) |

Z zkijzqui»'*.’zkki z,k,q=2,,n,k=2,,n,z#k,qaék (459)
j=1,j#i .

by using the linear transformation

szijﬁvki hk=2,...,n ~ (4.60)

j=1
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It is also interesting to observe that the left hand side of (4.60) counts the number of
outarcs of vertex 7 on the path from vertex k to vertex 1. Besides, vg; = 1 if k is on the

path from vertex 1 to vertex ¢ and vy; = 0 otherwise.

Inequélities (4.59) are weaker than inequalities (4.55) isince they are sétisﬁed by
any flow veétor satisfying (4.55); but the converse is not aiways true. At the end of
the derivation of constraints (4.52) from (4.57)—(4.59) and (4.60); Gouveia and Pires |
reach the conclusion that ﬁhey have generated the GP3 formulation from the weaker
constraints (4.59) suggesting that they may obtain stronger constraints if they add
additional terms to the right-hand side of (4.59) and/of consider at the same time

several constraints (4.59) such as

E 2kij 2 Zkgi t+ Zkmi + 2kki

=1 |
Cikmg=2,...mk=2...n gk m#Ak itk (461)
and
szmjzqum"l'zkkm I 'm)Q1k=2)-~n:n;m7ék;q7ék' (462)
Jj=1 :

A proper use of these two inequalities with the transformation (4.60), (4.2) and (4.57)

gives the two-path inequalities

Tim + Tmj -+ Tij + Tik + Thm + Tmk + Tkj + Vi — Vkj < 2

Cigkm=2...,m k#ijm. (463)

(4.63) can aléo be obtained from constraints (4.52) by summing those which represent
- tripieté (i,m, k) and (m,j, k) side by side and lifting z;; with a coefficient 1 in the
aggregated constrainﬁ gives.the two-path' inequality for (i,m, j, k) [41]. When same
arguments are applied to (4.55)(4.58) the two-path inequalities (4.63) are further

genefalized to (4.64), where the central vertex represented with the index m is replaced
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with clique S C V:

Vit Z (Tim + Tim) + Z (Tmj + Tmk) Z Tpq + Tip+ Ty + 255 < 1+|S] + ng
mes mes PgES

Bik=2. i Ak SCV/{Li k). (464)

Notice that for |S| = 0'and S| =1 We are respectively back to constraints (4.52) and
(4.63).

Constraints (4.64) can also be derived from the subtour eliminatidn constraints
of CLAUS formulation and thus they are valid subtour elimination constraints [41].
Consequently, GP5 formulation is obtained by replacing iﬁequalities (4.52) of the GP3
with inequalities (4.64) [41] ‘Then, ‘ |

P(GP5) = {(z,v) € R x R4 : (4.2) - (4.4), (4.48), (4.49), (4.64)}.

The derivation aggregates the following two weaker versions of constraints (4.55),

namely

E Zkij 2> E Zkmi + quz + Zkki

j=1 meS

i,kyg=2,...,m; 1,0 # k; SCV/{lqu} (4.65)

Z ZkaJ > Z (E Zknm + Zkgm -+ Zkkm)

. meS j=1 meS \neS

ka=2...,m a7k SCV/{Likg},  (466)

“and applies transformatlon (4.60). In short, P(CLAUS) is included in P(GP5), which
is, in its turn, properly included in P(GP3). It means CLAUS formulation is not
weaker than the GP5 formulation, which is stronger than the GP3 formulation. The

last statement follows from the fact that constraints (4.64) include _constr&ints (4.52)

as a speciéml case for |S| = 0.
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The addition of the two of inequalities (4.51), one for ﬁhe triplet (4, m, k) and the
~ other for the triplet (m, j, k) and the lifting of z;; and z; with coefficients 1 results in

Tim + Tmi + Tmj + Tjm + Tij + Tj; + Vi — Ukj <2

z,j,k,m=2,,n, k#’L:J:m (467)

It can be noticed that at most two of the z, variables can be équél to one. In addition
| the arcs corresponding to thgse two variables form a path with two arcs, and v;i =1
if and only if vk; = 1 because vertex k is not included in the path connecting vertices
i and j. The fact that x,, variables represent the arcs of the clique with S = {i,j,m}

suggest the generalization of constraints (4.67) for larger cliques [41]:

Y gtk — vy SIS -1 45k=2,...m,
P.gES
P#q

SC{2,...,n},|5| =2 k¢S;i,j€S  (468)

When the value of the summation is less thaﬁ I.S | — 1, constraints (4.68) are trivially
satisfied. If it is equal to |S| — 1 then the arcs associated with the variables which
are equal to 1 forrﬁ a path with |S| =1 arcs, and v =1 if and 'only if v = 1,
because although vertices ¢ and j are in S, vertex k is not. Hence inequalities (4.68)
are valid. Besides, inequalities (4.51) and (4. 67) are special cases obtained respectively
for |S| = 2 and |S| = 3. Then Gouveia and Pires propose the GP6 formulation by
replacing inequalities (4.51) of the GP2 formulatmn with inequalities (4. 68) [41] This

formulation clearly has 0(2”) constramts, and
P(GP6) = {(z,v) € R4 x RMI: (4.2) - (44), (448), (4.49), (468)}.

Consider now two of the constraints (4.68); one for a given subset S and indices ¢, j and
k, and the other for the same S but for indices 7, ¢ and k. Their addition gives clique
mequaht1es (4.7) for subset S. This shows that it is possible to obtain clique mequahtles

by properly aggregating constraints (4.68) and hence the projection TP(GP6) of the
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polyhedron P(GP6) into the space of z;; variables is a subset of the polyhedron 'P(DFJ ).
Then the GP6 formulation can not be weaker than the DFJ formulation. On the other
hand the aﬁthors conjecture that the converse of this statément is also true, namely
both formulations are in fact equivalent, and P(GP6) is an:extén'ded characterization
of P(DFJ). Observe that the polyhedron P(GP6) can not be obtained by trénsforming ,
the polyhedron P(CLAUS) into the subspace of (x;,vk:) variables under the linear
transformation (4.60). This is, first of all, because it includes a special subset of
constraints (4.68) (ie. for |S| = {4,5}) which are constraints (4.51) bélonging to
the GP2 formulation. ‘Moreover, the GP2 and GP3 formulations are shown to be

incomparable.

~ As we have seen, the constraint set of the last two formulations by .Goﬁveia’
and Pires [41] include the constraints of CLAUS formulation as a subset and they are
stronger as a result. The derivation of inequalities (4.52) from constraints (4.55), (4.57)
and (4.58) under linear transformation (4.60) shows that the same transformation
cannot be used to generate inequalities (4.51) from constraints (4.55), (4.57) and (4.58).
Therefore, inequalities (4.51) and linear transformation (4.60) are not redundant for
the polyhedron P(CLAUS) and their addition to constraints (4.2)—(4.5), and (4.55)—
(4.58) of CLAUS formulation results in the stronger GP7 formulation having O(n?)

constraints. In other wbrds

P(GPT) = {(x,v) e R4 x R, (4.2) — (4.4), (4.55) — (4.58), (4.51), (4.60)} .

Recall that Padberg and Sung have shown TP(CLAUS), the projection of the polyhe-
dron P(CLAUS) into the subspaice of z;; variables, is the polyhedron P(DFJ) [15]. As
a consequence TP(GP7), the projection of the polyhedron P(GPT) intovthe subspace
of z;; variables, a proper su’téset of the set described by the cli.que ihedualities (4.7),

and therefore TP(GPT) is a proper subset of TP(CLAUS) and P(DFJ).

In their earlier work Gouveia and Pires demonstrate that the_ GP4 and CLAUS
formulations are not comparable [40]. However, this is not the case for the GP7 formu-

lation; it includes the constraints of CLAUS formulation from which inequalities (4.52)
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can be derived by using linear transformation (4.60). It also includes cons;craints (4.51).
As a consequence the projection of P(GP7) into the subspace of (5, Ugi) variables is

a proper subset of P(GP4), which implies that the GP7 formulation is stronger than
the GP4 formulation. '

The addition of constraints (4.51) for given indices 7, i and k, to (4.64) for {¢,7,k}

and for a subset S result in the lifted circuit inequalities

Z (Tim + Tm) + Z (Timj + Tmke) + Z Tpq + Tik + Tj + 2235 + 55 < 2+ (5]
meS mes p,g€ES '

6,5, k=2,...,m 4, #k SCV,/{L4jk}, (4.69)

which are special cases of the facet defining FD inequalitieé infroduced by Balas and

Fischetti [56]. It is possible to derive constraints (4.64) from a weaker version of (4.55)-
| (4.57) using (4.60). VBesivdes, constraints (4.51) together with constraints (4.64) imply |
constraints (4.69) [41]. As a result, the GP7 formulation is a compact model which

subsumes the exponential sized set of simple FD inequalities.

Recall that constraints (4.51) can be obtained from constraints (4.68) for |S| =
{4,7}. Therefore it is possible to obtain a stronger formulation by adding constraints
(4.68) and transformation (4.60) to CLAUS formulation. This gives the GP8 formula-

tion, which is the eighth formulation due to Gouveja and Pires [41], where
 P(GPS) = {(z,v) € R x R : (4.2) — (4.4), (4.55) — (4.58), (4.68), (4.60)} .

The GPS8 formulation is stronger than both of their sixth and seventh formulations,
the GP6 and GP7 formulations. The GP5, GP6 and GP8 formulations have O(2")

subtour elimination constraints while this number is O(n®) for the GP7 formulation.
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4.2.10. Fox, Gavish and Graves’s Formulation

Consider the following one-machine n-jobs schevduling'. problem, which is known
as the time dependent TSP (TDTSP) in the literature. A set of n — 1 jobs, denoted
by 2, ...,n, are to be performed in a single machine and setup cost c;;; occurs when job
4 is processed in the t™ order immediately after job . The machine is in the initial
state which we denote by job 1. We assume that the machine will be in that state
after processing all o‘f the n — 1 jobs. The problem is to find the cheapest sequence of

performing all jobs.

The TDTSP is a generalization of the standard TSP where the cost of any given
arc depends on its position in the tour. The TDTSP has several real-world applications.
According to Pickard and Queyranne [57], the TDTSP is originally defined by Fox [58]

and is illustrated by several examples from the brewing industry.

There are three time-dependent fofmulatiqns proposed by Fox, Gavish and Graves
[59). The one we present below has four constraints and will be denoted as FGG4 in -

the sequel.

min3 S et - (4.70)

i=1 j=1 t=1 . |
s.t.ZZyiﬁzl i=1,...,m - (4.71)
Cj=1 =1 ; | :
_Zzyijt=1 | _ j=1..n o (472)
i=1 t=1 : .
ii%ﬁﬂ t=1,...,n (4.73)
i=1 j=1 ~
n n n-1 .

zn:Zt'y,-jt—ZZyﬁt=1 i:?,...,n (474)
j=1 t=1 j=1 t=1 :

yiie € {0,1} ‘ C Ggt=1,...,n (4.75)
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Variable y;;; is equal to 1 is vertex j is in the position number t.immediately after
vertex 4, 0 otherwise. Constraints (4.71) - (4.73) are the assignment constraints. (4.71)
and (4.72) ensure respectively that there exist exactly one leaving arc from vertex i
and there exist exactly one incoming arc to vertex ] (4.73) state that there must be
exactly one vertex in order t. Constraints (4.74) ensure that for each vertex 7 other
than vertex 1, the position number of arr arc leaving vertex 1 is exactly one more than
the position number of an arc entering that vertex. Fox, Gavish and Graves [59] have
noted that constraints (4.73) are not needed in showing the validity of the FGG4 and,
they may be dropped from the FGG4. We will call, the formulation consisting of
objective function (4.70) and, constrainﬁs (4.71), (4.72), (4.74) and (4’.75) as the PGG3
formulation. Gouveia and Vof [38] have shown that the FGG4 is stronger than the
FGG3 by presenting an example which is feasible for the LP-relaxation of the FGG3
but infeasible for the LP-relaxation of the FGG4 formulation. In other words, P(FGGLL)
is a proper subset of P(FGG3). |

Furthermore, they have also proposed a more compact version of FGG4 formu-

lation, which will be denoted as the FGG2 formulation, by using

SN wia =n | (4.76)

i=1 j=1 t=1

as an aggregation of constraints (4.71)-(4.73). For the validity of the FGG2 formulation,
Fox, Gavish and Graves [59] assume that yij1 = Yjin fOr 1=2,. 0.1, Y1ae = Ofort=2,...n

and 3y, = 0 for t=1,...,n-1.

Now, consider the following example which is feasible for the LP relaxation of

the FGG2 formulation but infeasible for the LP relexation of the FGG3 formulation

because of constraints (4.71)
yi =1, You=1, Youa =1/3, ys =1, Yz =2/3 (4.77)

Since the FGG2 formulation has aggregated assignment constraint (4.76) instead of
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(4.71) - (4.73) and therefore every solution feasible for the LP relaxation of the FGG3
formulation is also feasible for the LP relaxation of the FGG2 formulation, this partic-

ular example shows that P(FGG3) is a proper subset of P(FGG2).
4.2.11. Pickard and Queyranne’s Formulation

Pickard and Queyranne [57] have proposed the following three-indexed Time-

Dependent vTravelling Salesman Problem formulation:.

'. n n n e . ’. '
miny Y > ciieli N . (4m)

i=1 j=1 t=1
s.t. Zym =1 : c (4.79)
S =1 i=1,...,n (4.80)
j=1 t=1 '
n n ’ o
Zyjit=zyij’t+l z=2,,n,t=1,,n—1 (481)
j=1 j= o ‘
vie € {0,1} |  qqt=1,...,1 (4.82)

where y;;; = 1 when city j is visited after city ¢ in the ¢*" order. Constraint (4.79)
state that city 1 must be left exactly once in the first order. Constraints (4.80) are the

assignment constraints and constraints (4.81) denote the visit order of vertices.

Pickard and Queyranne ‘[57] have discussed the application of this three-indexed
formulation into the tardiness problem in ene-machine scheduling problem. The visit
order of the vertices for the TSP is now the processing order of the jobs in the machine.
In the scheduling problem, setup cost is associated with each of n jobs to be processed
Moreover, the setup cost of each job depends not only on the job that precedes it, but

also on its position (time) in the sequence.
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4.2.12. Fipke, Claus and Gunn’s Formulation

Finke et al. [60] have proposed the first two—commodity flow formulation. In their
formulation, the salegman leaves vertex 1 with n — 1 units be one type of corﬁmodity;
say commodity Y, and none of the ofhér type, say commodity Z. At each vertex, he
drops one unit of commodity Y and collects one unit of commobdi_ty Z. In other words
he travels at all times with a total of n — 1 units of commodities. Their formulation is

as follows:

‘ n n Yei + 2 _ : | .

mmZZcﬁ((#ﬁl | ' (4.83)
i=1 j=1 .

8.t. Zylj - Zyjl =(n-1) - (4.84)
j=2 =2
> ai—y zm=—(n-1) - (4.85)
j=2 =2 : ,

Xn:yij - Zyﬁ = -1 i=2, , n : : (4.86)
j=1 - '

=1
i i S ,

n n ) .

Zz,-j — ZZJ',; = -1 ‘ 1=2,...,M ‘ (487)
j=1 j=1 _
i#] i#] : '

n n ) :
Zyij+Zzij:n—l i=1,...,n ) (488)
i#] i#]
yij+zij € {O)n_l} . Z:J = l)'-')n; 27&.7 : (489)
yi; > 0,25 >0 | i,5=1,...,m i # . (4.90)

Constraints (4.84)- (4:87) conserve the flow for each commodity at every vertex. Con-

straints (4.88) ensure the existence of (n — 1) commodities outgoing from each vertex. -

Finélly, we close this chapter with Figure 4.1, which illustrates the relative
strength of the LP_rela,xations of the twenty two existing ATSP formulations which
we have briefly explaiﬁed so far. An arrow from A to B indicates that the LP relax-

ation of the B formuiation is tighter than the LP relaxation of the A formulation, which
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equivalently means the B formulation is stronger than the A formulation. Bidirectional

arrows represent the equivalénce of the A and B formulations. Dashed lines imply the

incomparability of the A and B formulations.

The relations between the FGG3 and FCG, the FGG3 and FGG4 and, ﬁhe FGG4

“and PQ are shown by Gouveia and Voss [38]. The relatioh between the FGG2 and
- DFJ formulations is shown by Padberg and Sung [15]. The equivalence of the DFJ and
WONG formulations and, the relations between the GG and DFJ and the MTZ and GG
are shown by Wong [37]. The relations between the FCG and GG, the LANGEVIN
an'd‘LOULOU, the LOULOU and DFJ , the WONG and CLAUS .fofmulations are
presented by Langevin et al. [14]. The relations between the GP1 and MTZ, the GP1
and GP2, the GP1 and GP3, the GP3 and GP2, the GP3 and GP4, the GP2 and GP4
formulations are shown by Gouveia and Pires [40]. Moreover, Gouveia and Pires have
shown the relations between the GP3 and GP5, the GP2 and GP6, the GP4 and GP7,
the GP6 and CLAUS, the GP5 and CLAUS, the CLAUS ahd GP7, the GP6 and GPS,
the GP7 and GP8 formulations [41]. The relations between the FGG2 and FGG?;, the
GG and SD, the GG and DL, the SD and GP1, the SD and GP4, the DL and GP1,

- and the DL and GP4 formulations are our contributions.

‘One relation which we have not shown rigorously is between the SD and DFJ
formulations (or CLAUS formulation equivalently). Clearly, the SD formulation is not
stronger than the DFJ formulation. However, they may be incomparable, which indeed

requires specific examples. Then Figure.él.l will become complete.'
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' 5. NEW EXTENDED ASYMMETRIC TRAVELLING
SALESMAN PROBLEM FORMULATIONS

~5.1. Balanced Unidirectional Cyclic Layout Problem and a New
- Formulation for the Asymmetric Travelling Salesman Problem

In this chapter we will propose a new ATSP formulation based on the formulation

~ of the BUCLP given by (2.15)~(2.21). Recall that binary decision variables are defined

- as

1 if workstation j immediately follows
Tij = workstation ¢ in an optimal sequence ,

0 otherwise

and d;; denote the distance between the workstations ¢ and j m the original formulation.

For the sake of clearness we will represent once more their formulation:

BUCLP: min) > fydy | (5.1)
i=1 j=1,jsi : : o |
n
s.t Z:L‘,-j—l i=1,...,n (5.2)
=1
inj=1 j=1,...,n (5.3)
=liAi A . |
dij +dji =1 o gi=1.miE (5.4)
dijZdik‘*‘dkj‘l‘xkj_l‘ 'i,j,k=1,?.*.,n;i7-’-j7ék : _(5-5)‘
’OSdij S i,j:—'l:‘--':n;i#j ' h | (‘5'6)
2 =0,1 =1 mi#j (57

In thls formulation constralnts (5.2) and (5.3) are exactly the assignment con-

| stramts (4.2) and (4. 3) and ensure that any workstation has exactly one predecessor



98

and one successor. Constramts (5.4) and (5.5) define the propertles of the distance

matrix. (5 5) guarantees also dij = di + dk, if j immediately follows k in the flow

direction.

The new ATSP formulation can then be obtained after replaéing 'objeetive func-
tion (5.1) with (4.1) and treating the workstations as cities the travelling salesman
has to visit. The decision variables z;; have the same rﬁeaning Besides, circular dis-
: tances d;; become the additional variables which makes nonnegatuflty restrictions (5. 6)
»redundant Notice that, constraints (5.4) and (5. 5) are the new subtour elimination
constraints and the ones for vertex 1 do not have to be considered as before. Con-
“sequently, we drop vertex 1 from the sets (5.4) and (5.5), and refer the new ones as

(5.4’) and (5.5'). In short, the new formulation, which will be referred as NEW1 in the
sequel, ha,s'objective (4.1) and constraints (5.2)-(5.7), (5.4) and (5.5").

5.1.1. The Validity of the New Formulation

Iﬁ Section 2.2.2 we heve stated important. properties of the ‘BUCLP formulation.
Tn this section we will use some of the theoretical results derived in Section 2.2.2.
Notice that, the ATSP’s complete digraph is exactly Afentakis’ traffic graph. The set
of workstations can be considered as the set of cities, and the set of directed arcs (i, j)
reﬂectlng the part flow from workstation ¢ to workstation -j, can now be regarded as
the arcs of the ATSP’s complete dlgraph The flow costs associated with each arc (4, j)
- of the traffic graph is now the/ distances ¢;; from city @ to city j.

_ - As a result, We will direetly use the consequences of Theorem 2.1 within the
context of the ATSP. There are two direct consquences of Theorem 2.1. The first one,
given as Corollary 2.1 'implies now that NEWl is a valid ATSP formulation. Corollary
2.2 points to an interesting ‘feature of the new formulation: It remains feasible even
vertex 1 is also included in the subtour ehmmatlon constraints. Namely, (5.4) and (5.5)
eliminate any subtour without causing any violation for any Hamiltonian circuit, which
_is not the case for many extended ATSP formulations such as the MTZ formulation

and its extensions the DL, SD and GP formulations. This is the second consequence.
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5.1.2. The Strength of the New Formulation

Now we have enough material for discussing rigorously-the strength of the NEW1
* formulation. Corollary 5.1, the subceeding discussion, and Proposition 5.1 are also
consequences of Theorem 2.1. Wé denote the feasible solution set of NEW1 formulation
and its projection into the subspace of z;; variables as P;(NEW1) and TP(NEW1)

respectively by using the notation we have introduced in Section 1.

Cdrollary 5.1 TP(NEW1) is a proper subset of TP(MTZ) for n > 3.

Proof. Let us add up side by side constraints (5.5") of the ’polyhedro’ny P(NEW1) as it

is done in the proof of Corollary 2.1. Then we obtain surrogate inequality

Yozg<ICl= Y dy (53

(i.)eC (i,§)eC
Z(i,j)ec di; = 1 as a consequence of _Theoremv 2.1 and (5.8) becomes equivaient to a
circuit inequality, which is tighter than its weaker version belonging to (4.11), since
(IC|=1) <|C| - ;I% Hence for ény z€ P(CP)Vf,here exisvts' d € R™ such that (z,d) €
P(NEW1), which means TP(NEW1) is a subset of P(CP). This completes the proof
since P(CP) has been shown to be a proper subset of TP(MTZ)[15). =~ =

As a conséquence of this corollary we can say that the NEW1 formulation has
tighter LP relaxation than the one of the MTZ formulation, and can give larger LP
bound. In addition, it is at least as strong as the GP1 formulation, Gouveia and Pires’
ﬁfst extension of the MTZ formulation explained in the previous section [40], since

TP(NEW1) is a subset of P(CP), which is shown to be equivalent to TP(GP1) [40];

~In fact the NEWl 'forrr;ulation is stronger than the GP1 formulation This can
be shown by finding a fea31ble solution Z of P(CP) for which no de R'E| can ex1st such
- that (Z,d) is a feasible solution in P(NEW1). This shows that TP(NEWl) is in fact
a proper subset of P(CP) and TP(GP1). Let us assume that n > 4, and consider T

represented in the support graph given in Figure 5.1. This corresponds to
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\ —_—
An 3) \\ 2n 2)

An 3
2(n 2) - \\ 2 2)

2(n 2)

2(n 3)
2n 2

Figure 5.1. Example showing that TP(NEW1) is a proper subset of P(CP) '

Ty =gy J=45-n—L

2(n—2) ‘
T2 = 3 Tj1 = Q(Tl_ﬁ j=4,5.,n—1
Z1n 2(,,2_2), Tjo = 2(—nl_—2) j=4,5.,n-1
T21 = 2(7"_2'5; B Tjj-1= gg—::—‘;‘; j= 4,5,'...,n‘
To; = -2(71_57 i=45.,n=1 Znz= Tf_—ﬁ; '
Z3p = TT?—T); - Tgp = 3((2—:23,

As it can be observed T satisfies the assignmént con_straints'.-»_The next step is to
check the fea;sibility of T with respect to circuit irieqlialities (4.7). Recall that subtour
elimination constraints for home city, namely city 1, aré_redundant and therefore dis-
regardéd in the previous work on the ATSP formulationé as well as in this one. In fact
the MTZ formulation and its extensions due to Gouveia and Pires [40,41], Desfochers
and Laporte [44], and Sherali and- Driscoll [48] become infeasible when the subtour

elimination constraints for city 1 are also considered. "I‘hisbis not true for the NEW1
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formulatiori. However, as we have already mentioned we have dropped inequalities for
vg’rtex 1 from the sets (5.4) and (5.5) and use (5.4’) and (5.5") instead. As a result we
check the feasibility of 7 for circuits over vertices {2,...,n}. All circuits with two arcs

have vertex sequence {2,i,2} i=4,...,n—1 and {3,n,3}. For the first group

1 1 1
2(n-2)  2(n—2) n-—2’

To; + Tig =

. which is not larger than |C| —1 =1 for n > 3. For the circuit {3,n,3} similar result

- can be obtained. Namely,

2 2(n-=38) _
2m—2)  2(n—2)-

Tap +Tnz =

The largest value of the summation’z(i e Tij With 3 < |C| < n—2, except the circuit

with the vertex sequence {n,n — 4,3,n} is

2 1 on—3) . u o 2lCI-
2(n —2) + 2(n —2) + (¢l = 2)2(n - 2)_ (Ic1-2) = 2(n—2)’

which is less than |C| — 1. In other words T with the support digraph of Figﬁre 5.1 is
included in TP(GP1). '

Let us consider inequalities (5.5) of the NEWI formulation for the circuit with

vertex sequence‘ {n, n—1,...,4,3,n} and the arc (n,3). They are

d2n2d23+d3n+-§53n'—1
d2n 1>d2n+dnn—1+mnn— "‘1‘

dz n—g > don-1+ dn—l n-2 + Tn-1n-2—1

dos > dog +dag+Ta3— 1

dyg > dan t+ dng3 4 Tps — L.
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When we add them up side by side we obtain

n — 1 2 (d3,n + dn,3) + (dn,n_l + “ e + d4,n) + (-m—s’n + —fn’n_i + «os + 54’3 + _m—n’3),
As a consequence of equalities (5.4’) ds,+ dn3 = 1. From Theorem 2.1, dn,n_l +...+

dyn = 1 follows. Then we obtain

2(n—-3) 2 1

Sn—2) " 2(n-2) =n-l+o—y

n—1>214+14+(n-2)

which is a contradiction. Hence for such Z no @ such thaﬁ (Z, d) is included in P(NEW1)
can exist. This clearly means that Z is not included in the projected polyhedron
TP(NEW1). However, it is in P(CP), which is equivalent to TP(GP1). Therefore
TP(NEWT1) is a proper subset of TP(GP1) and therefore the NEW1 formulation is
stronger th;':mn the GP1 formulation. .

Recall that Gouveia and Pires have strengthened their first extension of the MTZ |
formulation, namely the GP1 formulation, by replacing constraints (4.47) with (4.51) to
obtain the GP2 formulation with constraint sets (4.2)-(4.4), (4.48), (4.49) and (4.51).
They have also shown that the projection of the polyhedron P(GP2) into the subspace
of x;; variables is TP(GP2) given in Section 4.2.9. The following proposition shows
that the NEW1 formulation is at least as good as the GP2 formulation. |

Proposition 5.1 TP(NEW1) is a subset of TP(GP2)

Proof.  Consider a circuit Dg = (Vg,C). Then by adding the subtour elimination

chstraints
."L‘ij +dk1, +dij S dkj + 1:‘ (zaj) € CWlth i’j)k = 2) che alnﬂ’l’ %.7 7é k;’k ¢ VC
and

2+ doy + dj < dpi +1, (5,§) €C With i, j,p=2,...,mii #j #p; PE Vo,
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side by side and using circularity constraints
dlj"l-d],:l Z;é], ’L,j=2,,’n

we obtain inequalities as a consequence of Theorem 2.1

inj + Z :L'_yz < |C| -1, peVe, Vo C {27 e 7n}’ ‘ (5.9)
(i.g)eC (i,5)eC

they are demonstrated to be the inequalities describing the projection of the subtour
elimination constraints of the GP2 formulation into the subspace of z;; variables {40].

Therefore TP(NEW1) is a subset of TP(GP2). : : ‘ [

Moreovér7 as it can be observed from the computational results reported in Ta-
ble 5.5 of the néxt section, there are ATSP ihstances, such as ftv33, ftv35, ftv38,
ftva7, £tvs5, ftv64, £tv70, ££70 and ft53, for which the LP bound the NEW1
formulation gives, is strictly larger than the one the GPQ formulation does. When we
combine this fact with Proposition 5.1 we can see that TP(NEW1) is in fact a proper
subset of TP(GP2) and therefore the NEW1 formulation is stronger than the GP2

formulation.
5.2. Extensions of thé New Formulation and Their Strengths

- We start-by pointing out that constraints ‘(.5.5’) can not be liﬁ:ed in z;; variables.
Notice that by adding up side by side two of the inequalities (5.5’) which are given
respectively for arcs (k, ) and (j, k), namely . |

Cdiy > dig + dij Tk — 1 ) - (5.10)
and

die > dij + dji + Tjk — 1, (5.11)
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we Obtain dij + dik > dij + di + dkj + djk + Tkj -+ Tik — 2 or equivalently
Tkj -+ Tk S 1, : . (512)

since dij+d;r = 1 as a;result of circularity inequalities (5.4’):. The last inequality is the
facet defining clique inequality (4.7) for S = {4,;} [42]. If distance inequalities (5.5")

could be lifted then the same argument would have resulted in an inequality which is -

stronger than a facet defining inequality. Therefore constraints (5.5’) can not be lifted.

" Let us suppose that additional variablés d;; are restricted to be binary. Then if
vertex k immediately precedes vértex j in an opfimal tour, zx; = 1 and mjkvz 0, and
the setting of dij = dix = djx = 1 and dgj = 0 satisfy (5.10) and (5.11) as equalities.
These values do not contradict Lemma 2.1, and give a decent interpretation. By letting
d; indicate whether vertex k is on the path from vertex 1 to vertex j or not, one can
observe that if zx; = 1 then dj; = 1, z;5 = 0 and dy; = 0. Moreover, if z; = 1 then
dgk = 1 if and only if d;; = 1. In other words if vertex k immediately precedes vertex
7, then vertex j is on the path from vertex 1 to vertex i if and only if vertex k is on
the path from vertex 1 to vertex ¢. This interpretation shows that édditional variable
dy; used in our NEW1 formulation has the same meaning as the additional variable
v; used in Gouveia and Pires’ GP1 formulation [40]. Then constraints (5.5') ensure
the ordering of cities, and constraints (5.4’) state that either city i precedes city j or
- vice' versa. We obtain the first extension of the NEW1 formulation, which is referred

as the NEW?2 formulation in the sequel, by adding the inequalities
T —di <0 4,5=2,...,miF] | (5.13)

to the NEW1 formulation’s constraint set. In other words the NEW2 formulation
consists of (4.1)~(4.5), (5.4') and (5.5") and (5.13). Then

| P(NEWz) = {(=, d)’ c R4 x R4 (4.2) — (4.4), (5.4),(5.5), (5.13)} ..

Notice the similarity between inequalities (5.13), and inequalities (4.48) of the GP1
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formulation. Also, as it is shown below in Proposition 5.3; Inequalities (5.14) together
with subtour elimination constraints (5.4’) and (5.5) imply (4.51) with vx; = dy and
vkj = djk. The NEW1 formulation can be extended furthermore by adding the set

Do+ Tt Tyt d—dp <1 i£ AR g k=2...,n  (5.14)

_ to its constraint sets in order to obtain the NEW3 formulation (4.1)—(4.5), (5.4’) and
- (5.5’), and (5.14) with the LP relaxation has the feasible solution set .

| P(NEW3) = {(z,d) e RM x RMI; (4.2) — (4.4), (5.4'), (5.5, (5.14)} .

Observe that (5.14) becomes (4.52) for di; = v, and dy; = vji.. Yet another extension
is possible. The NEW4 formulation can be obtained just by adding both (5.13) and
(5.14) to the NEW1 formulation: The NEW4 formulation consists of (4.1)(4.5), (75.4’)
and (5.5’), (5.13) and (5.14). Consequently |

P(NEW4) = {(z,d) e R x R : (4. 2) - (4.4), (5.4, (5.5, (5. 13) (5.14)} .

Observe that each member of NEW formulation family has O(n®) constraints and

O(n?) variables.

The NEWl NEW?2, NEW3 and NEW4 formulations‘ can be 'ordered easily ac-
'cordmg to their strengths: The NEW?2 formulatlon is at least as strong as the NEWl
formulation by definition since it includes the constramts of the GP1 formulation and

" inequalities (5.13), in addition. Also the 'NEWS3 formulation is at least as good as-

. the NEW1 formulation, since it includes the constraints of the GP1 formulation and

inequalities (5.14) in addltlon Finally the NEW4 formulation is at least as good as the
NEW2 and NEW3 formulatlons since it mcludes the constraints of these two formu-
lations. Prev1ous1y, we have shown that the NEW1 formulation is stronger than both
the GP1 and GP?2 formulations. We continue this line of analysis also in this section

and compare the NEW?2, NEW3 and NEW4 formulations with the GP2, GP3 and GP4

formulations.
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Proposition 5.2 The NEW3 formulation is at least as strong as GP3 the formulation

Proof. Adding constraints (5.14) for (3,5) € C and p ¢ V¢ which is
Tij + Tip + Tpj + dip < djp+1 (515)

' Wif,h C being the arc set of a given circuit D¢ = (Vé, C) such that |C | >2and 1¢ Ve

we obtain .

Y T+ Z xk,,+:c,,k) < |C’| © (5.16)

(i.4)eC keVo
This set of inequalities together with constraints (4.2)-(4.4) descfibe TP(GP3), which is
the projection of P(GP3) into the subspace of x;; variables [40] Therefore, TP(NEW3)
is a subset of TP(GP3) | S om

" Moreover, as it can be observed from the computational results reported in Table
5.5 given in the next section, there are ATSP instances, such as ftv35, ftv38, ftv47,
ftvb5, ftvé4, ftv?O,' £t70, and £t53, for which LP bound the NEW3 formulation
has is strictly larger than the one of the GP3 formulation. This observation together -
with Proposition 5.2 implies that TP(NEW3) is in fact a proper subset of P(GP3) and
therefore NEW3 formﬁlation is stronger than the GP3 formulation.

A In order to demonstrate that NEW4 formula.tlon is stronger than the GP4 formu-
latlon we first show TP(NEW4), which is the projection of the polyhedron P(NEW4)
into the subspace of z;; variables, is a subset of TP(GP4), which is the projection of
the polyhedron P(GP4) into the subspace of z;; variables. = -~

Propbsition 5.3 TP(NEW4) is a subset of TP(GP4)
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Proof. Adding constraint

Tji +dpj +dji —1 < fiki
with

Tij —d;; <0

side by side results in vthe surrogate inequality

Tij + Tji +dig — 1 < dpi
' | Then
Tij + Tj + dik < dj + 1--

holds since' dy; = 1 — dix, and di; = 1 — djk:. The latter ine(iuality becomes equivalent

t0 Tij + Tji + Vg < Uk + 1 as a consequence of identity

dji = Vi, | - (5.17)

between the additional variables d;j and v;; of the NEW and GP formulation families.

Moreover, since dji = 1 — d;;, constraint z;; — dj; < 0 becomes
T +di; <1,
wh'}ch /is again equivalent to ;; + v < 1 becausg of idenﬁity (5.17).
Similar arguments also show the equivalence between Zij +Tik +Tr; + Vi < vgi+1
of the GP4 formulation and ;; + Tik + Tkj +dix < djr+1 of the NEW4. Last i-nequbality- .

can be considered as a lifted version of T + vk < uk; + 1 of GP1 formulation as a

consequence of (5.17). Therefore constraints of the GP4 formulation can be obtained
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from the constraints of the NEW4 formulation by using the transformétio'n (5.17). This

shows the NEW4 formulation is at least as strohg as GP4 formulation. ' u

| Notice that it isv4possible to say that the NEW4 formulation is as least as good
as the GP4 formulation as a consequence of this proposition. In addition, in order
to see that the _NEW4 formulation is even stronger than ﬁhe GP4 formulation, it is
enough to solve the LP relaxations of both formulations on one of the instances £tv35,
i ftv38, £tv55, £tv64, £Ltv70, ££70, and £t53, and observe that the LP bound NEW4
formulation gives is strictly larger than the one GP4 formulation does. Table 5.5 of

“the next section provides examples.

~ Although they give very good LP bounds none of the extensions bf the NEW1
formulation we have obtained so far is stfonger than DFJ formulation or one of its
multi-commodity flow equivalents, such as the CLAUS formulation. However; there is
a fifth member of the NEW formulation family, which we call the NEW5 formulation
with this property. Being inspired by the derivation of the seventh formulation of
GouVéia and Pires [41], namely the GP7 fotﬁuiation summarized in Section 2.6.2, we
add to the constraint set of the NEW2 formulation multi—commodijsy flow constfaihts

(4.55)-(4.58) and the affine transformation
szij'—_ % Lk=2,...,n _ o (5.18)

In other words the NEWS5 formulation consists of the constraint sets (4.1)-(4.5), (5.4")
, and (5.5%), (4.55)—~(4.58) and (5.18), and the feasible solution set of its LP relaxation is -

P(NEWs = {(z,d) € R'A' « R (4.2) - (4 4), (5.4, (5. 5') (5.18), (4_.55) — (4.58)}.

Tt is not very dlfﬁcult to see that the NEW5 formulation is not weaker than the GP7
formula’mon This follows from three observatlons First of all the GP7 formulation is
obtained from the GP2 formulation by adding the multi-commodity flow constraints

-(4.55)—(4.58). Then similarly the NEWS5 formulation is obtained from the NEW2
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formulation by adding the same multi-commodity flow constraints, Which means that
the NEWS5 formulation is not weaker than the NEW?2 formuiation. Finally, the NEWQ
formulation is stronger than the GP2 formulation as a éonséquence of Proposition 5.1.
At this step it is enough to provide a feasible (zij, vij, 2kij) véctor of P(GPT), for which
1o (dji, zki;) vector can exist such that (z;;, d;i, zkij) ié included in P(NEWS); Consider

the following solution for a 5-vertex instance

T3 =2/3, 15 =1/3,

To1 =2/3, 5 =1/3,

Taq =2/3, 35=1/3,

Ta1 = 1/3, T4o = 2/3, |
Tso=1/3, z53=1/3, z54=1/3.

Its feasibility for the GP7 formulation can be shown for the'following (vij, 2kij) values:

v = 1/3, wes =1/3,
v =2/3, vsa=2/3, vs=1/3,
vie =2/3, vas=1/3, vis=1/3,
vsa = 2/3, Uss=1/3, vsa=2/3,
Zm = 2/3, 295 =1/3, 241 =1/3, 2254 =1/3,
zam =2/3, 7334 =2/3, mp=1/3, ma=1/3, z= 1/3, _
zass = 1/3, zam = 2/3, 235 =1/3, 2441'=‘_— 1/3, 2440 =2/3, zs53=1/3,
Czsm = 2/3, zma = 1/3, zsa = 1/3, zsa2=1/3, 252 = 1/3,‘ zss3 = 1/3, 2554 = 1/3.

Consider MCF constraints (4.56)

2091 + 2093 + Zoa + 2205 =1
'z331 + 2332 + 2334 + 2335 = 1
Zaa1 + 2442 + 2443 + Zaas = 1

- zgs1 + Zss2 + 2853 + Zs5a = 1



and (4.57)

2091 < 2/3, 2203 <0, 2004 <0, 2225 <1/3,
2331 <0, 2330 <0, 2330 <2/3, 2335 < 1/3,
Z4a1 < 1/3, 2440 £2/3, 2443 <0, 245 <0,

zs51 <0, 2852 < 1/3, 2553 < 1/3,. 2555 <1/3,
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in order to see that these .Values are in fact infeasible for P(NEW5). These two sets all

together imply that

Zo1 = 2/3; z25 =1/3,
7334 = 2/3, 2335 = 1/3,

an=1/3, ze=2/3, .
2552 = 1/3, zssa = 1/3, Zssa =1/3.

Constraints (4.55) with these values and the transformation (5.18) become

d3a. = 2934 + 2235 = 2253

d42‘ =241 = 2234 +‘ Zo54

dsy = 2953 + 2254 = 1/3 + 235
do3 = 2521 + 2325 = 2342 + 2352
dys = 2341 + 2342 = 2/3 + Z350
ds3 = 2352 Z354 = Z325 + 1/3
doa = 2491 + 7225 = 2/3 + 2452
dss = 2435 = 2453

ds4 = z4s2 + 2453 = 2425 + 2435
dos = 2521 = Z5a2 + 1/3

dgs = 2534 = 1/3 |

dys = zsa1 + 2502 = Zs3a +1/3

(5.19)
(5.20)
(5.21)

(5.22)

(5.23)

(5.24) |
)

- (5.25
(5.26)

(5.27)

(5.28)

(5.20)
(5.30)

Now, since dss = 1/3 ﬁom (5.29) ds3 = 2 /3 directly follows by (5.4"), namely das+ds3 =
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1. From (5.24) we obtain, 2355 = 1/3. Moreover, 2352 < 1/3 and 2354 < 1/3 by (4.44)
| and zgs2+ 2354 = ds3 = 2/3 by (5.24) imply 235, = 1/3 and 2354 = 1/3. As a result
 dg3 = 1 by (5.23), therefore day = 0 and 2435 = 2453 = 0 by (5.26). Then, we have

zan = 1/3 and zag2 = 2/3 since 234 < 1/3, 2342 < 2/3 by (4.44) and 2341 +2342 = dag = 1

by (5.23). We know that z349 = 2/3 and 2352 = 1/3, hence'dss = 1 follows by~(5.22); _

Therefore, dss = 0 and 2934 = 2935 = 2953 = 0 by (5.19)i Hence, we end up with

dsg =1/3 and Zosa = 1/3 by (5.21). Consequently, ds2 =-z241 = 1/3 by (5.20) and

this gives d24 =2/3 by (5.4’) and considering (5.25) we obtain 2o = 0. Furthermore,
- since 2435 = 2453 = 0 by (5.26), 2405 = 0 by (5.27). As a direct result dss'= 0. On the
other hand, we have 2534 = 1/3 by (5.29) which implies dys = 2/3; but dsq = 0 from
| (6.27), and this cont’radiéts (5.4), since dsq +dgs = 2/3 # 1. Hence there existsv an
instance for which TP(NEW5) is a proper subset of TP(GP7). ‘Therefore, the NEW5

. formulation is stronger than the GP7 formulation.

We summarize our discussion on the relative strength of our five néw formulations,

vﬁth the diagram given in Figure 5.6. Again an arrow froin the' A formulation to the B
formulation indicates that the LP relaxation ‘of. the B formulation is tighter than the
LP relaxation of the A formulation, or equivalently the B formulation is stronger than
the A formulation. Also, bidirectional arrowé represent the equivalence of the A and B
 formulations. All of the formulations have O(n3) constraints and O(n?) variables with
some e)vcceptio.ns: CLAUS, the GP7 and NEWS formulations have O(n3) constraints
but O(n3) variables instead, and. the GP5, GP6 and GP8 formulations have O(2")

constraints and O(n®) variables.

Notice that there -aré two relations which have noﬂ been explained yet. We first
explain why P(NEWS)A isa p:bper subset of P(NEW4) and thus the NEW5 formulation
is stronger than NEW4 formulation. Recall that the NEW4 formulation consists of as-
sigﬁment constraints 7(4.2) and (4.3), subtour elimination constraints (5.4’) and (5.5"),

: (5.13) and (5.14), while the NEWS formulatibn is defined by assignment constraihts
(4.2) and (4.3), multi-commodity flow constraints (4.55 )—(4.58), subtourv elim‘inationl

constraints (5.4") and (5.5"), (5.13), and linear transformation (5.18). As we have men-

tioned in Section 2.6.2, Gouveia and Pires [41] have shown that it is possible to obtain
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Figure 5.2. Relative strength of NEW formulé,tion family

subtour elimination.constra.int‘s (4.52) from constraints (4.57), (4.58) and é weaker ver-
sion of (4.55) by using the linear transfdrma_tion (4.60). For the sake 6f ciarity, the
derivation of (5.14), from a weaker version of (4.55) and linear transformation (5.18) -
is explained below. This weaker version of (455) is |

n , : '
szjtzzkij'i‘.zkkj Z)J1k=27)n72#]#k
t=1 B .

It is eQuivalent to

n ' s '
djk-——zzkjtzzkij-i--’ﬂkj Ghk=2,...,niFjFk
t=1 ‘ .
. n . . . . n
Then by adding, Y. 2kt to both sides and using the relation > 2k + 2kij =
o t=1,t£j : : t=1,t#j ,

i 2kie = dix and considering (5.18) we obtain
t=1 . )

i |
S awtdpzdetog  LAE=2.miEiAk
t=1,tA] ‘



113

n n

Since Zi; > 2zki; by (4.57) and zpy, is not defined, we have ' xit-'z > Zka

) . Ct=1t#4,k t=1,t#7,k
Consequently, . : ’

Z xit+djk2dik+$kj LhE=2,... miF#j#k
t=1 65 | o

follows. On the other hand assignment constraints (4.2) imply 3. @y +x;+2u = 1

B . t=1,t#4,k
resulting in

L=z —zia+djp 2 din+ 35 3,5,k=2,...,mi# 5 #F,

which are constraints (5.14). Hence, the NEW5 formulation,\ includes constraints of -
the NEW4.formulation, subtour elimination constraints (4.42)-(4.44), and the linear
transformation (5.18). As a result, the NEW5 formulation is at least as strong as the

- NEW4 formulation. Now consider the following solution (7, d):

Tz =04, Tig= 0.6,

To3 = 0.2, Tag = 0.6, Tos=0.2,
Toy = 0.8, Tag =0.2, |
Ty - 0.2, T4 =0.4, Ty =04,
Toy = 0.6, Tsz = 0.4,

Tgy = 0.2, Tes = 0.8.

dos =04, dos = 0.4, dos=0.6, dag = 0.6,
dsp = 0.6, dag =06, das = 0-6, dss = ‘0-6,
dip = 0.6, dsg =04, dgs =06, ds=0.56,
dsy =04, dsz =04, dss =04, dsg=0.38,
dep = 0.4, dez =04, dsa =04, des= 0.2.

It is in P(NEW4). Observe that, these x;; values violate clique inequalities for the
set S ='{2,4,5,6}. In other words they are infeasible for P(DFJ). Howevér, it is
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' - Figure 5.3. A solution which is feasible for P(GP4) but infeasible for P(NEW3)

known that P(DFJ) and TP(CLAUS), the projection of P(CLAUS) into the subspace
of z;; variables, are equivalent [15]. Thus no Z can exist such that (Z,Z) vector is in
P(CLAUS). Since the constraint set of the NEW5 formﬁlation includes the constraint
set of CLAUS formulation, P(NEW5) isa subset of P(CLAUS) and no Z can exist such
that (Z,d, %) vector is in P(NEWS5). Therefore there exists.an instance for which the
projectioﬁ of P(NEWS5) into the subspace of (z;;,d;;) variables is a proper subset of
P(NEW4), and the NEW5 formulation is stronger than the NEW4 formulation.

5.3. Formulations Incomparable with the New Ones

It is known that not all of the ATSP formulations are 'cdmparablg. As for example,
Gouveia and Pires provide soiutioris one of which is feasible for P(GP2) but infeasible
for P(GP3), while the other is feasible for P(GP3) but infeasible for P(GP2) in its
turn [40]. Examples showing DL and SD formulation$ are iricomparable with the GP1
— GP4 formulations are provided in Chapter 4. Incomparabilities also exist between
the members of NEW formulation family_ and the others explaining why some of the

arrows are fnissing in Figuré 5.6. We report results on this issue in the fest_ of this

section.
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0.25

Figure 5.4. A solution which is feasible for P(NEW3) but infeasible for P(VGP4) :

5.3.1. Gouveia and Pires’ Fourth Formulation

Consider the solution represented with the support digraph of Figure 5.3, which
is a feasible solution in P(GP4). However, it is infeasible for NEW3, namely it is not

in P(NEW3). To see this add inequalities

To3 + Tag + Taa + doa < dag + 1 (5.31) .
To3 +dao+dos < diz+1 -
T3z + T35 + Ts2 + dgs < das + 1 '

. $32+d53+d32§_d52+1 :

side by side and use relations dag +dys =1, dos +ds2 = 1, d24 +dgg =1, dog+dz2 =1,
" dss + d3s = 1 to obtain the surrogate inequality '

Tog + Tog + Tag + Toz + T3z + T35 + Ts52 + z32 < 3.

It is violated by the solution of Figure 5.3 since the left hand side of the above inequality
adds up to 3.5, which implies that, in fact, this solution violates inequalities (5.31)

bnelonging NEWS3 formulation for a complete digraph of five vertices.
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| On the other hand, the solution whose support digraph given in Figure 5.4 is
feasible for P(NEWB) but infeasible for P(GP4): Adding the following inequalities,

which belong to the constraints of GP4 formulation,

$43+$45+$53+ﬁ543053+1 :

T3+ Tag+vs3 <usg+1

we obtain
Ta3+ Tas + Toz + Tag + Tag < 2. _

It is violated since its left hand side has ‘a value of 2.25. As a result, based on the
solutions whose support digraphs are given in Figure 5.3 and Figure 5.4 it is possible

to say that the NEW3 and GP4 formulations are incomparable.
5.3.2. Claus’ Formulation -

Althoﬁgh we 'ha\Are not been able to achieve an algebraic expression for the pro-
jection of the NEW1 formulation and its extensions into the subspace of z;; variables
we héve shown that the .NEW1 formulation is stronger than GP1 formulation. Since
P(GP1) is équivalent to P(CP). One may dare to claim that constraints of the three
extensions of the NEW1 formulation, ngmely the NEW2, NEW3 and NEW4 formu-
lations, correspond to some liftéd circuit inequalities after P(NEW?), P(NEW3) and
P(NEW4) are projected into the subspace of z;; variables. "This is the case with the
NEWS3 formulation: Its constraints imply one of the D4 inequalities, which are shown to

be facet defining for the ATSP polytope [42]. This can be seen by adding up constraints

T+ T+ Tu + d S dg + 1

Tik + Tip+ Tpp + dip S digp +1
Tik + dpi + dix < dpr + 1 |
%+M+%S@+I:
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Figure 5.5. Support graph of a Dy inequality for vertices'z', k,l,and p

side by side and using equalities dy; + dj, = 1, d,;k +dy; =1, d,-,; +dp=1,dy+d;=1
and do, + dy, = 1 to obtain | |

Tip + Tpk + Trt + Tpi + 2T, + 2285 <.3.

The last inequality is one of the Dy inequalities, which is illustrated with the supporting

digraph given in Figure 5.5.

In their early work Grb’tschel and Padberg have shown that Dy inequalities are
not donﬁnated.by clique inequaliti_es [42]. Therefore, the NEW3 formulation, and thus
its stronger version the NEW4 formulation are not weaker _than DFJ formulation (or
equivaleﬁt to CLAUS fofmulation). HoWever, there exiéts instances for which the LP
bound CLAUS formulation gives larger than thé ones the NEW3 and NEW4 formula-
tions do. In short, CLAUS formulation, aﬁd the NEW3 and NEW4 formulations are

- not comparable.
“ 5.3.3.’ Desrochers and Laporte’s,4and Sherali and Driscoll’s Formulations

" Similar to the GP1 — GP4 and DL formulations and the GP1 -~ GP4 and SD
formulétions, the NEW1 - NEW4 formulations and the DL and SD formulations are
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incomparable. We first start by showing that DL formulation is not».stronger than
the NEW1 formulation,. For this purpose consider the solution given in Section 4..2.9,
which is feasible for P(DL) but infeasible for P(GVPl). It is possible to see that it is
%180 infeasible for P(NEW1). Side by side addition"of inequalities (5.5') for (i,7, k) =
(2,5,6), (4,5,k) = (5,4,6), (3,7, k) = (4,2,6), and (i, j, k) =§(4,5,2) gi{zes |

14 dgs > dgp + das + T2
1+ dgs > des + dsa + T5a
1+ dg > des + daz + Ta2

1 -+ d25 Z d24 =+ d45 + T45.

By using (5.4) for (3, ]) (4,5) and (4, _7) (2,4) results in the contradiction 4 z
44 = zo5+Tsg +Tya +dyz +dog +dys + d54 Note that this solutlon is also infeasible for
P(NEW2) — P(NEW4) since P(NEW?2) — P(NEW4) are proper subsets of P(NEWl).
Therefore, the DL formulation is ﬁot stronger thantheNEWl - NEW4 formulations.

Now consider

z13 = 0.5, 15 = 0.5,
93 = 0.5, z9q = 0.5,
' :1:35 = 0.9, :v35.= 0.5,

241 = 0.5, x40 =0.5,

Ts1 = 05, Tsq = 05, .

dos = 0.5, dag = 0.5, das = 0.5,
dgy = 0.5, dsg = 0.5, das = 0.5,
diy = 0.5, dyg =05, dgs=0.5,
dsy = 0.5, ds3 = 0.5, dsq = 0.5,

and all other varla,bles are equal to zero. It is feasible for P(NEW4) but infeasible

for P(DL) Notlce that z;; values are the same as the solution given in Section 4.2.9.1
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which is feasible for P(GP4) but infeasible for P(DL). Therefore, the DL formulation
is not stronger than the NEW4 formulation. On the other hand, this solution is
also feasible for P(NEW1) — P(NEWS3) since P(NEWA4) is a proper subset of these
polyhedra. As a result, the NEW1 — NEW4 formulations -are not sfronger than DL
formulation. Therefore, the DL formulation and the NEWlZ— NEW4 f(‘)r'mul.ations are

not comparable.

To show that the NEW4 formulation is not stronger than the SD formulation

consider

- z13 = 0.5, x15 =10.5,
To3 = 0.5, 294 =0.5,"
ZT3p = 0.5, z35 = 0.5,

x4 =05, x40 =0.5,

z51 = 0.5, T4 = 0.5,

dys = 0.5, dyy =05, dgs = 0.5,
dip = 05, dyy =05, das=0.5,
dip = 0.5, dgz =05, das= 0.5,
dss = 0.5, ds3 = 0.5,  dss = 0.5,

and all other Variables are equal' to zero. _It is feasible for P(NEW4). Recall that these
given x;; values are the same as the solution given above which is feasible for P(GP4)
but infeasible for P(SD). Therefore we can pérform the same operations to show its
| infeasibility for P(SD). Since, P(NEW4) is a proper subset of P(NEW1) ~ P(NEW3),
this solution is also feasible for the polyhedra P(NEW1) — P(NEW3). Therefore, the
NEW1 — NEW4 formulations are not stronger than the SD formulation.

_ Finally évonsider the solution given above which is feasible for P(SD) but infeasi-
ble for P(GP1) and the circuit polytope P(CP). Since P(NEW1) includes the circuit
inequalities and P(NEW1) is a proper subset of P(GP1), this solution is also infeasible
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for P(NEW1). Moreover, this solution is also infeasible for P(NEW?2) - P(NEW4) since
we know that the polyhedra P(NEW2) — P(NEW4) are proper subsets of P(NEW1).
Hence, the SD formulation is not stronger than the NEWl — NEW4 formulations.
Therefore, we can conclude the NEW1 — NEW4 formulatlons and the SD formulation

are incomparable.

One more missing relation is between the GP8 and NEW5 formulations. However,
we believe that showing it does not have great importance from apphcatlon ‘point

of view since GP8 formulation has exponential subtour elimination constraints while

NEWS formulation having only O(n®). - -

As a final issﬁe, it may be interesting to question whether it is possible fQ_ combine
the efficiency of the MTZ formulation with the strength of the NEW formulation family.
One quick answer may be the aggregation of the distance inequalities (5.5) to obtain | '
some new relatives of the MTZ subtour evliminationl constraints, which may increase

the number of auxiliary variables.
- 5.4. New Aggregated Formulations
5.4.1. Aggregating the Assignment Constraints o

In this section we show that it is possible to obtain a more compact formulation

~ by replacing the 2n assignment constraints (5.2) and (5.3) by the equality

S S eg=n - (532)
i=lj=1,ij
obtained by aggregating the first n (or similarly the last n) of them. This new formula- .
tion will be denoted'aé NEWS. It consists of subtour elimination constraints (5.4) and
(5.5), nonnégativity constraints- (5.6), integrality constraints (5.7) and the equalities
(5.32). | |
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Recall that the ATSP digraph D = (V, A) is simply% a complete digraph over
vertex set V' = {1,...,n}. Now, consider inequalities (55) for é vertex 7 € V and k
of its inarcs (j,4) € A. Since this is a complete digraph the total number of inarcs are
V|- 1. Assﬁmewithput loss of génerality these k inarcs ére (1,9), (2,4), ..., (k,1),

and these k inequalities have the follovﬁng form:

doi > doy + dy; + T3 — 1

da; > d3g + dg; + T — 1

dgi > dy3 + dz; + 733 — 1

ki 2 rk-1 + Q15 + Te—1i — 1

dys > dug +dis + T — 1.

When we sum them up side by side we obtain

i=1 j=1

' k-1 k : ’ o |
0> (Zdi'Hi + du;) + Z.’Eﬁ — k. ' (5.33)

because of cancellations. The expression within the parenthesis is to 1 as a consequence

of Theorem 2.1 and inequality (5.33) reduces to

k-1 Z Zmﬁ.

. j=1

We not.e‘th'at, the last inequality caﬁ be driven for any k = 2,...,n — 1, which implies '
’ k o : _
IS i=1,...,mi#i (5.34)
j=1 _ : :

As a consequence of this discussion we can state the following lemma.

Lemma 5.1 For any vertex i € V, the subtour elimination constraints (5.4) and (5.5)

with the integrality restrictions (5.7) allow at most one of the variables z;; to be 1.
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In other words every city can be entered by the travelling salesman at most one
time. This result becomes stronger when leaving arcs conéidered instead of entering-
arcs. Let us apply similar argument to vertex i on any k of its leaving arcs; they can
be assumed to be (i,1), (3,2), ..., (i,k) without loss of generality. Then, by adding
the inequalities (5.5) side by side ' o - - ,

d21 2 d2i + dil 4z — 1
dﬁ2 2 d3i + di2 + Tip — 1

d43 2 d4i + di3' + zi3 — 1

dik-1 > dii + dig-1 + Zik—1 — 1

dig > dyi + dig + Tie — 1

and by using dj; -+ di,; =1, for j =1,...,k we obtain

k-1 k ' '
(de,- + dlk) >k+ Y m—k . (5.39)
i=1 v j=1 : :
The eXpression within the parenthesis is equal to 1 as a consequence of Theorem 2.1

and inequality (5.35) reduces to |

DY "Ee0 i=1,...,mi#7, (5.36)

j=1
which completes the proof of the next lemma.

Lemma 5.2 For any vertex i € V, the subtour elimination constraints (5.4) and (5.5)

with the integrality restrictions (5.7) allow at most one of the variables z;; to be 1.

Tn other words every -city must be left no more than one time by the travelling
salesman. We note that, this inequality is independent of the number of arcs. There

are two major implications of Lemma 5.1 and Lemma 5.2. First of all constraints (5.4)
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and (5.5) do not eliminate only subtours but also trees with vertices of more than 1
in- and outdegrees, when considered together with the integrality restrictions (5.7).
‘Namely only paths are allowed. These constraints can be seen stronger than any other
known subtour elimination constraints because of this property. However, it has an
1mportant drawback it is not possible to benefit from any kind of tree relaxations
in order to produce good lower bounds. The second 1mphcat10n is the redundancy
of the assignment constraints: Subtour elimination constraints (5.4) and-(5.5) allow
at most one entrance and one exit for each city when considered_with the integfality |
restrictions (5.7). However, dropping off the assignment constraints completely results
in the trivial optirnal solution where all variableé have zero value. Hence, we have to
force the formulation to have a Hamiltonian circuit in its solution, which can oe done

by considering equalities (5.32) with the constraints (5.4). —:(5.7), which yields
NEW6: n}nn DO it o | (5.37)
s.t. (5.32), (5.4)-(5.7) ‘-
as the new extenoed ATSP»formullat‘ion. It" has n(n - .1)2 +1 constraint‘s.

Theorem 5.1 Formulation (5.37) is a valid ATSP formulation.

Proof. Constramts (5.4) and (5. 5) do not only eliminate subtours, but also force every
city to have exactly one entrance and one exit with the aggregated equality (5 32) and

the integrality restrictions (5.7) as a consequence of Lemma 2.1 and Lemma 2.2. m
5.4.2. Aggregating the Subtour Elimination Constraints

"Consider any subset S of the vertices V with size |S] = 3. If we add constraints

(5. 5) for a given pair (k, ) over all 1 € S/{k,j} we obtain

}: di> Y det D dit }j 25— (191 - 2).

ieS/{kg} - i€S/{kd} 1‘ES/UW} ieS/{k,i}
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In addition when we add side by side 1 = dy; + djk‘ and 0 = di; — d;gj to the last

inequality we end up with

1+(181-2) > > dy+dp+ > digtd— Y dij — dij + dij + 3wy,

15/ {k.3} €S/ {kj} i€S/{k.j} _ ieS/{k.j}

which is equivalent to

1S|=12> ) de— Y dis+|S|dis+ (S| = 2zas.
ieS/{k} i€S/{j} o

The last inequality becomes
us, — us; + (IS| = 2)zx; + S| di < |S] — 1 (5.38)

for

’U,sp ’= Z 'dip.

i€S/{p}
Noticve that, for S =V we have

Uy, — Uy, + (n — 2)xk; + ndg; _<_h-— lfork,j=1,...,nsk#J, (5.39)

as the special form of (5.38). Summing up (5.38) for‘(k,lj) on a given circuit D¢ =
(Ve, C) with vertex set Vo € S and arc set C we obtain -

(51-2) 3 sy +18| Y dy < (SI-DlCl. (5.40)

(k,j)eC (k,j)€C

We can also consider reverse arcs (J, k) on the circuit vertices V¢ and write in-
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equalities

us, — us, + (15| - 2)a5s + 1] dye < 51— 1. (5.41)

They can be obtained as inequalities (5.38) by using the séme argument. Then, it is

possible to end up with

(191-2) 3" au+ls] 3 dw<(SI-Dlcl - (642 |

(k,j)eC (k.g)eC

by summing them up inequalities (5.41) on the circuit D¢ = (Vg, C). Since zx; = 1 and

-z, = 0 because of the assignment constraints (5.40) and (5.42) reduce respectively to

S(St=-2)lc1+18 D dij < (15| =110 | (5.43)
: (k.g)eC ' _
and
EY d,k |S|—1)|C| o (5.44)
(k.5)eC
from which
> dy < 9 | o (545).
e S| |
J)eC .
and |
C S )
Z i <110, o (5.46)
ISI
(k,j)eC - ‘

Meaﬁwhile the aggregation of the circularity constraints (5.4) on arcs (k,j) for the -

circuit D¢ results in

di+ 3 diy=10l. ~ (347)

 (kD)EC (kj)eC
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Notice that inequalities (5.45) and (5.46) imply

|C S
Z ko_l_ Z dJk— |S|I I || I ICIa
(kg)eC (k,j)eC !
which does not contradict (5.47).
Notice that
25 <djp G5=2...,mit] | (5.48)

* has been used to strengthen the NEWL. formulatlon When we add them up over ‘the

arcs of the same circuit D¢ = (V, C) we end up with

Z T < Z dijk)

(k.7)eC (kj)eC
implying
> dw 2 1C ' (5.49)
(k.j)eC

since zx; = 1 for all circuit arcs (k, j), which gives the contradiction |S| —1 > || when
considered together with inequality (5.46). A direct consequence of this discussion is
the following formulation having exactly 2n+ 2n(n—1)+(n—1)(n— 2) = 3n%—3n+2

" constraints and n(2n — 1) variables:

NEWT7:  min ZZ%-:L',-,- : A (5.50)
' i=1 j=1
J#i

s.t. (5.2) - (5.3), (5.39), (5.48).

Theorem 5.2 Formulation (5.50) is a valid ATSP formulation.
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Proof. Fol}ows immediately from the previous discussion. =

5.5. Computational Results

In this section we report results on the quality of the LP bounds obtained with
the NEW formulation family. Table 5.1 includes symmetric and asymmetric ATSP
instances used in the computations and their optimum objective values. They are
obtained from the TSPLIB [61] and used in similar earlier works as the test bed [40,
48]. Computational experiments are represented in two subsections. In the first one
- we report results obtained with formulations having O(n3) constraints. The second
subsection includes the ones obtained with formulations having O(n?) constraints: The
only except.ion is the NEWS formulation. It has O(n®) constraints; but we still consider
it as a compact formulation since it has single aggregated constraint instead of 2n
assignment constraints. There are two types of tables in both sections. Oﬁ the first

group we present relative deviations from the optimal tour lengths. They are calculated

100 x (-——@3)
v Z1p

where z!p is the length of an optimal tour and 27 p is the LP bound obtained by solving

according to the formula

the LP relaxation of the models.

The second type of tables include CPU times spent for computing corresponding
bounds with the barrier solver of Cplex ver. 7.0. Default‘ options are selected. We prefer
using barrier solver since the LP relaxations are quiet large and the use of interior point
methods can decrease the solution time remarkably. However, barrier demands larger
memory space which can cause problems for large linear programs as it is the case
with the LP relaxation of the NEW5 formulation. For that reason there is no entry
for ££53, ftv55, ftv6d, f£70 and ftv70 in Table 5. 3 and Table 5.5. For the same reason -
there is no entry for eil51, st70 ¢il76 and pr76 in Table 5.2 and Table 5.4. Therefore A
the average of the NEW5 columns are taken over existing values and underestlmates

the true average in Tables 5.2 — 5.4. It is probably possible to obtain better memory
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and CPU performances by tuning Cplex’s parameters carefully. No value is reported
with the GP5 — GP8 formulations since the CPU and memory resources they demand
~for computing the LP bounds are prohibitive. Our computations are realized on é Sun

Microsystems Blade - 1000 with a 750 MHz Ultrasparc III CPU and 2 GByte R,AM,
working within SOLARIS 8 environment. - |

Each subsection includes also; one figure for symmetric instances and one for
asymmetric instances. These are basically plots of average relative deviations Versus
average CPU times for each formulation. We believe they expose better the perfor-

mances of the considered formulations.
5.5.1. Experiments with O(n®) Constrained Formulations

As it can be observed bfrom Table 5.2 the CLAUS and NEWS formulations give the
best bounds. This is not surprising since NEWS5 formulation is theoretically stronger
than the CLAUS formulation which is theoretically as strong as the DFJ »fofmu'lat'ion
in its turn. Notice that the average of NEW5 .column is obtained by solving the LP |
relaxations of the first seven instances. We have not been able to solve the LP relax-
-ations of NEW5 formulation on larger instances because of memory ﬁmitations. The .
NEW3, NEW4, GP3 and GP4 formulations are the second bests; They give the same
.relative deviations although the NEW3 and NEW4 formulations have been theoreti-
cally shown to be stronger than the GP3 and GP4 formulaf;ions. The strength of thei
new formulations become clearer on asy'mmetric‘ instances; According to the values
reported in the first five rows of Table 5.3, the NEW5 formulation gives the best LP
bounds. This should not change even when the remaining instances are solved. The
second best is the CLAUS formulation. This time the NEW3 and NEW4 formulations

erform better than GP3 and GP4 formulations. We note agam that the average of
the NEW5 column is not directly comparable since it is obtalned with only seven of
the test instances. Despite this shortcoming, the NEW5 formulatlon gives better LP
bounds that the CLAUS formulation does. Therefore we would expect an avérage LP

bound lower than the one of the CLAUS formulation gives when all the instances are

solved using the NEWS5 formulation.
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Symmetric | Optimal Asymmetric |  Optimal
Instances | Tour Length || Instances | Tour Lengthr
grol 2707 - ftv33 1286
gr2d 1272 ftv35 1473
bayg29 1610 ftv38 . 1530
bays29 2020 ftvad 1613
attds8 © 10628 ftva7 1776
grds 5046 ft53 6905
hk48 11461 ftv55 1608
eil51 426 ftv64 . 1839
il76 538 ££70 38673
pr76 108159 fv70 | 1950
st70 675 kroA124p 136230

Table 5.4 and ‘Table 5.5 include CPU times spent for computing bounds. The
NEWS5 formulation is the slowest on both of the symmetric and asymmetric instances
in the average. This is expected since the number of cdnstraints it has is ‘almost twice
of any other model has. In short, regarding to bound-per-resource performance we can
say that the NEW formulation family gives good LP bounds in a reasonable amount
of time, which make them considerable for use in real life apphcatlons This can be
observed more clearly from Figure 5.6 and Figure 5.7. We rnust point out that better
LP bounds can be obtained much faster by solving the LP relaxatlon of the DFJ
formulatlon usmg constralnt generatlon [62]. This decreases the probability that one
of the models of the NEW and GP formulatlon families is used in the exact solution
of the ATSP. However, they become more attractive for problems where additional

variables also have costs and can not be removed. Gouveia and Pires provide examples

for such cases [40].
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Figure 5.6. The performance of O(n3) formulations on symmetric instances

Recall that we have disregarded subtour elimination constraints for vertex 1 upto
now while compéring the members of the NEW formulation family, even they do not
cause an infeasibility as it is the case with the MTZ formulation and its extensions
such as the DL, SD and GP formulatibns. The reason is to provide a platform for a
. fair comparison. The addition of these constraints increase their strengths.since the

related polyhedra become smaller.

Figure 5.6 and Figure 5.7 illustrate the performances of O(n®) constrained formu-
lations for symmetric and asymmetric instances. In both of the figures CLAUS formu-
lation appears to be the best since it has the lowest average CPU time requirement (the -
Highest speed) with the lowest average per cent relative deviation (the highest average
accuracy). Although the highest accuracy is obtained with NEWS, it has the highest
average CPU time requirement. For example, for symmetric instances the average per
cent deviation of the NEW5''is 0.363 and this value is 0.564 for the CLAUS. However,
the CPU time requirements of the NEW5 and CLAUS are respectively, 8765.4 and
1075.8. For asymmetric instances, the acéuracy gap between the NEW5 and CLAUS
becomes clearer. However, the CLAUS’ CPU time requirement is much less than the

" one of NEW5. Hence, NEW5 may not be preferable to the CLAUS in practice, unless
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Figure 57 The performance of O(n®) formulations on asymmetric instances

the accuracy becomes much more important than the efficiency. The GP1, GP2, NEW1
and NEW2 formuiations, and the GP2,GP4, NEW3 and NEW4 formulations are sep-
arately grouped close to each other in both of Figure 5.6 apd Figure 5.7. For both of
the figures, we can observe that the GP2, GP3, NEW3 and NEW4 formulations are
closer to the origin (0,0) than the GP1, GP2, NEW1 and NEW2 formulations. That '
is to say, the performance of the former group of formulations (the GP2, GP4, NEW3
and NEW4) is better than the latter group of formulatlons (the GP1, GP2, NEW1 and
NEW2) In both of the figures, GP1 and GP2 seem to be the worst formulations. They ,
have the worst accuracy with relatively higher CPU. time requirements comparing to
the ones of the NEW1 and NEW?2. Similarly, it is poSsiBle to observe that the NEW3
and NEW4 formulations are better than GP3 and GP4. In other words, comparing the
NEW formulation family with the GP formulétion family it is possible to say the per-
formance of the NEW fdrmulation family is better than the one of the GP formulation

family. This observation becomes clearer on asymmetric instances.
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5.5.2. Experiments with More Compact Formulations

Recall that all of the formulations considered on the experiments of this section

have O(n?) constraints, except the NEW6 formulation. It has O(n®) subtour elimina-

tion constraints.

Table 5.6 and Table 5.7 present relative per cent deviations respectively for sym-
metric and asymmgtric instances. Table 5.8 and Table 5.9 include CPU times spent
for computing these boﬁnds. We have used barrier précedure of Cplex ver. 7.0. In
all of the tables the first column include the instances. The second column is for the
MT?Z, the third column is for the DL, the fourth column is for the SD and, the fifth and ’
' sixth columns are for NEW6 and NEW? respectively. The average relative per cenﬁ_

deviations of the SD formulation are 3.41 for symmetric instances ahd 4.28 for asym-
metric instances. These are the lowest average per cent relative deviations of Table
5.6 and Table 5.7. On the other hand, the average CPU time requirements of the SD
formulation are 4.09 for symmetric instances and 5.66 for asymmetric instances. These
are the lowest average CPU time requirements considering Table 5.4, Table 5.5, Table
5.8 and Table 5.9. Therefore, among all the formulations considered in this chapter,
the SD has the highest efficiency. However, the accuracy of SD is not better than the
ones of the GP3, GP4, NEW3, NEW4, NEWS5, and CLAUS formulations, for symmet-
ric instances. Moreover, the accuracy of SD is not better thaﬁ any O(n3) constrained

formulations for asymmetric instances.

Figure 5.8 and Figure 5.9 illustrate the perforrhances of the more compact for-
" mulations. The performance of the SD formula.ﬁion is the best which means that the
SD formulation give the lowest average per cent relatlve deviation with the lowest av-
erage CPU time. On the other hand the performance of the NEW6 formulation is the
worst. This is not surpnsmg since NEW6 does not include assignment constraints.
The NEW?7 formulation is the second best. Its performance is very close to the one of
SD. Recall that, both of NEW7 and SD formulations have n? variables. Then comes
the DL and MTZ formulatlons The performance of the DL formulation is better than

the MT7Z formulation since it is-a lifted version of the MTZ formula’mon



Table 5.6. Relative per cent deviations for symmetric instances

Instances | MTZ | DL | SD | NEW6 | NEW7
gr2l 9.59 | 0.00 | 0.00 | 37.90 | 0.00
grd 16.19 | 3.73 | 3.20 | 30.90 | 3.73
bayg20 | 10.20 | 3.98 | 3.69 | 18.39 | 3.98
bays29 || 12.14 | 3.76 | 3.59 | 23.66 | 3.76
attd8 | 20.13 | 5.52 | 5.25 | 40.42 | 5.52
grd8 || 17.56 | 5.49 | 5.17 | 33.02 | 5.49
hk48 || 13.50 | 2.30 | 1.76 | 26.67 | 2.30
eils1 11.16 | 2.23 | 2.13 | 13.62 | -2.23
st70 |1 21.92|7.70 | 6.26 | 26.52 | 6.81
eil76 9.07 | 0.00 | 0.00 | 17.84 | 0.00
pr76 98.20 | 8.47 | 6.49 | 31.34 | 8.47.
AVERAGE || 1542 | 3.93 | 3.41 | 27.30 | 3.84

Table 5.7. Relative per cent deviations for asymmetric instances

Instances | MTZ | DL | SD | NEW6 | NEW7
ftv33 765 | 535 | 478 | 3344 | 535
fv35 | 6.12 | 4.04 | 3.90 | 3595 | 4.04
fv38 | 587 | 345 | 3.26 | 3454 | 3.48
ftvad 556 | 2.43 | 243 | 27.12 | 243
ftvaT 6.77 | 2.83 | 275 | 30.13 | 2.84
53 14.04 | 12.93 | 1139 | 5141 | 12.94
fv55 || 10.56 | 6.05 | 5.89 | 27.45 | 6.05
ftv64 6.32 | 4.24 | 400 | 30.83 | 4.24
w70 | 9.26 | 4.60 | 4.64 | 2821 | 4.69
f70 . -l 177 | 0.88 | 0.80 | 17.89 | 0.90

kroA124p || 6.13 | 3.46 | 3.23 | 13.96 | 346

AVERAGE | 7.28 | 4.58 | 4.28 | 30.08. | 4.58
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Table 5.8. CPU times (in seconds) with barrier option for symmeﬁric instances

MTZ

Instances DL | SD | NEW6 | NEW7
gr2l 045 | 053 | 2.08 | 143 | 0.35
grad 0.84 | 0.92 | 480 | 468 | 0.36
bayg29 | 2.10 | 2.67 | 0.61 | 12.86 | 0.78
bays29 198 | 212 | 057 | 975 | 0.84
att48 49.84 | 58.60 | 0.59 | 191.74 | 6.00
grds8 45.60 | 53.23 | 2.24 | 198.56 | 5.86
hk48 54.13 | 62.37 | 2.39 | 193.79 | 6.48
eil51 | 64.40 | 68.20 | 3.48 | 62.74 | 6.86
st70 || 410.50 | 392.90 | 8.76 | 832.84 | 7.66
eil76 667.05 | 753.86 | 10.03 366.60 | 14.57
pr76 924.04 | 757.62 | 9.42 | 1173.04 | 15.57

AVERAGE | 201.91 | 195.73 | 4.09 { 277.09 | 5.94
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Table 5.9. CPU times (in seconds) with barrier option for asymmetric instances

NEW6

Instances || MTZ DL-| SD NEW7
ftv33 534 | 6.39 | 1.15 | 2021 | 17.2
ftv35 6.13 | 8.64 | 1.08 | 2872 | 7.6
ftv38 10.79 | 17.20 | 1.59 | 42.20 | 15.0
ftva4 98.05 | 3602 | 1.79 | 133.29 | 29.7
ftv47 53.10 | 64.50 | 2.30 | 182.57 | 49.4
ft53 93.70 | 111.04 | 3.11 | 224.39 | 1.7
ftv55 133.72 | 143.50 | 4.47 | 380.87 | 1.8
frv6d | 246.38 | 334.07 | 5.63 884.65 | 2.8
ft70 411.50 | 590.80 | 6.54 | 1161.31| 3.5
fv70 |l 407.70 | 592.30 | 10.43 | 1448.31 | - 34
LroA124p || 139.64 | 7.54 |24.20| 9158 | 11.2

AVERAGE | 130.64 | 173.82 | 5.66 | 418.01 | 13.03
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Figure 5.8. The performance of more compact formulations on symmetric instances
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Figure 5.9. The performance of more compact formulations on asymmetric instances
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6: A NEW ENHANCEMENT OF CLARKE AND
WRIGHT’S SAVINGS HEURISTIC

6.1. Introduction

The CVRP is a difficult combinatorial optimization problem and known to be
NP_hard [10]. The largest problem which has been solved to optimality contains 50
customers [63]. As a result of the inadequacy of exact methods, heuristic's. are widely
used in practice. CVRP.heuristics can be classified as classical heuristics and meta-
heurist_;ics. Most of the works realized during the 30 - year;period starting from 1960

“are within the first family. Starting from 1990 the interest has been shifted towards
metaheuristics and mostly new members for this family héve been produced. Classi-
cai heuristics consist of three classes: Tour construction heuristics, tour improvement
‘heuristics. and two — phase methods. Tour construction heuristics gradually build a
feasible solution either by meréing existing routes using a saving criterion or asgigning :
vertices to vehicle routes using an insertion cost. However, tour improvemeht heuristics
attempt to iniprove-a feasible solution by means of edge and vertex exchanges within
or Bétween_vehicle routes. Two — phase'methods are the result of two approaches.
Methodé based on the first group combine customers into- feasible clusters first and
obtains a vehicle route for each cluster then. These are known as cluster - ﬁfst, route
— second heuristics. Heuristics based on the second approach construct first a travel-
ling salesman tour for all customers, Which‘ is then divided into separate parts to form-
vehicle routes with total customer demand not exceeding vehicle capacity D. They are
known as route — ﬁrst cluster — second methods. For complete studies on classical

 CVRP heuristics see for example the recent works by Laporte et al. [64] and Laporte
-and Semet [65].

Metaheuristics intensively use neighborhood search methods to explore solution
space without necessarily improving the objective function and sometimes allowing in-

fe351ble moves. Simulating Anneahng (SA) [66 68] and Tabu Search (TS) [69,70], are
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the most widely used metaheuristics to solve the CVRP. Both methods A.start with an
initial solution and move each step from the current solution to a new one selected
from its neighborhood, not necessarily improving the objécﬂive function. O‘ther meta-
heuristics include Genetic Algorithms (GA) [71,72], Ant Syétems (AS) [73,74] and
Neural N etworksA (NN) [75-77]. GA examines at each step a new set of possibly infea-
- sible solutions. The set of new solutions is the new population; it is derived from the
previous one by éombining its best member and discarding the worst. AS constructs
possibly more than one new solutions at each si;ep by using information collected on .
the previous solutions. NN are mainly adaptive learning processés that continuously |
update some Weight.s until an acceptable, 'namely feasible or “close” to feasible solution
~ is reached. The rule that governs the dynamics of the learning prdcess depends on
the implementation. Compared with TS, GA and AS no information on the previous
solution is collected. More detailé on the _application of metaheuristics on the CVRP
can be found in two recent surveys by Laporte et al. [64] and Gendreau, Laporte and

Potvin [78].

Classical heuristics are unsophisticated and perform a limited éxploration of the
search space compared with metaheuristics. However, they are simple, which makes
them easy to understand and easy to implemerit, and produce fairly good solutions very

‘fa,st. Some of them are flexible and can be extended easily to handle many variants
of the CVRP. The performance of the metaheuristics is usually 'much higher than the
ones of classical heuristics, but they require much more coniputational effort ﬁo have
their parameters finely tuned — up. The large set pf ’p‘arameters they havé, increase

their flexibility; but they also make them context dependent and difficult to extend to

other situations.

In their very recent work Cordeau et al. [79] introduce accuracy, speed7 simplicity
and ﬂezz'bz'lity. as what they ‘i)elieve the most important attributes of a good heuristic
and compaire well — kni)wn classical heuristics and best available metaheuristics ac-
cording to these four criteria. They report that none of the classical heuristics is as
Vaccurate and flexible as any one of the metaheuristics; but the CW heuristic is very fast -

- and simple to implement, which probably explains its popularity. As a consequence,
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how one can improve the accuracy of CW without harmmg its speed and simplicity

very much ‘becomes an interesting question. A quick intuitive answer could be the

consideration of additional information in its savings criterion.

All of the savings method proposed for the CVRP use only distance information:

However, the work by Vigo on the Asymmetric Capacitatéd Vehicle Rduting Prob-

lem (ACVRP) [80], and the works by Salhi and Nagy [81] and Wade and Salhi [82]
on the single and multi-depot CVRP with backhauling have shown that the use of

vehicle overloads, which is implicitly related to customer demands, in addition to dis-

tanc.es in the traditional insertion costs can improve the solution quality. Motivated - -

by their results we propose a new parallel savings heuristic which combines distances

and customer demands in its saving criterion.
6.2. Clarke and Wright’s Savings Heuristic and'Its Enhancements

Clarke and Wright’s heuristic is not only one of the earliest methods proposed for
the solutlon of the CVRP, but also probably the most widely used one in commercial
routing packages Initially every customer is visited by a:separate vehicle. This is
not clearly a feasible solution since a fleet of n vehicles (one vehicle per customer) is

required. Subsequently, routes are combined repeatedly by considering the saviné in

the routing cost, which is obtained by using one vehicle instead of two for the same set.

of customers. Then the savings obtained by merging routes (0, ..., 1, 0) and (0,7,...,0)

into the route (0, ..., %, 7, .., 0) is

| sij = . (coi + cio + Coj + cjo) — (cos + €35 — Cjo)

= cigtco—Gj

In short, at every iteration the feasible combmatlon of two routes that leads to
'tl.le largest saving in the routing cost is performed The heuristic stops when a feamble

merge of routes that leads to 2 saving is no longer possxble. The best feasible merge

version ié also known as the parallel version of CW. In the sequential version the first
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saving sk; or s; that can feasibly be used to extend the cﬁrrent réute"(O, i ...,7,0)
- by merging with another route containing arc or edge (k, 0) or containing arc or edge |
(0,1), is determined first. Then merge operation isvimplemented and repeated. with
the cvurrentA route. The procedure stops when no feasible merge is possible. In their
recent work on the CVRP heuristics Laporte and Semet [65] report that the parallel

version dominates the sequential version, based on their experiments on the symmetric

instances of Christofides et al. [83].

Saving defined as in formula (6.1) basically measures ﬁhe gain when tWo customefs
are visited by the same vehicle instead of being visited separately By two vehicles.
Savings become higher when the distance between customers ¢ and j is smaller relative
to t_heir distance to the depot. As a consequence the original CW tends to produce
good routes at the beginning. Gaskell [84] and Yellow [85] addressed this weakness in

their early works and proposed the fOlloWing parameterized: saving expression:
8ij = Cio + Coj — ACij. ' : -(6.2)

Here ), which can only take positive values, is called route shape parameter. It prevenfs :
the formation of circumferénced routes which tend to be created by the original CW.
As it increases,' greater emphasis is placed on the distance between customer ¢ and j
rather than their position relative to the depot. The search for the best route structure
realized by chénging A provides better heuristic solutions with an additional ‘_search

* effort for the best parameter value.

~ Another way to improve the performance of the CW algorithm is to extend the
parametric saving expression. (6.2) to consider more information about the spatial
.distributién of the customers. One approach can be the use of asymmetry between
customers 7 and j with respect to their distances to the depot. »This. was Paessens

motivation who introduced one new term and parameter to. saving expression (6.2) in

order to obtain the following one [86]:

8ij = Cio + Coj — /\c-ij + u |COi — Cjol- (63)
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‘This new enhancement of the CW can be run with different values of the pa-
rameters A and g to obtain different solutions. The result is a ponsidefable increase
in the solution quality, but also in the computational effort. However, Paessens also
proposes an efficient approach to compute maximum savings.[86]. Hence Paessens work

contributes to both the accuracy and the speed of the savings algorithms.

| Two other enhancements of the CW are due to Golden et al. [87) and Nelson et
al. [88]. They mainly contribute to its speed.' Computing the maximum saving value
is computationally the most expensive part qf the algorithm. Golden et al. consider
" Gaskell-Yellow savings criterion (6.2) and use a limited sort, instead of a full sort of
the savings, Which they implement by means of heap data. bstructure. Their work is
based on the idea of considering a subset of all possible savings in order tp decrease
: computing time and memory requirements of the algorithm. Nelson et al.’s basic idea
is quiet similar. However, they use more complex abstract data structures, such as .
hash funcfions implemented by using several smaller heaps:instead of one large heap,
in computing maximum éavings calculated according to CW’s original formula (6.1).
- Recalling the lével nowadays computer technology has been reached it is possible to

say that these enhancements may only be useful for very large instances.

The storage of the complete savings set allows the consideration of different selec-
tion strategies. One such example is Daskin’s work [89]. At each iteration the original
Cw myopically choosés the route pairs. That is why several researchers have tried to
mtroduce route shape pa.rameter into the savings formula. Teking into consideration
thls observation, Daskin has come up with the randomized saving approach He pro-
poses to run the standard CW but at the route merging step, the kth best saving is
selected from the top. of the saving list where k is a random variable between 1 and
the depth, which is set to a value at the begmmng The randomlzed algonthm is then

repeated for a number of times, which is another parameter fixed at the beginning with

the depth, and the best solution is recorded.
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6.3. New Enhancement

In this section we introduce a new enhancement of the original CW. While run-
ning the original CW and its enhancements, especially towards the end, the merge of
routes with equal or very close savings occur often. Then it may be more interestihg to
consider also customer demands while calculating savings. In fact, the VRP consists of

- two problems: The Multiple Travelling Salesman problem (m—TSP) and the Bin Pack-
ing Problem (BPP). Hence, a saving expression which sdmeho_w combines the solution
strategies proposed for them can increase the chance of obtaining higher improvements.
For this purpose we have adopted the well known- first fit decrease idea. of Martello and
Toth [90], which was originally used for the BPP: put first larger items. In short we
propose the following new savings criterion: | '

d; + d;

8ij = Cio + Coj — Acij + p]coi — ol + v — = (64)

Here d; is the demand of customer 4, d is the average demand used to normalize, c;;

is the dlstance between customers ) and 7, ¢io and co; are respectlvely distances between
customers 7 and j and the depot and v is the new parameter. Since it also includes

enhancements due to Gaskell [84], Yellow [85] and Paessens [86], saving expression (6.4)

is more general We consider demands normalized with the average demand d= Zd
i=1

~ because we prefer to include the relative importance of the customers according to their

demands on a vehicle’s capacity.

‘The situation given in Figure 6.1 111ustrates the effect of customer demands,

namely the third term of the new saving expression (6.4). There are eight customer

points located equldlstantly from each others on a circle whose center is the depot.
Namely, Ciit1 = Citli+2- fori=1,.

numbers in this figure present customer demands Assume also that the fleet consists

 of identical vehicles with capacity 100 units. Observe that when customer demands are

ignored, namely Paessens’ saving expression (6.3) is used, any two adjacent customer

.6, and coi = Coji+1 for i =1,...,7. The given
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,~
-~

Figure 6.1. Effect of customer demand in merging

points can be combined unless they violate capacity restriction. However, this is differ-
ent for the sitlation when demands are also considered: For any positive v, customer

innts with demands 20 and 80 will have priority in our example.

The new method is also a parallel heuristic and starts with n vehicles each vis-
iting one customer. Then gradually combines routes (0,4,...,0) and (0,...,4,0) into

(0,...,%,53,...,0) if the saving criterion (6.4) has the largest value between all possible

such route merges.

~ Another strategy for introducing demand information into the saving criterion

may be the consideration of the remaining vehicle capacities. Very briefly, one might

be interested in the saving expression

D—d)+(D—d;
--—Qo+coJ—AaJ+MICoz—cJol+7( ~ ])J (d )

(6.5)

Here the new parameter v weights the relative 1mportance given to customers with

smaller demands, which results in higher remaining capa01t1es
t, this time. As a result of extensive

In other words the

larger is 7, the smaller are the items put firs

computatlonal study we can say that its performance is not better than the one with the

saving criterion (6.4).

results here.

Hence we have preferred not to report the related computational
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R While proposing the new heuristic, our main goal is to increase the pérformance
of the original CW as much as we can with minimal sacrifice in its s’implicitf and speed.
As a result we have not included on purposely a sbphisticated tuning phase, during
which several edge/node interchanging strategies can be uséd in order to improve the
final solution obtained by the new savings method. Computational results reported in
‘the next section indicate that the new approach causes conéiderable improvements in

the aceuracy of the CW without decreasing its speed and simplicity. .
6.4. Computational Results

In order to demonstrate the improvement obtained by considering customer de-
mands we conducted experiments with the original CW,:its enhancements due to
Gaskell [84], Yellow (85] and Paessens [86], and the new heuristic with savings cri-
terion (6.4) on the same test bed. In our implementations we use Method 4 by Nelson
et al. (88], which is efficient and not very cdmplicated to implement. In this method
savings are stored in a heap represented as a n X (n+1)/2 dimensioﬁal array. They
also use an additional linear array of size n x (n + 1)/2 to link saving s;; to customer
pair (%, ]) and vice versa. At each step, the root of the heap, which contains the largest
saving value s;;, is removed from the heap and fhe routes passing through customers
i and j are merged. Savmg values which are associated to customers on these two
merged routes are also removed from the heap. Be31des if it is not possible to merge

the routes due to the capacity restrictions, then the correspondlng value is also re-

moved from the heap. Nelson et al. [88] propose four more methods to make CW more B

efficient. Method 1 - Method 3 are less efficient than Method 4. Method 5 is more
efficient, but unfortunately the used data structure requires certain maturity in com-
puter progfamming. At sum, Method 4 is very efficient and'simpler to programme. In
an earlier version of this work [91] we used a matrix to store the saving values. This is

the most simple data structure to implement and requlre only very basic programming

skills. In other words, we search the whole savings matrix starting from the very first.

cell and keep the best saving with the smallest indices 4 and j. Then, we try to merge

the routes which contain customers i and j. We join them if the total demand of these

two routes does not exceed vehicle ‘capacity. In the other case, when the capamty is
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exceeded, ‘the saving value s;; is set to 0. We also update the savings miatrix after the
merge operation is performed: The savings belonging to the pairs of customers who
ere on the new route are also set to 0. The algorithm terminates when there is no
more -positive sa.ving in the savings matri;t. However,-the search effort spent on the
determination of largest saving value was prohibitive; we ended up withFCPU times
approximately fifteen times larger than the ones reported here. All of our codes are

written in C** programming language.

In sophisticated implementetions of savings heuristics., a tour improvement step
is repeated after every merge operation to decrease the length of the new route. This is '
usually realized by using local improvement heuristics suggested originally for the TSP.
As for example Daskin uses Or-opt {32], which is then followed by 2-opt after every
merge and reports considerable impronement in the accuracy of his randomized savings
heuristic [89]. This is also Laporte and Semet’s motivation for using 3-opt with the best
improvement strategy after every merge in their reputed parallel CW 1mp1ementat10n
[65]. For only the verification of our codes we compare our implementation of the CW

Wlth theirs on the seven symmetric 1nsta.nces of Christofides et al. [83]; they are the

-ones Wlth capamty restrictions. The results are summarized in Table 6.1. The entries

of the first column are the instances. The letter C denotes that there is a restriction
on the vehicle capacity. Following diglts denote the number of customers the depot
is not counted Second column is adopted directly from Laporte et al.’s work [64].
Notice that we have two 1mplementat10ns The third and fourth columns include final
total route lengths computed by our plain and sophrsticated 1mplementat1ons Our
sophisticated implementation has also local improvement steps. Once two routes are

_ merged we first use Or—opt with strmgs of up to four vertices; sequences of four, three,

‘two and one consecutive vertices (customers) are relocated in the new route so that it

~ becomes shorter. The string whose relocation results in the best improvement (largest

decrease of all p0531b1e relocatlons) is relocated. Then 4-opt [31] is utilized on the

same route: Four edges are replaced with four others so that the length of the new

route decreases. We again do the interchange which results in the best improvement.

in i i t include any local improvement rocedure.
However, our plain implementation does no y P proce
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Table 6.1. Total routing costs obtained by different CW implementations

Instance | Laporte-Sernet | Altinel-Oncen (Plain) | Altinel-Oncan
C50 578.56 584.6 572.29
C75 . 888.04 - 907.3° 888.04

C100a 878.70 1035.0 880.62
C150 1128.24 11404 1128.24
C199 1386.84 - 1395.7 1370.11
C120 1048.53 1068.1 1046.5
C100b - 824.42 833.5 824.42

As it can be observed, our plain implementation finds larger values. This should
be expected since it does not include any local improvement step. However, our sophis-
ticated implementation results in equal or slightly lower values except 'instalnce C100a:
The value our implementationl computes'is slightly higher This is also expeeted since
we spend more effort on local improvement than Laporte and Semet do. In short

it seems we can rely on our CW implementation and use it for benchmarking. Wh1le
proposing the new heuristic, our main goal is to increase the performance of the original
CW as much as we ean with minimal sacrifice in its simplicity and speed. As a result we
prefer to use mainly our plain implemehte.tiorl in our compﬁl;ational experiments. We

also believe this exposes the contribution introduced by demand information better.

Our test bed does not only consist of the instances by Christofides et al. [83],

but also the ones by Christofides and Eilon [92] and Augerat et al. [93]. They can be "

downloaded from [94,95]. The results reported in Table 6.2 are obtained with local

improvement steps (Or—opt followed by 4-opt) by usmg the mentioned symmetric

and capacitated instances of Christofides et al.’s. However, the results reported in

- Table 6.3 are obtained without local 1mprovement steps The first column of the

bleau shows the mstances The second and third columns. are obtained by using our |

CW implementation. The fourth and sixth columns include values calculated by our

implementation of Gaskell—Yellow CW enhancement (CW1). The numbers in each cell

are respectively route-shape parameter ), the relative per cent deviations from the
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best known values and total CPU times; they are the best of the results of 20 runs
ceach of which is realized with a value of A between 0.1 and: 2. Initially A is set to 0.1
and incremented by 0.1 every time. The entries of the sixth column are t}re total of
CPU times in seconds of 20 runs. This format is repeated in columns 7 — 9 for our

implementation of Paessens’ enhancement (CW2) and in columns 10 - 12 for the new

heuristic (CW3) with (), 1) pairs and (), p, v) triplets respectively. In the last column

we present the best known values. The search effort becomes higher with the increase in

the number of parameters. For our Paessens implementation A changes within {0.1, 2] |

with an increment of 0.1, while p is taking values starting from O up to 2 with an
increment of 0.1. In other words, the numbers in columns 7 and 8 are the best and the
numbers in column 9 are the averages of 20 x 21 = 420 values. The search effort for
the new heuristic is ev'en.higher because of the third perameter v; it is assigned values
starting from O up to 2 with an increment of 0.1. As for A and , the search intervals

are kept the same, namely [0.1,2] for A and [0, 2] for p with an increment of 0.1. Hence

the number in columns 10 ~ 11 are respectlvely the best of 20 x 21 x 21 = 8820 values.

As for example for instance C50, it takes CW3 95.05 seconds (1.5 min.), to obtain a

relative per cent deviation of 3.46 and parameters (A, 1, v) = (0.6;1.5;0.4) as the best

of 8820 values. Note that same local improvement strategy is activated after every -

merge in all implementations. Namely, first Or-opt then 4-opt and best improvement -

are executed. For the same instance, namely C50, when the local improvement strategy

is not activated, it takes CW3 24.93 seconds (0.41 min.), to obtain a relative per cent :

deviation of 5.90 and parameters (), 1, v) = (1.4;0.9;0.3) as the best of 8820 values.

Tables 6. 4 6.11 are prepared with the same purpose for different instances. For

Table 6.4 and Table 6.5 the instances are chosen from Christofides and Eilon’s [92] test

bed, while the test bed from Augerat et al. [93] is being used for Tables 6.6 — 6.11.

Table 6.4, Table 6.6, Table 6.8 and Table 6.10 present results with local improvement

steps,namely first Or-opt, then 4-opt this time. However, Table 6.5, Table 6.7, Table
6.9 and Table 6.11 present results without Jocal improvement steps. At the first look
at the last rows of the tables we can say that local improvement steps have resulted in

slight improvements of the relative deviations with a considerable increase in the CPU

times.
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In all these tables last row includes column averages of relative per cent deviations
and total CPU seconds. Averaged rela,twe per cent dev1at10ns give clues about the
.1mprovement in the accuracy. For Augerat et al’s and Chrlstoﬁdes and Eilon’s test
set. we use the best known results reported at [94] in the calculations. The best known
results for Christofides et al.’s instances are obtained from the work of Rochat and

Taillard [70].

. The reported values of the parameters inform us implicitly about the contribution

of their corresponding term to the savings. As for example when A =1 CW1 becomes

CW. Similarly for A = 1, 4 = v = 0 CW3’s behavior is equivalent to CW'’s. Therefore,
whether the consideration of customer demand is a good idea or not can be determined
. how often v is different than zero. For 137 out of 174 values reported in column 11 of
* Table 6.2 and Table 6.11 (79 per cent of the reported best ‘values') v is different than

zero, which aleo pointe the contribution of CW3.
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7. NEW ENHANCEMENTS OF ESAU AND WILLIAMS’
SAVINGS HEURISTIC.

7.1. Infroduction

Many telecommumcatlon networks, such as time sharmg, on hne banking, reser-
vatlon or registration, require remote terminals to be connected to a central Processor. |
- Terminals have specified demands for information that must flow between the central
processor and them. Almost none of them use transmission lines continuously. They
transmit information intermittently, which result in very small transmission times. A
reasonable approach to increase the utilizetion' is to connect several terminals into one
transmission line, which gives the name multipoint. Each multlpomt transmission line
is in fact a tree spanning the vertices (terminals) sharing this line, and connected to
the central vertex (computer center) only by one edge (single hnk) Then the problem
becomes the deSIgn of minimal - cost mult1p01nt transm1ssmn l1nes subject to capamty

restrictions.

As we have mentioned before, the CMSTP is a difﬁcult combinatorial optimiza-
tion problem. It has been shown that even for the unit demand case it is NP-complete
when 2 < @ < n/2[12]. In fact, many variants of the MST problem belong to the same
class [96,97]. Largest problem instances solved to optlmahty have respectively at most
200 and 50 vertices for the homogenous and nonhomogeneous demand cases [98]. As a .
result of the inadequacy of exact methods, heuri‘étics are widely used in practice. The _
CMSTP heuristics can be classified as classical heuristics dndmetaheuristios. Most of
the early works realiZed during the 30 - year period starting from 1965 are within the _
first family. Starting from’ 1995. the interest has been shifted towards metaheuristics
and mostly new members for thls family have been 'produoed. Current best heuristics
for the CMSTP in term of the quality of the solutions produced belong to this family.
The recent work by Ainberg et al. provide an excellent éurvey on the exact algo-

rithms and heuristics upto 1996 [99]. More recent developments are due to Sharaiha et
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al. [100], Ahuja et ql. [101,102], Patterson et al. [103] and, Patterson and Pirkul (104].

Classical heuristics consist of two classes: Constructien heuristics and improve-
ment heuristics. Construction heuristics gradually build a fea31ble solutlon by merging
- existing subtrees They dlfferentlate in their starting solution and merging criteria.
The first group starts with a spanmng forest feasible with respect to capacity con-
straints and apply a greedy rule to select the subtrees to be merged. The feasibility
remalns 1nvar1ant and the number of connected components decreases throughout the:
iterations. - They stop when a feasible spanning tree is obtained. The second group
starts with a feasible trivial spanning tree, e.g. a star tree and improve this solu-
tion by mergmg multlpomt transmission lines accordlng to a saving criterion. This
- is repeated until no savings can be obtained anymore The third group starts with a
cheap but infeasible solution, e.g. a minimum spanning tree and improves it gradually
by decreasing the 1nfeasrb111ty and i mcreasmg the cost according to an insertion cost.
Improvement heuristics attempt to improve a feasible solution. The first group use
local edge exchange strategies to move from a spanning tree with lower infeasibility
but higher cost. However the second group iteratively apply one of the construction
heuristics with different initial conditions, namely by fercing some of the edges to be
- into or out of the final solution. Amberg et al. provide a detailed survey most of
the classwal heuristics with an emphams on their complexity in thelr Work where they

propose a new vertex exchange procedure [99].

Metaheuristics intensively use neighborheod sea,rch‘\method‘s to explore solution
space without necessarily improving the o_bjective‘funcﬁon and sometimes allowing
infeesible moves. Tabu Search (TS) [69,99-101] and Adap_tive Reasoning Technique
(ART) [103,‘105] are the most widely used metaheurist‘;ics to solve the CMSTP. Both
methods start with an initial solutlon and move each step from the current solution
to a new one selected from its nelghborhood not necessarily improving the obJec-
tive function. Other metaheuristics are Slmulated Anneahng (SA) [66,99, 106], Neu-
ral Networks (NN) [75,104, 106] and Greedy Randomized Adaptlve Search Procedure
(GRASP) [101,107,108]. Similar to TS, SA also starts with an initial solution and

move t0 a new one not necessarily improving the objective function, but no informa-
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tion on the previous solution is collected. NN are mainly adaptive learning processes -
that continuously update some weights until an acceptable, :namely a feasible or close
to feasible solution is reached. GRASPisa nelghborhood search algorithm that applies
a local improvement scheme many times Wlth different startmg feaSIble solutions each

of which is generated using some greedy randomized procedure.

Classical heuristics are unsophi_sticated and perform a limited exploration of the
search space compared with metaheuristics. However, they are simple, which makes
them easy to understand and easy to implement, and produce fairly good solutions
very fast. Some of them are flexible and can be extended easily to handle many
variants of the CMSTP. The performance of the metaheuristics is usually much higher
. than the ones of classical heuristics, but they require much more computatlonal effort
to have their parameters finely tuned — up ‘The large set: of parameters they have
increase their flexibility; but they also make them context dependent and difficult
to extend to other situaticns Moreover, they have exponential running time times
in the worst case [109, 110]. These probably explains why some of the classical and :
elementary heuristics, such as the EW heuristic (18], are very popular in practlce EwW
is extremely modest in its computational requirements and always ends up with a
feasible solution. Amberg et al. point the superiority of EW’s average performance in
comparison with other heuristics in the literature With similar computation time [99].
They also remarked that EW has a worst case runmng tlme of O(n?log n) where n is the
total number of nodes. Hence, it is embedded in many metaheuristics as a slave local
search procedure [99,101,103,104], and used as a benchmark by several researchers. As
a consequence, how one can improve the accuracy of EW without harming its speed
andA simplicity very much becomes an interestirig question. ‘It has been reported that
the major weakness of EW is in its greedy behavior: An edge that is cheap_early' in
the selection process may cause later edge selections resulting an expensive solution. A
.quick and intuitive remedy could be the consideration of additional information in its
savings criterion, which-can be introduced by means of additional parameters and/or
new terms concerning the capacity restriction. This is the main motivation of this
section; we propose new parallel savings heuristics which can control edge selections

- and combine distance and demand information in its saving criterion.
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7.2. Esau and Williams’ Savings Heuristic and Its Enhancements

The EW heuristic (18] is not only one of the earliest :methods proposed for the
solution of the CMSTP, but also probably the most widely used one in practice. Initially
every vertex is directly connected to the central vertex and there are as many subtrees
as the number of vertices. In other words, EW starts with a star tree. The star tree is a -
feasible topology, otherwise there is no feasible topology. Subsequently, EW attempts
to reduce the cost as much as poss1ble by modifying current solution without violating
capac1ty constraints. This is done by first identifying two Vertlces ¢ and j belonging
- to two different subtrees and yielding the largest saving so' that total demand of the
subtree of i and the subtree of j does not exceed @- Then the edge {0, 4} is replaced
with the edge {4, 7} resulting in the largest saving

si=(to)~(g+es) )

Here g; and g; are the lengths of the gates counecting réspectively the subtrees of
vertices ¢ and j to the central vertex. Fmally the savings are updated accordmg to the -

formula

S —9gi+g: forkeV\(V;UV;U{0}) and I € V;
Su=4 0 for k,l € Vj and k # I - (72)

Skl otherwise

since the vertices in the subtree including vertex J now have edge {0 i} as the new
gate, whose length is g;. ‘We have 1mplemented the parallel versmn of the algorithm
rather than the sequential version. In the parallel versmn of the algorlthm the list
of savings is tracked from the top in order to join the ﬁrst pair of subtrees Wlth the
largest saving, without violating the feasibility. Whereas in the sequentlal version, the
_subtrees are considered first. For each subtree in turn, the saving list is tracked from

the top in order to find the first feasible join with another subtree
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Although the feasibility of the final solution is guaranteed the accuracy of EW
is not always satisfactory. The low accuracy is mainly because of its greedy nature. At
each step, it rnyoplcally merges two subtrees and can be caught at a local optimal solu-
tion. Asan attempt to rem'edy this drawback, one can modify EW to take more control
over the merging operations. For that purpose, Karnaugh {111] and Kershenbaum et
al. [112] have proposed second order greedy algorithms (SdGA). A SOGA iteratively
applies a construction procedure, namely a first order greedy algorithm (FOGA), such
as EW, to different initial conditions forcing some of the edges into or out of the final
solution. In each iteration, all possible modifications according to a given rule are
tested. The best one is realized and the respective modifications are made permanent
for the remaining iterations. These methods can also be seen as the early nelghborhood

search algorithms for the CMSTP rather than enhancements of EW.

The earliest enhancement of EW appears as a special form of Kershenbaum and
Chou’s uniﬁed algorithm [113]. The authors propose a saving expression where g;,
vertex i's gate cost, is repiaced with a parameterized weight:in EW’s saving expression
(7.1). Another enhancement is due to Dai and-Fujino [114]. They mainly contribute to
the speed of EW. Computing the maximum saving value is .computationally the most
expensive part of EW. They employ component oriented saving computations instead .
the vertex — oriented one in order to increase the efﬁciency.' They also modify the
original heuristic to handle additional constraints on vertex order, degree and depth,
which can also be seen as a demonstratlon for the flexibility of EW. They organize and

mamtam savmgs in a heap.

A hmltatlon of EW is that a vertex say vertex j, is: always dlsconnected from
the root by deleting its gate while it may have been more advantageous to remove -
the edge with the highest cost on the path linking vertex j to the root. In their
" recent work Bruno and Laporte have modified the EW algorithm to imple_ment this
idea [115]. This enhancement is easy to implement and the resulting algorithm is only
. slightly slower than ‘the original method. chever, the accuracy has been significantly -

improved especially on instances with large capacity bounds, Q.
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The most recent attempt to enhance EW is due to Jothi and Raghavachari [109,
110]. They have modified the saving formula by taking into account the information

coming from the total demand of the vertices belonging to the subtree to be connected.
7.3. New Enhancements

Although the feasibility of the final solution is guaranteed the accuracy of EW
s not always satlsfactory The low accuracy is mainly. because of its greedy nature. At
- each step EW myopically merges two subtrees and can be caught at a .local optlmal
soluticn. Once two vertices are joined it is not possible to disconnect them later. That ,.
is why one must be careful in joining the subtrees in order to escape from local minima.
One remedy is to use EW as a local search procedure. As it can be remembered this
was the motivation behind the second order greedy approaches by Karnaugh [111] and
Kershenbaum et al. [112]. Another remedy can be the parametrization of the saving
expression (7.1) similar to what Gaskell [84] and Yellow [85] propose to enhance the
CW heuristic for the CVRP [17]. This results in the saving expression,

Sij=gi—axc; (7.3)

where « is the positive ¢ree shape parameter. Notice that as it increases, greater
emphasis is given to the_distance between vertices ¢ and j rather than their position
relative to the cerrtral vertex. The.searCh for the best network topology realized by
changmg a provides better near optimal solutlons wrth an additional search effort
for the best parameter value.” Notice that, although the parametrization of EW’s

saving expression (7.1) seems sumlar to. the one of Kershenbaum and Chou’s earlier
suggestien [118] it is in fact different. They parameterize EW’s saving expression by
" means of vertex 4’s gate cost g;. However, we consider the cost c;; of connecting vertices

1 and j.

Another way to improve the performance of EW is to extend the parametric
‘saving expression (7.3) to consider more information about the spatial distribution of

the terminal vertices. One approach can be the use of asymmetry between the vertices
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i and j with respect to the central vertex. A similar enhancement was previously
proposed by Paessens for CW [86]. Parallel to his attempt for the CVRP it is possible

to add one more term and parameter to savmg expressmn (7 3) in order to obtain the

following one

sy=gi—axci+fx|g—gl. (7.4)

This new enhancement of EW can be run with different values of the parameters
o and ,8 to obtain different solutions. The effect of parameters e and 0 are computa-
tionally studied in the following section. The result is a considerable increase in the

\

accuracy with a small additional computational cost.

Whﬂe r_unning the original EW and these two new enhaﬁcements, especially to-
wards the end, the merge of subtrees with eqﬁal or very close savings occur often:
Then it may be more interesting to consider also terminal demands while calculating

“savings. In general, CMSTP is a combination of two problems: Minimal Spannihg Tree
Problem (MSTP) and Bin Packing Problem (BPP). Hence, a saving expression which
somehow combines the solution strategies proposed for them can increase the chance
of obtaining higher improvéments.» For this purpose we adopt the well — known first
fit decrease idea of Martello and Toth [90] which was originally used for the BPP: put
first larger items into the bin. The inclusion of demand information provides addl-
tional control over the merge process. In short we propose the following new savmgs

criterion:

gj—axc,]—i-ﬁx|gz——gJ|+'y><(de+de)/d (7.5)
keV; keV;

Here d1 is the demand of terminal 4, d is the average demand used for normaliza-
tion, c;; is the distance between terminals ¢ and j, g; and g; are respectively the lengths

of gates connecting the subtrees (multipoint lines) of terminals i and j and the central
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vertex, and v is the new barameter. Since it also includes previous enhancements,

saving expression (7.5) is more general. We consider demands normalized with their
. ;

average d = %Zd,-, because we want to include the effect of the relative impact of
< , | s v

- terminal demands on the savings.

“The use of demand effect in the saving formula is also proposed by Jothi and
Raghavacharl in their very recent works [109,110]. They have proposed the use of the

following expression for the Esau-Williams heuristic

=g -e)x(Qa) (18
keV; Lo '
where § is a fixed parameter between 0 and 1. Notice that, (7.6) is different than the
one we proposed as the third term in (7.5). Jothi and Raghavachari use the demand
information prioritizing the subtrees with greater total demand to grow bigger and
bigger [109 110]. Dn‘ferent than their enhancement, we mclude into the saving formula. -
| the demand 1nformat10n coming from both of the subtrees to be connected. In fact, at
merging step, we give pr10r1ty to pairs of subtrees with greatest sum of their vertices

total demands.
7.4. Computational Results

In order to demonstrate the 1mprovement in the accuracy, we conducted exper-
iments with the original EW and the three new enhancements on the same test bed.
Although a heap can provide a more efficient data organiz_ation we use the most simple
data structure, name‘ly av matrix, to store the savings in our implementation. In other
words, we search the Whole savings matrix starting from the very first cell and keep

~the best saving with the smallest 1nd1ces i and J- Then, we try to merge the subtrees
including terminals % and J. We join them if the total demand of the1r subtrees does not
exceed capa01ty bound Q. In the other case, when the capa01ty is exceeded the | savmg
value s;; is set to 0. We also update the savings matrix after the merge operation is

performed: The savings belonging to the pairs of customers who are in the new subtree
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are also updated according to (7.2).

All of our codes are written in C++ programming langllage For only the verifica-
tion of our codes we compared our implementation of the EW with the 1mplementat10n
of Sharalha et al. [100] on seven sets of standard test problems tc40, £c80, te40, te80, -
cm50, ¢m100, and cm200. Each set has 15 instances, Wl’llCh makes 105 test problem at
sum. This is the test bed we use in our experiments. The sets which are identified
as tcX-Y QZ have the centra) vertex (root of the final tree) centrally located This is
what the letter ¢ means. The central vertex is eccentric for the sets teX-Y QZ as meant
by the letter e. X is the number of terminals, Y is an instance label and the Z of QZV
is the capamty bounds for the subtrees. As for the cmX——Y QZ instances, X, Y and Z
have precisely the same meaning, but the capacity bounds are significantly larger All
of them can be downloaded from Beasley’s Operational Research library [116]. There
can be more than one edge with the same largest saving prior to a merge operation.
Since it determines the two subtrees to be joined this selection has a direct influence
on the final solution. We implement two strategies for a demonstration: Last best (LB)
and First best (FB). Last best chooses the last one of edges with the highest saving -
encountered durmg the search in the current savings matri)r. However, first best does
. the opposite; the first edge with the highest saving determines the two subtrees to
be merged in this case. Our results are reported in the LB and FB columns of the
Table 7.1 and Table 7.2. “Instance” column includes the standard codes descrlblng the
fest problems. The columns with header SEW consist of the results due to Sharaiha,

et al. [100]. As it can be observed the type of the strategy can effect final solutions
although it is not possible to say one is superior than the other. However, we can say
.thaf our implementation gives slightly better results for almosf all problem instances.
The-overall averages of the final costs are respectively 884.26, 904.63, and 913.25 for
- LB, FB and SEW. Last best (LB) is a better strategy in the average. We prefer to use
'our EW 1mplementat1on with the first best (FB) saving select1on strategy for bench—'
marking since it gives an average cost closer to the one of SEW. One may suggest to
improve final results further by going through a local improvement phase after every
merge. This can be achieved by determining “locally” a MST spanning the vertices of

the new subtree. Similar local improvement phases increase the accuracy of the saving
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heuristics for the CVRP During our preliminary computatlonal tests we have observed

marginal i 1mprovement only for a very few instances and preferred not to report them

here in detail.

The results reported in Tables 73 -T. 9 are obtamed by using the mentioned 7
test sets. The first column shows the instances. The second and third columns are
obtained by using our implementation of the original EW. We run our implementation
with the ﬁrst best Savmg selection strategy The values are relative per cent devratlons
from the best known values and the CPU seconds spent for its calculatlon The fourth
and fifth columns include valyes calculated with our first enhancement (EW1). The
numbers in-each cell are respectively. tree — shape parameter a and' the total costs;
they are the best of the results of 19 runs each of which is realized with a value of
« between 0.1 and 2. Initially o is set to 0.1 and 1ncremented by 0.1 at every step |
The entries of the sixth column are the averages of 19 CPU times in seconds each of
which is obtained for one value of q. This format is repeated in columns 7 — 9 for
- the second enhancement (EW2) and in columns 10 — 12 for the third enhancement |
(EW3) with (o, 8) pairs and (o, B,) triplets respectively. Notice that, in the original
EW’s update equation (7 1), (@ =1.0,6 = 0.0 ,7 = 0.0) The best known values are
given in the last columns. They are reported by Ahuja et al. [101, 102] Patterson et } }
al. [103], Sharaiha et al. [100] and Amberg et al. [99]. The search effort becomes higher
with the increase in the number of parameters. For both enhancements a, B and -y are |
chosen in the intervals (0.1, 2), (0,2) and (0,2) respectlvely The increment is selected
0.1 for all parameters. In other Words we have solved EW2 20 x 21 = 420 times
and EW3, 20 x 21 x 21 = 8820 times and recorded the best of 420 and 8820 relative
per cent dev1at10ns and corresponding parameter values in ‘columns 7 and 8 for EW2
and columns 10 and 11 for EW3. The CPU times given in‘columns 9 and 12 are the
averages of 420 and 8820 for EW?2 and EW3 respectively. As an example for instance
cm50-3 Q200 it takes third enhancement EW3 1368 seconds (22 8 min.), Wthh makes
" 0.155 seconds in 1 the average, to obtain a total cost of 1208 as the best of 8820 values
dand corresponding parameters (o, 8,7) = (1 9,0.9,2.0). In all these tables last row
includes column averages for relative per cent dev1at10ns and average CPU seconds

Averaged total costs give clues about the improvement in the accuracy.
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We observe 9. 083, 6.464 and 5.841 per cent relative deviations as the average of
the whole test set (105 test instances) for our new heunstlcs EW1, EW2 and EW3
respectively. According to the results listed in Tables 5.3 — 9.9 the most important
parameters seem to be the tree shape parameter o, and ,8 They assume non zero
final values more frequently than v does. This fact can also be deduced from the three
average relative deviations. The one of EW2, Whlch has & and 3, is close to the one of
EW3, which has «, 8 and 77 as parameters. The capacity term in the savings expression
becomes more important (y has hlgher tendency to have non zero final values) for small
capacity bounds @, which is reasonable since this resource is scarce and there is not
many subtrees that can satisfy this bound. In the contrary, when @ is large, the
resource is not scarce and less care is given to capac1t1es in the savings CI‘lteI'IOIl which

result in a larger number of zero gl values.

Our ﬁnal remark 1s on the determmatlon of the 1ntervals for (e, ,3 ,Y) parameters.
This is a cru01al point which may greatly affects the accuracy of. EWl EW2 and
EWS3. It may not be possible to improve EW when the intervals are too tight. On
the other hand the required computational effort: becomes excessive when the intervals
are unnecessarily wide. In order to find a balance between the speed and the accuracy
we have conducted additional experiments with EW3 where (o, B,7) are respectively
chosen within [0.1, 3], [0, 3], [0, 3] and with increments 0.1. Wider intervals gave better
results than the ones obtained with (o, 8,7) in .[0.1, 2], [0,':2], [0,2] in only 26 of the
20010 ((31 x 30 x 30) - (21 x 20 x 20)) additional runs. Besides, in all these 26 cases
the values of 8 and y were within [0, 2] and o was within [2,3]. This suggests that
our choice of mterval [0,2] for B and vy is reasonable and the additional computational
effort spent for (a) in [2, 3] is not worthless. Therefore, we' believe that our choice of

(a, B,7) parameter intervals to be [0.1,2], [0,2], [0,2] is a good search strategy.

‘We have also experimented with the saving expression

sij = (g5 — o X cij + 0 x l9: — g;]) x (de)a’ _ (7.7).
keV,
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which is inspired by (7.6) of Jothi and Raghavachari [109,110]. In these' computations,
(o, B,6) are chosen within the intervals [0.1,2], [0,2], [0, 2] and with increments 0.1."
For only 7 out of 105 instances we ended up with a nonzero 6. It means demand
information contributes for only 6.66 per cent of test problems. Moreover, in any of .
these 7 instances we have observed better results than the ones we obtamed with EW3.

Therefore we do not report them here.
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8. CONCLUSIONS

W1th this dissertation we first propose new heurlst1c algorlthms for the UCLP
based on the 1deas originally proposed for two well-known combinatorial optmnzatlon
problems The Asymmetnc Travelllng Salesman Problem and The Linear Ordering
Problem. One of the new heuristics, MR, appears to be much more efficient and
accurate than the other considered known and new heuristics. Then, we have dev1sed -
a branch and bound algorithm for a special case of the UCLP Balanced UCLP. We have
used MR as the upper bounding procedure and observed it is very efficient. Moreover

- we have also developed a new move based dominance rule.. The techniques used 1n'
our branch and bound algorithm may be exported for other problems ‘with similar
structure. Some of them are the LOP, the permutation ﬂow—shop scheduling problem,

the single machlne scheduling problem etc.

Second we propose new ATSP formulations, with O(n3) subtour elimination
constramts based on a formulation originally -devised for the balanced case of the
- UCLP. We then improve this new formulation to obtain tighter linear programming
relaxations, while maintaining O(n®) subtour elimination constraints. Their relative
strength is analyzed and compared with several major ATSP: formulations both polyhe-
dral standpoint and a computational testing. It turns out that one of O(n®) constrained
ATSP formulations, is stronger than any known multi-commodity flow formulation. | We
~ have not only classified the new formulations with the existing ones,-bul; ‘also we have

theoretically compared some of the known formulations. ‘

All these new ATSP forrnulations have quite efficient subtour elimination con-
Straints that one can also use them for -the CVRP. MoreoVer although we have not
cons1dered in this thesis, the Class1ﬁcat1on of Capac1tated Veh1cle Routing Problems is

also another important further research toplc

Third, we propose a new enhancement of the CW heuristic for the CVRP. Com-

pared with the previous enhancements of the Clarke-Wright heuristic considers also
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customer demands in its saving criterion. This is realized by introducing a new term

- and a multiplier.

One problem with similar structure to the CVRP is the CMSTP. Similarly, we

put forward new enhancements of the EW heuristic for the CMSTP Both CW and EW
~run in the same way, based on a similar saving criterion. For the EW, in addition to
- the demand information, we have adopted enhancements based on the ideas orlgmally

proposed for the CVRP by Gaskell [84], Yellow [85] and Paessens 86].

In their recent work on the CVRP heuristics Cordeau et al, | [79] have introduced
accuracy, speed, simplicity, and flexibility as what they beheve the most important |
attributes of a good heunstlc and compare well — known classical heuristics and best

“available metaheuristics according to thesevfour criteria for the CVRP. They report
that none of the classical heuristics is as accurate and ﬁexibﬁie as any one of the meta-
heuristics; but the CW is very fast and simple to implement. These are probably the

reasons of its popularity for the CVRP and explain its wide usage in commercial soft-
| ware. Analogous}ly, the four criteria used by Cordeau et al. [79] to evaluate the CVRP
heuristics can also be considered for the CMSTP heuristics. When this.is done same
verdict can be declared about the EW: it has low accuracy, very high speed very high
simplicity and low flexibility. Although, both Cw and EW are forty years old algo-
rlthms they are still used by many researchers and practitioners. As a consequence,
how one can improve the accuracy of CW and EW without harmlng thelr speed and
81mphcrty very much becomes ‘an 1mportant question Whose answer will contrlbute to

the practlce of the CVRP and CMSTP respectively.

Finally we should point out that all the computational tests of this dissertation
are realized on a Sun Microsystems Blade — 1000 with a 750 MHz Ultrasparc III CPU
‘and 2 GByte RAM, working within SOLARIS 8.0 environment.



191

APPENDIX A: PUBLICATIONS RELATED WITH THE

. DISSERTATION

Journal Articlé‘s

iAltlnel I K. and T. Oncan “A New Enhancement of the Clarke and erght

Savings Heuristic for the Ca.pamtated Vehicle Routlng Problem”, submitted to
Journal of the Operational Research Society, accepted for pubhcatlon

Altmel, I. K., T. Oncan and A. T. Unal, “New Extended Formulatmns for the
Asymmetrlc Travelhng Salesman Problem and The Str'ength of Their Linear Pro- A
gramming Relaxations”, submitted to European Joumal of Operations Research,
first revision. v

Altmel, I. K. and T. Oncanb “Enhancements of the Esau-Williams Heuristic for
the Capacitated Minimum Spanning Tree Problem” , submitted to European Jour-
nal of Operations Research. . ’ o
Altmel, I. K. and T. Oncan, ‘;The Deéign of OptirnalrUnidirectional Cyeclic Lay;
outs”, submitted to Intemational Journal bf Production Resedrch ’
Altlnel 1. K. and T. Oncan “Aggregating the Assignment and Subtour Elimina--

tion Constralnts” submitted to Operations Research Letters.
Conferences

Altinel, 1. K and T. Oncan, “New Enhancémenfs of the Esau-Williams Heuristic
for the Capacitated Minimum Spanning Tree Problern”, InteMational Conference
of Informatics, Izmir, Turkey, September 2004. |

Oncan, T. and I. K. Altlnel “New Heuristic Solution Methods for the Unidirec-

tional Cyclic Layout Problem” in Turkish, Operations Research and Industrial -

Engineering Conference ( YA /EM 2004 ) pp. 73-75, Qukurova Un1vers1ty, Turkey,

June 2004. .
Altnel, I. K. and T. Oncan, “A New n(n — 1)® + 1 Constrained Asymrmetric
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Travelling Salesman Problem Formulation” in Turkish, Opemtz'ons Research and
Industrial Engineering C'onference (YA/EM 2004), pp. 1545, Qukurova University;
’I‘urkey, June 2004.

. Oncan T. and I. K. Aitlnel “A New Enhancement of ;the Clarke-Wright Savings
Heuristic for the Capacitated Vehicle Routing Problem” , Buro/Informs Joint
Intematzonal Meetmg, Istanbul ’I‘urkey, July 2003.

. Oncan, T. and I. K. Altinel, “A New Travelling Salesman Problem Forﬁiula—
tion and Its Linear Programming Relaxation Strength”, in Turkish, Operations
Research and Industrial Engzneemng Conference (YA/EM 2002) Yeditepe Uni-
versity, Turkey, July 2002. '

~e Oncan, T. and I. K. Altinel, “Two New Travelhng Salesman Problem Formula-
tions and Their Compansons , in Turkish, Operations Research and Industrial
Engmeemng Conference (YA/EM 2000), East Medlterranean University, NCTR,
July 2000. '

Technical Reports

e Altmel, I. K. and T. @ncan, A Ney) Enhancement of the Clarke and Wright
Savings Heuristic for the Capacitated Vehicle Routing Problem, Research Paper
FBE-IE-12/2003-02, Institute for Graduate Studies in Science and Engineering,

~ Bogazici University, Bebek, Istanbul, Turkey, February 2003; | |

° Altmel I.K.andT. Oncan Enhancements of the Esau- Williams Heuﬁstic for the
C’apacztated Minimum Spanmng Tree Problem, Research Paper FBE-IE-03/2003-
03, Institute for Graduate Studies in Science and Englneerlng, Bogamgl Univer-

| sity, Bebek, Istanbul Turkey, April 2003. o

e Altmnel, I. K., T. Oncan and A. T. Unal, New Eztended Formulations for the
Asymmetric Travelling Salesman Problem and The Strength of Their Linear Pro;v
gmmmz'ng Relazations, Research Paper FBE-IE-05/2003-05, Institute for Grad- .
uate Studies in Science and _Engineering, Bogazigi University, Bebek, istanbul,
Turkey, August 2003, o |

o Altinel, I K. and T. Oncan, The Design of Optimal §Uhidz'rectz'onal_ Cyclic Lcy-
outs, Research Paper FBE-IE-06/2004-09, Institute for Graduate Studies in Sci-
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ence and Engineering, Bogazu;l University, Bebek, Istanbul Turkey, May 2004.
o Altmnel, I. K. and T. Oncan Aggregatzng The Assignment and Subtour Elimi-

nation Constraints, Research Paper FBE-IE—15/2004-22 Institute for Graduate

Studies in Science and Engineering, Bogazici Umversn:y, Bebek, Istanbul, Turkey,

September 2004
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